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Sl Lue 7y Measurements SE-1-P SE-1 SES-1 SFU-1 SFUS-1 SFUS-HKS-1 HS-Net-1-S [ 1] CCA-RF | 2]
« Three core components : —*|  Connected { Max merge | Weight sharing . . — _
) ) ) : : Layers operation L 4 5 A. Head circumference 4.343.5 3.943.1 3.74+2.9 3.7+2.9 3.94+2.9 3.1+2.6 414 818
- Generative - Inverts a pose invariant 3D shape descriptor to reconstruct its neutral shape oo 3 B. Neck circumference 29418 23418 23418 23418 22417 21417 845 747
- Predictive - Maps 2D silhouettes to 3D body shapes Front view original silhouettes 1 Weight sharing C. Shoulder-blade/crotch length 62449  6.1+48 53442 53441 5.444.1 4.94-3.8 20415 18417
_ Cross-Modal - Leverages from multi-view information to boost single view predictions v \ D. Chest circumference 6.7x5.4 6.71+3.3 5.9+4.9 59447 5.844.8 :5_.8:|:¢!.8 1347 25424
_ _ Fully . E. Walst qrcumference 8.1+6.1 7.846.2 715459 7.5:&5.9 7.5:&5_.7 6.4:|::_:.2 19413 24424
e State-of-the-art System for human body Shape estimation L | Connected s S F. Pelvis circumference 9.3+7.5 8.84+7.2 8.446.7 8.246.6 8.11+6.5 7.14+5.9 19414 26125
s Side View G. Wrist circumference 21417 21£17 19416 19416 1.9£16  L7ELS 543 545
H. Bicep circumference 3.943.1 3.3£2.6 29424 29424 29425 29425 814 IT£11
T T e 5|Ihouettes I. Forearm circumference 3.1+24 29423 3.142.3 27423 29423 2.6+2.2 1+4 948
n 7 S : 7 I. Arm length 4.143.1 3.8+2.9 3.34+2.5 33425 3.242.5 2.9+2.4 1248 13412
One view case - cross modal learning Two view case K. Inside leg length 73451 68452 62448 65449 57445 54443 20414 20419
. . / L. Thigh circumference 6.31+4.9 6.345.5 5.84+4.9 57447 5.844.8 5.84+4.9 1348 18417
Qua||tat|ve Results M. Calf circumference 3.6429 35431 33427 33426 35428 29425 1247 12412
N. Ankle circumference 2.1+£1.5 2.14+1.7 [.9+1.5 [.8+1.4 2.1+£1.5 1.6+1.3 6+3 616
_ \ O. Overall height 12.64+9.9 12.449.9 11.248.6 10.9+8.4 10.448.1 9.8+7.7 50+39 43441
| U - P. Shoulder breadth 23+19 2.3+1.8 22412 22419 2.1+1.7 1.9+1.7 444 616
Table 2. Body Measurement errors comparison with shapes reconstructed from one scaled frontal silhouette. The nomenclature
Is presented in Table 1. The measurements are illustrated above. Errors are expressed as Mean +/- Std. Deviation in Millimeters.
Measurements SF-SS-2 UF-US-2 UF-US-HKS-2 HS-2-Net-MM [ 1 | Boisvert et al. [4] Chenetal. [ 5] Xietal. [ 6]
A. Head circumference 3.9+43.2 3.3+2.6 3.2+2.6 7.445.8 10£12 23127 50460
B. Neck circumference 1.9+1.7 2.0£1.6 1.9+1.5 5.343.1 113 27434 59472
a C. Shoulder-blade/crotch length ~ 5.144.1 4.343.5 4.2+3.4 9.947.0 44+5 52465 [19+£150
D. Chest circumference 5.4+4.8 5.8+4.3 5.6+4.7 19.112.5 10£12 18122 36445
: E. Waist circumference 1.545.7 7.6+£5.9 7.1+5.8 18.4413.2 22423 37+39 35+62
F. Pelvis circumference 8.0+6.4 8.0+6.4 6.9+5.6 14.9+11.3 [1+12 15+19 23428
. . . G. Wrist circumference 1.9+1.6 l.6x1.4 L6x1.3 3.8+£2.7 9112 24430 5670
@ Image  Input Silhouette Our Result Dibraetal.[1] Dibra et al. [2] Our Result Bogo et al. [3]/ H. Bicep circumference 3.042.6 26421 2.6+2.1 6.54+4.9 17422 59476 1464177
I. Forearm circumference 3.04+2.4 2.9+2.1 2.2+1.9 5.544.2 1620 76100 1824230
/ \ J. Arm length 3.312.6 24+1.9 23119 8.1+£6.4 1521 53473 109141
K. Inside leg length 5.64£5.1 4.343.8 4.3+3.8 [5.64+12.4 6+7 9412 19424
REfe rences L. Thigh circumference 5.845.1 5.14+4.3 5.1+4.3 13.74£10.8 9412 19425 35+44
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Table 3. Same as in Table 2, however with shapes reconstructed from two views at the same time.




