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Figure 1: More examples in our proposed benchmark dataset.
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Image PSPNet[!1] DSC [4] BDRAR [13] R®Net [3] CPDNet[9]  BASNet[7]  MirrorNet [10] Ours GT
Figure 2: Qualitative results of our method, compared with relevant state-of-the-art methods on the MSD [10] test set. All
methods are trained on the MSD training set.
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Image PSPNet[ 1] DSC [4] BDRAR [13] R3Net [3] CPDNet [9] BASNet [7] MirrorNet [10] Ours GT
Figure 3: Qualitative results of our method, compared with relevant state-of-the-art methods on the ADE20K [12] dataset.
All methods are trained on the COCO-Stuff [2], MINC [1], NYUD-V2 [6], Pascal-Context [5], and SUNRGBD [8] datasets.
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Image PSPNet[11] DSC [4] BDRAR [13] R3Net [3] CPDNet [9] BASNet [7] MirrorNet [ 10] Ours GT
Figure 4: Qualitative results of our method, compared with relevant state-of-the-art methods on the COCO-Stuff [2] dataset.
All methods are trained on the ADE20K [12], MINC [1], NYUD-V2 [6], Pascal-Context [5], and SUNRGBD [8] datasets.
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Tmage PSPNet[! 1] DSC [4] BDRAR[13]  R®Net[3] CPDNet[9]  BASNet[7]  MirrorNet [10] Ours GT
Figure 5: Qualitative results of our method, compared with relevant state-of-the-art methods on the MINC [1] dataset. All
methods are trained on the ADE20K [12], COCO-Stuff [2],
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Image PSPNet[11] DSC [4] BDRAR [13] R3Net [3] CPDNet[9]  BASNet[7]  MirrorNet [10] Ours GT
Figure 6: Qualitative results of our method, compared with relevant state-of-the-art methods on the NYUD-V2 [6] dataset.
All methods are trained on the ADE20K [12], COCO-Stuff [2], MINC [1], Pascal-Context [5], and SUNRGBD [&] datasets.
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Image PSPNet[ 1 1] DSC [4] BDRAR[13]  R®Net[3] CPDNet[9]  BASNet[7]  MirrorNet [10] Ours GT
Figure 7: Qualitative results of our method, compared with relevant state-of-the-art methods on the Pascal-Context [5] dataset.
All methods are trained on the ADE20K [12], COCO-Stuff [2], MINC [1], NYUD-V2 [6], and SUNRGBD [&] datasets.
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Image PSPNet[ 1] DSC [4] BDRAR[I3]  R®Net[3] CPDNet[9]  BASNet[7]  MirrorNet [10] Ours GT
Figure 8: Qualitative results of our method, compared with relevant state-of-the-art methods on the SUNRGBD [&] dataset.
All methods are trained on the ADE20K [12], COCO-Stuff [2], MINC [1], NYUD-V2 [6], and Pascal-Context [5] datasets.



