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Table 1: An overview of SOTA models for benchmarking experiments. All models are
trained with a batch size of 16 except for DEKR with a batch size of 10.

Models Backbone hslipzlét Type |Architecture|Epoch

Top-down

HRNetw48-udp [8]| HRNet-w48 [8] |256 x 192| HM CNN 210

ViTPose-h |9] VIiTAE-G [10] {256 x 192| HM |Transformer| 210

DeepPose-r50 [6] | ResNet-50 [2] 256 x 192 R. CNN 210

SimCC [3] ResNet-50 [2] |256 x 192 CC CNN 210
Bottom-up

DEKR [1|  [HRNet-w32 [8] [512 x 512[HM + R.]  CNN | 140
One-stage

YOLOX-Pose-1 |5 |CSPDarknet |7|{600 x 600 R. CNN 300

RTMO-1 [4] CSPDarknet |7]{600 x 600 CC CNN 600

1 Implementation Details

For the top-down methods, we apply image-level random flipping (horizontal),
random half body, random scaling ([0.5, 1.5]), random rotation ([—80°,80°]) and
random translation ([—0.16-bbox,,, 0.16-bbox,,]) and ([—0.16-bboxy,, 0.16-bboxy))
on the groundtruth bounding boxes. DEKR, our bottom-up approach, employ
random image flipping (horizontal), random image shifting([—0.2 - img,,, 0.2 -
imgy]) and ([—0.2 - imgp, 0.2 - imgy)), random resizing ([0.75,1.5]) and rotating
([—40°,40°]). For the single-stage methods, we apply random image flipping (hor-
izontal), random image shifting ([—0.1-img,, 0.1-img,]) and ([—0.1-imgp,0.1-
imgy)), random resizing ([0.75,1.0]) and rotating ([—10°,10°]), mixup, mosaic
augmentation and sequential HSV color transformations.
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Table 2: Experiments for augmentation

Experiments Grayscale HSV Invert
H:[-100,100] | S:[-30,100] | V:[-20,100]
RGB X X X
Grayscale v X X
RGB + Grayscale v (p=0.5) X X
RGB + Augmentations X v v
Grayscale + Augmentations v v v
Table 3: Bounding boxes Table 4: Crowd index split for LLVIP-Pose. The
size split for the LLVIP- number of image pairs and poses are provided
Pose. "easy", "medium" and "hard".
et Bounding Boxes Set Ea-sy Med‘ium Ha-rd
Small{Medium|Large Image Pairs| Poses |Image Pairs|Poses|Image Pairs|Poses
Train| 0 552 18,081 Train 5,795 14, 328 992 4,109 66 196
Test 0 38 7,464 Test 3,049 5,918 405 1,562 8 22
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