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In this supplementary material, we provide additional visualization results. In section 1, self-corrected density maps with
different iteration number are presented. Then some qualitative results on evaluated datasets are shown in section 2.

1. Results with Different Iteration number

As shown in Fig. based on the estimated results, the neighboring dotted annotations are adjusted to close to the
response position, and the variances tend to match the response range. However, there are some dotted annotations that are
not effectively responding. As the iteration number increases, the variances of these points will continuously increase. The
limited variance growth is conducive to the response of the target, and the excessive variance will only introduce the learning
of the background information. Therefore, excessive iterations do not bring the improvement of the performance.
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Figure 1. Results with Different Iteration number. As the iteration number increases, the positions and variances of most points will
match the targets. However, the variances of some points (red boxes) continuously increase, which introduces the background noises.

2. Qualitative Results with ADSCNet

We present some qualitative results of ADSCNet on four benchmarks (ShanghaiTech [4], UCF_CC_50 [2], UCF_QNRF
[3], TRANCOS [1]) in Fig. [2]to Fig. [5] In the estimated density maps, the response positions are different from the dotted
annotations but consistently focus on a certain location of the target, such as the upper left contours of the head for human and



the upper left contours of car for vehicles. Therefore, the network actually counts objects by the contour features.In addition,
the results of ADSCNet have uniform response intensity whether in dense-crowd or sparse-crowd regions.
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Figure 2. Qualitative results on ShanghaiTech. The images in first two rows are from ShanghaiTechPartA. The images in last two rows
are from ShanghaiTechPartA. The dotted annotations are represented as red points to compare with the estimated density maps.
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Figure 3. Qualitative results on UCF _QNRF. The dotted annotations are represented as red points to compare with the estimated density
maps.
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Figure 4. Qualitative results on UCF_CC_50. Limited by small dataset size, the density maps are not thoroughly learned . The dotted
annotations are represented as red points to compare with the estimated density maps.
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Figure 5. Qualitative results on TRANCOS. The dotted annotations are represented as red points to compare with the estimated density
maps.



