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In this supplementary material, we provide the detailed
inference latency of main individual components of HAIS
and compare it with other methods. Besides, we provide
more qualitative results to demonstrate the effectiveness of
HAIS.

A. Detailed Inference Time

Tab. 1 shows the inference time of main components of
different methods. Compared with other methods which re-
quire time-consuming clustering and post processing proce-
dures, our HAIS keeps a much more efficient pipeline. The
point-wise prediction network, point aggregation, set aggre-
gation and intra-instance prediction network takes 172, 125,
4 and 109 ms, respectively.

B. Additional Qualitative Results

We show more qualitative results on the validation split
of the ScanNet v2 dataset in Fig. 1. The predicted center
shift vectors of some points are not accurate and a large
amount of instance fragments come into being. By intro-
ducing the hierarchical aggregation and intra-instance pre-
diction, HAIS generates fine-grained instance predictions.
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Table 1. Inference time of main components of different methods on the ScanNet v2 validation set. For fair comparison, data in this table

is measured on the same type of GPU (Titan X).

Method

Component
inference time (msec)

Per frame
inference time (msec)

SGPN [5]

backbone (GPU): 2080
group merging (CPU): 149000
block merging (CPU): 7119

158439

ASIS [6]

backbone (GPU): 2083
mean shift (CPU): 172711
block merging (CPU): 7119

181913

GSPN [£]

backbone (GPU): 1612
point sampling (GPU): 9559
neighbour search (CPU): 1500

12702

3D-BoNet [7]

backbone (GPU): 2083
SCN (GPU): 667
block merging (CPU): 7119

9202

OccuSeg [?]

backbone GPU): 189
supervoxel (CPU): 1202
clustering (GPU+CPU): 513

1904

PointGroup [3]

backbone (GPU): 128
clustering (GPU+CPU):221
ScoreNet (GPU): 103

452

GICN [4]

backbone (GPU): 1497
SCN (GPU): 667
block merging(CPU): 7119

8615

point-wise prediction(GPU): 172

HAIS

point aggregation(GPU+CPU): 125

set aggregation(GPU): 4

intra-instance prediction(GPU): 109

410




ground truth predicted shifted ground truth predicted
semantic label semantic label coordinate instance mask instance mask

point cloud

Figure 1. Qualitative results on ScanNet v2 [1]. From left to right: input point cloud, ground truth semantic label, predicted semantic label,
shifted coordinate, ground truth instance mask and predicted instance mask. Best viewed in color.



