Supplementary: Simpler is Better: Few-shot Semantic Segmentation with
Classifier Weight Transformer

1. Results with VGG-16 Backbone

Some previous methods conducted experiments with VGG-16 backbone. For a comprehensive comparison, we also report

the results with VGG-16 on both datasets, COCO-20% and PASCAL-5¢. The results show that we gain the same observation
as that with other two backbones, ResNet-50 and ResNet-101. Concretely, the proposed CWT yields a new state-of-the-art
performance on COCO-20' (see Table 1) for both 1-shot and 5-shot settings by a large margin. For PASCAL-5 results in
Table 2, our method surpasses others for 5-shot case whilst it is comparable to the state-of-the-art for 1-shot case.

1-shot 5-shot
s-0 s-1 s-2 s-3  Mean | s-0 s-1 s-2 s-3  Mean
PANet [5] - - - - 20.9 - - - - 29.7
VGG-16 | FWB [1](ICCV19) | 184 16.7 196 254 20.0 | 209 19.2 219 284 226
CWT (Ours) 280 320 314 280 299 |351 395 345 362 363

Table 1. Few-shot semantic segmentation results on COCO-20" with VGG-16 backbone.

Backbone Methods

1-shot 5-shot
s-0 s-1 s-2 s-3  Mean | s-0 s-1 s-2 s-3  Mean

Backbone Methods

OSLSM [3] BMVC17) | 33.6 553 409 335 408 | 359 581 427 39.1 440
co-FCN [2] ACLRW18) | 36.7 50.6 449 324 41.1 | 375 50.0 441 339 414
AMP [4] (ICCV19) 419 502 467 347 434 | 418 555 503 399 469
PANet [5] ICCV19) 423 580 51.1 412 48.1 | 518 646 598 465 557

VGG-16 FWB [1] ICCV19) 470 59.6 525 483 519 |509 629 565 50.1 55.1
SG-One [7] (TCYB20) | 40.2 584 484 384 463 | 419 586 486 394 471
RPMMs [6] (ECCV20) | 47.1 658 506 48.5 53.0 | 50.0 66.5 519 47.6 540
CWT (Ours) 489 598 56.7 428 521 | 53.0 645 641 488 57.6
Table 2. Few-shot semantic segmentation results on PASCAL-5" with VGG-16 backbone
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