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1 Registration Results

In Fig. I We present registration results of specimen 6 from the DeepFluoro [1]
dataset using the proposed method RayEmb method trained on CTPelviclK
CLINIC |2| dataset. The top section of each figure is structured as follows: the
input image, the initial pose estimate from RayEmb, the pose estimate after
optimization with DiffDRR, and the ground truth rendered using Diff DRR for
comparison of discrepancies between the real X-ray image and the CT scan.The
bottom section displays difference images in the following order: the difference
between the renderings of the initial and optimized poses, the difference between
the rendering of the initial pose and the input image, the difference between the
rendering of the optimized pose and the input image, and the difference between
the rendering of the ground truth pose and the input image.
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Fig. 1: Registration results for Specimen 6. Continued on the next page.
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Fig. 1: Registration results for Specimen 6 (continued).
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