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Introduction - Formulation - Experlmental Results
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shape information for skeletonization, sieietons Segmentations O;
and skeletonization provides the required scribble information for
segmentation.

For Co-segmentation

Algorithm 1: Our approach for solving (1)

Data: An image set Z containg images of the same
category

Result: Sets O and K containing segmentations and
skeletons of images in Z
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