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1. Additional Results

I

n this supplementary material, we give additional results

to show the robustness of our face deblurring algorithm. In

the

first three examples, we show the complete comparison

with existing deblurring methods and in the last example

we

only show the comparison with the state of the art ap-

proaches. All our results are highlighted in red boxes.
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Figure 1. Visual comparisons on a synthetic blurry face image. From top to bottom and left to right images are blurry input, results of [3],
[17], 51, [7], [16], [15L,[19], [20], [8], [10], [13], [11, [14]1, [2], [12], [4], [9], [1 1] and ours. The blurry input is from [6].
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Figure 2. Visual comparisons on a synthetic blurry face image. From top to bottom and left to right images are blurry input, results of [3],
[171, [51, [71, [16], [151,[19], [20], [8], [101, [131, [11, [141, [2], [12], [4], [9], [1 1] and ours. The blurry input is from [6].



Figure 3. Visual comparisons on a real blurry face image. From top to bottom and left to right images are blurry input, results of [3], [17],
(51, [71, [16], [15LI191, [20], [8], [101, [13], [18], [14], [2], [12], [4], [9], [11] and ours. The blurry input is from [6].



Figure 4. Visual comparisons on real face images. From left to right columns are, blurry input, results of [10], [2], [12], [9], and ours. The
first and second rows are results for images w/o gamma correction, whereby a gamma of 2.2 is used. The third and fourth rows are results
for images w/o gamma correction, whereby a gamma of 2.2 is used. All blurry inputs are captured with a DSLR.



