Supplementary Material for
Few-Shot Incremental Learning with Continually Evolved Classifiers

Chi Zhang'? Nan Song!'*, Guosheng Lin!] Yun Zheng?, PanPan?, Yinghui Xu?
! Nanyang Technological University, Singapore 2 Alibaba DAMO Academy
{chi007,nan001}@e.ntu.edu.sg, gslin@ntu.edu.sg
{zhengyun.zy, panpan.pp}@alibaba-inc.com, renji.xyh@taobao.com

A. Introduction

In our supplementary material, we present more details about the experiments in our paper.

B. Detailed Result

In Section 5.4 Fig. 7, we have provided the comparison with the state-of-the-art methods in the form of line charts. Here,
we present the detailed numbers in Table A. The results show that our method significantly outperforms the baselines and
achieves new state-of-the-art performance on all the three datasets.
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Acc. in each session (%) T our relative

Method PD |

0 1 2 3 4 5 6 7 8 improvement
Ft-CNN 64.1 3691 15.37 9.8 6.67 3.8 3.7 3.14 2.65 61.45 +37.52
iCaRL* [3] 64.1 5328 41.69 34.13 2793 2506 2041 1548 13.73 50.37 +26.44
EEIL* [1] 64.1 53.11 4371 35.15 2896 2498 21.01 1726 1585 48.25 +24.32
NCM* [2] 64.1 5305 4396 3697 31.61 2673 2123 1678 13.54 50.56 +26.63
TOPIC [4] 64.1 55.88 47.07 45.16 40.11 3638 3396 31.55 2937 34.73 +10.80
Decoupled-Cosine [5]* 7455 6743 63.63 5955 56.11 53.80 51.68 49.67 47.68 26.87 +2.94
Decoupled-DeepEMD [ ]i 69.75 65.06 612 57.21 53.88 5140 48.80 46.84 4441 2534 +1.41
CEC (Ours) 73.07 68.88 65.26 61.19 58.09 55.57 5322 51.34 49.14 23.93
(a) CIFAR100 results using 5-way 5-shot FSCIL setting
Acc. in each session (% r relativ
Method 0 1 5 3 ) (5 il 6 7 g PD | ir(r)lL;l)roi:Itneit
Ft-CNN 61.31 2722 1637 6.08 2.54 1.56 1.93 2.6 1.4 5991 +35.54
iCaRL* [3] 61.31 4632 4294 37.63 3049 24 20.89 188 17.21 44.10 +19.73
EEIL* [1] 61.31 46.58 44 3729 33.14 27.12 24.1 21.57 19.58 41.73 +17.36
NCM* [2] 61.31 47.8 3931 3191 2568 21.35 18.67 1724 14.17 47.14 +22.77
TOPIC [4] 61.31 50.09 45.17 41.16 3748 3552 32,19 2946 2442 36.89 +12.52
Decoupled-Cosine [5]F 70.37 6545 6141 58.00 54.81 51.89 49.10 47.27 4563 2474 +0.37
Decoupled-DeepEMD [6]F  69.77 64.59 6021 56.63 53.16 50.13 4749 4542 4341 26.36 +1.99
CEC (Ours) 72.00 66.83 6297 5943 56.70 53.73 51.19 49.24 47.63 24.37
(b) minilmageNet results using 5-way 5-shot FSCIL setting
Acc. in each session (%) our relative
Method 0 I 2 3 g 5 6 ! 7 8 9 10 PP+ improvement
Ft-CNN 68.68 437 2505 17.72 18.08 1695 15.1 10.6 8.93 8.93 8.47 60.21 +36.64
iCaRL* [3] 68.68 52.65 48.61 44.16 36.62 29.52 27.83 2626 24.01 23.89 21.16 47.52 +23.95
EEIL* [1] 68.68 53.63 4791 442 36.3 2746 2593 247 2395 24.13 2211 46.57 +23.00
NCM* [2] 68.68 57.12 4421 2878 26.71 25.66 24.62 2152 20.12 20.06 19.87 48.81 +25.24
TOPIC [4] 68.68 6249 5481 4999 4525 414 3835 3536 3222 2831 2628 4240 +18.83
Decoupled-Cosine [5]F . 75.52 7095 6646 6120 60.86 56.88 5540 5349 5194 5093 49.31 26.21 +2.64
Decoupled-DeepEMD [6]*  75.35 70.69 66.68 62.34 59.76 56.54 54.61 52.52 50.73 49.20 47.60 27.75 +4.18
CEC (Ours) 75.85 7194 6850 63.5 6243 58.27 57.73 55.81 54.83 53.52 5228 23.57

* Our implementation.

(c) CUB200 results using 10-way 5-shot FSCIL setting

Table A: Comparison with the state-of-the-art on (a) CIFAR100, (b) minilmagenet and (c) CUB200 datasets. * indicates
results copied from TOPIC [4]. ¥ indicates our implementation for the method under FSCIL setting. Our method outperforms
the state-of-the-art results with large advantages on three benchmarks.



