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Please note that the section numbering within this sup-
plementary document has manually been adjusted to match
the relevant sections in the main paper.

3.1. Forward Warping via Softmax Splatting

Our proposed softmax splatting shares resemblance to
the softmax function and is hence invariant to translations (3
with respect to Z which can easily be shown as follows.

letw = p — (g + Fo_[q)) ()
b(u) = max(0,1 — |uy|) - max(0, 1 — |u,]) (2)
17[p] = > vaer, ©P(Z[q] + B) - b(u) - Iolq] 3)

> vaer, XP(Zq] + B) - b(u)

~ Dvaer, ©xp(Z]q]) - exp(B) - b(w) - Ly|q]
C Yvger, p(Z]q)) - exp(B) - b(u)

_ vger, ©xP(Z[q]) -b(uw) - Io[q] )
> vaer, ©Xp(Z[q]) - b(u)

This property is particularly important when mapping mul-
tiple pixels to the same location. For example, if Z repre-
sents depth then moving then changing Z’ = Z + 3 should
not affect the way the mapping ambiguity is resolved.

“)

4.3. Quantitative Evaluation

As shown in Table 1 as well as Table 2 and summarized
in Table 3, our proposed approach ranks first in the rele-
vant Middlebury benchmark for optical flow [1]. Specifi-
cally, our approach achieves an average rank of 2.5 in terms
of the interpolation error, compared to 5.4 achieved by the
second highest ranked method. Similarly, in terms of the
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normalized interpolation error, the average rank of our ap-
proach and the second highest ranked method are 2.0 and
10.8, respectively. Note that the second-best method dif-
fers, the second best method in terms of the interpolation
error has not yet been published while DAIN [2] is the sec-
ond best method in terms of the normalized interpolation

error. These results demonstrate that our images synthesis
approach, empowered by softmax platting, is able to con-

sistently produce high-quality interpolation results.

Since common datasets to evaluate frame interpolation
are subject to a relatively low resolution, we additionally in-
corporated 4K video clips from Xiph. These video clips are
commonly used to assess video compression and contain
challenging scenarios, such as significant bokeh that mixes
foreground and background regions or fine-details that are
reflective and subject to sudden brightness changes. For the
purpose of evaluating frame interpolation techniques, we
selected the eight 4K video clips with the most amount of
inter-frame motion. Please see our main paper for more de-
tails where we state the average metrics. For completeness,
we show the per-clip metrics in Tables 4-6.

4.4. Qualitative Evaluation

Since videos are at the heart of our approach, we provide
a qualitative comparison in the supplementary video. We
additionally provide still results on challenging examples
from DAVIS [7] in Figures 1-3. These support the find-
ings of the quantitative evaluation and show difficult sce-
narios where our proposed approach produces high-quality
results whereas competing techniques are subject to visual
artifacts. Please note that for methods with models trained
using different losses, we only show the results for the mod-
els that focus on perceptual quality.



Average Mequon Schefflera Urban Teddy Basketball Dumptruck Evergreen
interpolation [Hidden texture) [Hidden texture) {Synthetic) (Sterec) {High-speed camera) | {High-speed camera) | (High-speed camera) | (High-speed camera)
error avg, imd ST im1 im0 GT im1 imd ST im1 im0 GT imi imd ST im1 im0 GT imi imd ST im1 im0 GT imi

rank| all  disc untexd| al isc untext| al isc untext| al isc untext| al i ext| all i text ] i ntext| all isc untext

SoftSplat [170] 25 | 2062 3062 114s| 2801 3911 41.244| 1992 2732 1213| 3.841 4.641 2.691| 8.10% 1002 2961 | 4102 7532 1213 41391 | 5402 8332 1502
Pyrivarp [161] £4 | 1991 3.001 0892|3023 411: 13941 1.811 2541 1431 3.952 4732 2.77s| 1512 9.252 3.06c | 4.48: 8273 1254 1514 5.84: 9.02: 1600
FGME [163] 8.2 | 2085 334+ 0981|3321 4435 163 2465 3283 1.41n| 4085 4855 3.051u| 7.361 9.081 3.03+| 4175 7623 10.7z 1.44s| 5455 8413 1.57s
STAR-Net [165] 102 2184+ 3.37s 1.212s|3.4620 4883+ 1.47es| 3048 3535 158 4415 5445 2762 7512 9273 2883 | 4657 8727 1348 1412 | 6817s 9455 1.494
DSepConv [167] 16.3 | 2471 43916 1.2128) 3321 4601 17245/ 3.2810 3667 15047 511146 6361 3.23s2| 785+ 969+ 311s| 468s B.70s 1254+ 1445|6542 10242 1589
MAF-net [168] 20.3)| 2235 3.848 1.084|3.53x 4851% 1.76127| 2835 3.708 1.582¢| 4839 5887 3.3145|9.4415 11.813 3.2714| 52715 10.015 14210 1.5431|6.3810 9.901 1631
MPRM [155] 206 | 25314 44317 1.2128| 3.7864 49720 15755 3.3914 5492 1284|5031 6587 3193295344 1194 3314|5251 99213 15517 1.49s | 67215 10.44 16010
CtxSyn [136] 209)| 2245 3727 1.043| 2962 416+ 1.3533| 43285 3425 3.18425] 421+ 5465 3.005|9.5094 1194 3461|532+ 9762 15415 1.58s50| 66645 10.242 1.69n
ADC [166] 21.5| 2541 4311 1.29133| 3.275 4466 162 3.7610 1.703%| 5272 6371 3.1932| 86612 10.812 3118|4761 9.04n 1287 1412|6561 10212 1.513
FRUCnet [157] 226 |26115 43415 1.52183| 3308 4527 1.72 ns| 3.708 1.7642| 4745 5991 3.29es| 81110 10.08 257z | 4485 8.35¢ 1276 1.457| 6.085 89385 1.57e
MS-PFT [164] 236 | 25314 43514 1167|3614 50322 16910 3301 42517 1.774| 5137 6554 3.1932| 7.047 9817 32112| 449 8244 13.92 1.79+0) 6424 9891w 1.6921
DA [156] 244)| 238as 40510 1.286n7| 3286 4539 179123 3.32142 3771 2.05s:) 4657 5837 341105 7885 9745 3045|4730 89010 14342 15115| 6257 968z 154s
CycicGen [153] 250 | 2267 3.323 14213| 3.19: 4.01z 221161 2764 4.0515 16223| 4971 5923 37915 8.005 9.845 3.1310| 3.361 5651 9.681 142:| 4481 6.841 152¢
MDP-Flow2 [68] 294|289z 538z 1.19: |3.47xn 507z 1.25: 6.1057 24824 | 52015 74825 3142|102 x 128z 3614|6134 1.8s 16.8z1 1483 |7.753» 1213 1.69n
PMMST [114] 297 |29023 54325 1.2013| 350 505x 1277 54620 1.8247| 53835 79255 3.41105) 10220 1282 3603|5762 11.0:0 16924 1.5324|F57n 1.8 1725
TOF-M [154] 30525415 4351 1167|3705 51932 188135 3.4315 3.8943 1935450513 64315 3.3% 100/ 9.8447 12347 3424|5347 10015 15215 1610|7144 11.042 1691
MEMC-het+ [165] 30.6| 23910 3.929 1.2812%|3.3614 4.527 2.07157| 3.3715 3.8612 2.2075| 48410 59310 3.72 10| 8.551n 1061 3. 14n| 4709 8819 142w 1.58s0| 6379 89.87s 1.57s
SuperSlome [132] 30.7 | 25112 43212 1.25+m| 36645 5067 1.93 s 2916 40044 1411|5051 62712 366135 9.5645 1194 3304|5376 1021 15.014 1.5324| 67347 10.446 16614
OFRI[158] 36.0| 2282 3456 135152 34417 457110 213150 3.027 3344 17330 4516 5424 38837 7806 976s 3107|5241 99213 14312 1821 6323 9627 1758
SepConv-v1 [127] 36.4 | 25215 4.8318 1.115 | 3.563 5.042¢ 1.90 13 41516 2.86 12| 5414 68116 3.88 17| 10220 128xm 3.3717| 54719 1041 15618 1.72%| 66311 10.315 16212
DeepFlow [86] 39.2 | 29835 56740 1225|3887 5786w 1527 5934 1.34s 7202 3.1723| 11.05 13.9=0 3.63=2 1.3z 16.313 1493 1224 1.7030
CBF [12] 443 | 28313 52013 1.2379| 3.7 5797 1567 54721 160z 7122 32963 10148 126148 3624 1M.52 1782 161 .92 1.76 109
DeepFlow2 [108] 448|299 56537 1225|3887 5797 148s 6.0351 1.345 T44x 322:5| 11053 13.85 36761 1.231 1744 15012 12245 1.77 18
NN-field [71] 5.7041 1.2013|3.3110 47314 1262 5.9147 2.0363|5.99107 9.13 124 3.57 127| 10.32% 1262 3.6035 12,052 16.924 1.543 12.03 1.725

Table 1: Screenshot of our IE-ranking in the Middlebury benchmark

(taken on the 7th of November, currently private).

Average Mequon Schefflera Urban Teddy Basketball Dumptruck Evergreen
norm. interpolation [Hidden texture) [Hidden texture) Synthetic) (Sterea) [High-speed camera) | (High-speed camera) | [High-speed camera) | (High-speed cemera)

error avg. imd ST im1 im0 GT im1 imd ST im1 im0 GT imi imd ST im1 im0 GT imi imd ST im1 im0 GT imi
rank| all disc unted| al disc untext| al disc unted| al disc untext| all disc untexd| all disc untext| all disc untext| all  disc untext
SoftSplat [170] 20 | 0535 0513 0617 0.521 0.681 0.55¢| 0522 0531 0581 | 0.801 0.731 1.061 | 0.85: 081+ 0982|081+ 073: 0901 | 0.552 0862 0601|0572 0732 0591
DAIN [156] 10.6 | 0.581w0 0.638 0.65s58| 0.607 0.79n 0624| 0.695 0.73s 0.681w| 0.86+ 0.868 1.103 | 0.877 0.836¢ 1.0Z7| 0.85; 0.866 0.925| 0.58¢ 09710 0612|0661 0801 0.60z
STAR-Net [165] 11.1| 0.56s 0.564+ 0.65s5)| 0655 085z 0624| 0.70s 0696 0.7618| 0.87s 0.825 1.061 | 0.83z 0.79z 0.971| 0.832 0.83s 0.901 | 0631w 1.09w 061z| 0615 0.80s 0.60=z
FGME [163] 13.4| 0.461 0491 0511|063+ 078y 06477| 060 0655 0679 0.855 0.765 1.15:5| 0.82+ 0.7+ 08%:| 0.86s 0.81: 0952 | 0.61s 093z 0.703s| 0.63s 0.83s 05650
PyrWarp [161] 147 | 0472 0491 0522 0575 0723 06024 0.611 0582 0622|0822 0752 1.103| 0.843 0792 100+| 0855 0753 094506443 0933 0.8113| 0.62+ 0.803 0.67 142
DSepConv [167] 16.0 | 0581 0.72+5 0629|063+ 0827 0655 | 0725 0.707 0.7515| 0963 097w 1.15s | 0.877 0.835 1.043| 0.89: 100w 0.937| 0575 0393 0647 | 0653 087w 0648
MEMC-Net+ [165] 17.2 | 0.5815 06510 0.65s55| 06425 0.791 0.70ns| 0.B015 0.77 w0 0.96547| 0.885 0.837 1.12s5| 0.88s 085s 1.01s| 0.855 0.887 0915|0645 1.1321 062s| 0.63s 0.86s 0.60z
MPRM [155] 17.5]|0.5913 07015 0.6412| 06641 0893 06477 | 0771 1.07+7 0644|0932 09313 1171 0.9545 0.914 1124|096+ 1.04+ 1.0143| 0.607 0984 0654|072+ 102+ 0627
ADC [168] 201|061 06813 0.671x| 06212 0783 0669|0845 0811 0.82x%|096x 09313 1.156 | 0.90+0 0861 1.05w| 092w 112+ 0913 | 0.573 0927 0612| 0.64s 088+ 060z
MAF-net [1638] 262| 0485 0617 052z |0855 08625 0624| 0.67¢« 08515 078z | 0.965 0.921z 1.20+8| 0.9315 0.8913 1.08n)0.951 1.08+v 0.99n| 067 1.0413 0.83ns| 0.659 0.85s 0.69 10
FRUCnet [157] 285 |0.70145 0.7115 0.80153| 0.6425 0.8044 069 10| 0.7812 0.75s 0.9545| 0.91s 0914 1.156| 0.86s 0.83s 1.01s) 0.86s 0.89s 0.92s5| 0.585 0895 0647 0.635 0.835 0.64&
CyclicGen [153] 288|064 0633 0.731s3| 0674 073: 08813 0.725 084412 0782|095 0899 124e| 0911 0852 1.0942) 0.87s 0.671 1.001z| 0.631+ 0.711+ 062s| 0521 0.641 060z
CtxSyn [136] 29.2)| 0504+ 0575 0555|0552 0.712 0595|1421z 0644 2081 0875 0.825 1.1812|0.9515 09014 1.1316| 09412 0923 1.0214| 06822 1.0012 0.83 19| 0.67 12 0.89 12 0.68 135
PMMST [114] 325|058 073z 054:2) 06425 085z 0.595 | 0.993 16965 1.055 | 0.7« 1140 1.2352|0.99z 0.95x1 1144|103z 12%2 1.042| 0713 1.334 067x20|077x 110z 0.646
SuperSlomo [132] 33.5| 05015 06914 06412) 0722 0.9148 0.75138 0.7410 1.014 0.7143| 0.98s 09515 1.23s2| 0.9444 0.9044 1.1244| 096+ 09810 1.0423| 0.607 0.905 0.7147|0.691 0.93 14 0.68 155
WS-PFT [164] 347|056 06712 0617 |069s 0904 070+4s| 08244 09244 0893|0952 1.0021 1.1812| 0911 0.8842 1.1043| 09514 1.0042 1.031%6| 0.7241 1.0544 0.9213| 0.72 4% 0981 0.70 152
NN-field [71] 36.7 | 05913 0.7732 0.6412) 0. 0777 0582 |1.09% 17775 1.1670] 1.00 1.18105 1.265 | 0.9813 0.9515 1.1413| 1.084 1465 1.0537| 0.6822 1.2631 0.7035| 0782 1122 06312
OFRI[158] 377|080z 0.57s 0.89441) 0674 0.8115 0.7%1a| 0.70s 0593 08330 0.87s 081+ 1155 | 0.885 081+ 1035|052+ 0.9%+4 0980|0797 0.905 1.18155| 0.67 1z 0.847 0.78 157
MDP-Flow2 [68] 37.2)|0.5913 0.7218 06310| 06212 0852 0.582 | 12491 2.52425 1.61 103] 0.9415 1.0542 1.24e2| 0.98128 0.9621 1.1645| 1.0952 1495 1.0557| 0.703: 1.3240 0.6825|0.F8x 11225 06312
SepConv-v1 [127] 41.9| 0545 0.8161 0544|0674 0914 06365| 1075 1.1820 1.0760|1.03 102 1.0437 1.28 1| 0992z 0.962 1.1415| 09615 1.0112 1.0214| 06822 1.1523 0.765 | 0.7015 0.9615 0.66 12
TOF-M [154] 459 | 0.557 0.66n 0.60s|0.72a 0956 0.7112| 0.9222 09214 1.0861|0.965 09010 1.2462| 0.9717 09417 1.1413) 09816 1.06w 1.0557| 07241 1.182 0.8311s) 0.890ss 1.30s¢ 0.70 162
CombBMOF [113] 46.1 | 0625 0.80s2 0.65s8| 06315 08625 0.59s | 1.11e2 2069 1.1975) 1.00=0 1.1420 128 1.023¢ 1.0238 11520 1.08 4 1434 1.0423| 0713 1.3342 0.7035| 07515 1.061 06312
NNF-Local [B7] 471|058 0711w 0631w0| 0.59: 076s 0582|1218 23113 1519|0985 1138 12572| 09818 09518 1.1445) 1137 1618 1.0757|0.7558 1.4585 0.881x| 077 1102 06312
ALD-Flow [66] 47.3 | 0.625 0.8161 06697 |0.70es 0.997 0624508719 1.262 0657 | 09415 1.012¢ 1.212¢4| 1.097¢ 1.127¢ 1.5410| 1.0325 12425 1.0757 | 0.6413 11218 0.6510)0.97 105 1.44 104 0.63 12

Table 2: Screenshot of our NE-ranking in the Middlebury benchmark (taken on the 7th of November, currently private).

Avg. Rank Mequon Schefflera Urban Teddy Backyard Basketball Dumptruck Evergreen

IE NE IE NE IE NE IE NE IE NE IE NE IE NE IE NE IE NE

L Lo + 4 + 4 +od +od L L L
SepConv - L1 [6] 384 419 2.52 0.54 3.56 0.67 4.17 1.07 541 1.03 10.20 0.99 5.47 0.96 6.88 0.68 6.63 0.70
ToFlow [&] 30.5 45.9 2.54 0.55 3.70 0.72 3.43 0.92 5.05 0.96 9.84 0.97 5.34 0.98 6.88 0.72 7.14 0.90
Super SloMo [3] 30.7 33.5 2,51 0.59 3.66 0.72 291 0.74 5.05 0.98 9.56 0.94 5.37 0.96 6.69 0.60 6.73 0.69
CyclicGen [4] 25.0 28.8 2.26 0.64 3.19 0.67 2.76 0.72 497 0.95 8.00 0.91 3.36 0.87 4.55 0.53 4.48 0.52
CtxSyn - Lyqp [5] 20.9 29.2 2.24 0.50 2.96 0.55 4.32 142 4.21 0.87 9.59 0.95 522 0.94 7.02 0.68 6.66 0.67
DAIN [2] 244 108 2.38 0.58 3.28 0.60 3.32 0.69 4.65 0.86 7.88 0.87 4.73 0.85 6.36 0.59 6.25 0.66
Ours - Lrgp 25 2.0 2.06 0.53 2.80 0.52 1.99 0.52 3.84 0.80 8.10 0.85 4.10 0.81 5.49 0.56 5.40 0.57

Table 3: Quantitative results in the interpolation category of the Middlebury benchmark for optical flow.




Boxing Crosswalk Driving Market-1 Market-2 RitualDance Square Tango

2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K”
PSNR PSNR  PSNR PSNR  PSNR PSNR  PSNR PSNR  PSNR PSNR  PSNR PSNR  PSNR PSNR  PSNR PSNR

T T ) ) T T ) ) T T ) ) T T ) )
SepConv - L1 [0] 36.75 33.35 36.34 32.79 34.95 33.32 32.03 31.21 36.49 34.62 28.15 23.12 38.63 36.16 34.85 31.90
SepConv - L [6] 36.54 33.15 35.69 32.10 34.84 33.24 31.69 30.68 36.26 34.27 27.95 23.06 38.41 35.84 34.43 31.08
ToFlow [&] 36.75 33.52 33.54 31.42 34.84 33.38 30.87 29.41 34.24  30.30 28.11 22.61 38.87 36.59 34.24 28.67
CyclicGen [4] 36.51 32.95 33.73 31.37 34.74 33.46 30.02 28.69 29.89 27.91 28.21 22.95 37.44 35.13 33.45 29.60
CtxSyn - Lrqp [5] 37.41 33.55 38.14 34.03 34.92 32.71 32.93 31.97 38.33 37.18 28.47 23.08 39.35 37.09 36.16 34.21
CtxSyn - LF [5] 36.68 32.88 37.40 33.01 34.56 32.45 32.20 31.10 37.94 36.62 28.24 23.10 38.87 36.61 35.36 33.10
DAIN [2] 37.74 34.75 38.81 35.90 35.14 33.60 33.06 31.99 38.03 36.49 29.16 23.91 39.50 37.00 36.14 34.28
Ours - Lrqp 38.48 35.40 38.71 33.69 35.68 33.82 33.34 32.16 39.61 37.86 29.20 23.67 41.23 38.00 36.73 34.16
Ours - Lr 37.45 34.08 37.15 32.36 35.15 33.15 32.16 30.95 39.06 36.64 28.72 23.29 40.65 37.04 35.57 32.51

Table 4: Quantitative comparison in terms of PSNR on the eight 4K clips from Xiph with the most inter-frame motion.

Boxing Crosswalk Driving Market-1 Market-2 RitualDance Square Tango

2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K” 2K “4K”
SSIM  SSIM SSIM SSIM SSIM  SSIM SSIM SSIM SSIM SSIM SSIM SSIM SSIM  SSIM SSIM SSIM

T T 0 T T T 0 T T T 0 0 T T 0 T
SepConv - L1 [6] 0.946 0.903 0.937 0.890 0.939 0.916 0.823 0.752 0.963 0.925 0.926 0.858 0.978 0.952 0.919 0.844
SepConv - L [6] 0.940 0.886 0.926 0.871 0.936 0.912 0.805 0.718 0.960 0.914 0.917 0.846 0.976 0.947 0.906 0.812
ToFlow [&] 0.947 0.900 0.925 0.874 0.935 0.917 0.805 0.703 0.947 0.834 0.928 0.852 0.978 0.953 0.915 0.816
CyclicGen [4] 0.946 0.894 0.924 0.867 0.930 0.916 0.764 0.658 0.847 0.749 0.923 0.850 0.972 0.938 0.904 0.815
CtxSyn - L4 [5] 0.952 0.908 0.944 0.898 0.940 0.917 0.841 0.771 0.972 0.944 0.932 0.866 0.980 0.956 0.928 0.863
CtxSyn - L [5] 0.934 0.862 0.926 0.858 0.934 0.905 0.804 0.715 0.968 0.931 0.919 0.842 0.977 0.947 0.904 0.796
DAIN [2] 0.956 0.915 0.948 0.905 0.942 0.921 0.846 0.770 0.972 0.945 0.939 0.879 0.981 0.958 0.932 0.866
Ours - Ligp 0958 0922  0.951 0.905  0.947 0.924  0.853 0.782 0975 0949  0.944 0.888  0.984 0.962  0.936 0.872
Ours - Lp 0.936 0.874 0.921 0.850 0.936 0.907 0.797 0.706 0.970 0.925 0.923 0.848 0.980 0.946 0.902 0.793

Table 5: Quantitative comparison in terms of SSIM on the eight 4K clips from Xiph with the most inter-frame motion.

Boxing

2K

“QYyK”

Crosswalk

2K

QUK

Driving

2K

“YyK”

Market-1

2K

QUK

Market-2

2K

YK

RitualDance

2K

QUK

Square

2K

QYK

Tango

2K

QUK

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

LPIPS LPIPS

4 4 { { 4 4 { { 4 4 { { { 4 { {
SepConv - L1 [6] 0.037 0.133 0.094 0.208 0.038 0.061 0.156 0.331 0.026 0.106 0.100 0.239 0.012 0.040 0.071 0.234
SepConv - L [6] 0.021 0.057  0.046 0.111 0.037 0.055 0.096 0.187 0.017 0.062 0.063 0.171 0.010 0.027  0.037 0.109
ToFlow [&] 0.035 0.088 0.088 0.152 0.047 0.062 0.139 0.238 0.027 0.118 0.075 0.189 0.013 0.038 0.063 0.171
CyclicGen [4] 0.039 0.090 0.085 0.142 0.068 0.067  0.185 0.271 0.108 0.169 0.077 0.177 0.029 0.060 0.073 0.159
CtxSyn - Lqp [5] 0.053 0.172 0.103 0.215 0.040 0.074 0.185 0.354 0.017 0.073 0.086 0.223 0.012 0.045 0.085 0.244
CtxSyn - LF [5] 0.021 0.056 0.031 0.082 0.038 0.058 0.078 0.154 0.013 0.036 0.061 0.174 0.009 0.022 0.031 0.066
DAIN [2] 0.063 0.161 0.139 0.214 0.045 0.073 0.200 0.329 0.020 0.088 0.091 0.200 0.013 0.051 0.105 0.243
Ours - Lrqp 0.078 0.226 0.177 0.322 0.053 0.095 0.273 0.455 0.022 0.118 0.105 0.238 0.013 0.067  0.131 0.349
Ours - Lp 0.016 0.043  0.026 0.079 ~ 0.033 0.053  0.074 0.148  0.010 0.034  0.045 0.136 ~ 0.006 0.018  0.024 0.059

Table 6: Quantitative comparison in terms of LPIPS on the eight 4K clips from Xiph with the most inter-frame motion.



Overlayed Input ToFlow [8] CyclicGen [4]

CtxSyn - LF [5] DAIN [2] Ours - L

Figure 1: Qualitative comparison, please also consider our supplementary video demo to see this example in motion.



ToFlow [8] CyclicGen [4]

CtxSyn - LF [5] DAIN [2] Ours - L

Figure 2: Qualitative comparison, please also consider our supplementary video demo to see this example in motion.



Overlayed Input ToFlow [8] CyclicGen [4]

o

CtxSyn - LF [5] DAIN [2] Ours - L

Figure 3: Qualitative comparison, please also consider our supplementary video demo to see this example in motion.
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