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Table 1. Additional ablation studies of our proposed method on
Dark Zurich-test set.

Method mloU
RefineNet 28.5
w/o project head and L y5 in CDC 41.6
w/o illuminance and inherent correlation in CDC 43.8
Ours 47.5

1. Experiments
1.1. Additional qualitative results

In Fig. 1 and Fig. 2, we show additional qualitative com-
parison results on Dark Zurich-val [1] and ACDC-night-
val [2], respectively.

1.2. Generalization test

In Section 4.4 of our main paper, we provide compari-
son of model performance (mloU) on BDD100K-night [3].
Here, we provide a qualitative comparison on BDD100K-
night in Fig. 3. As can be seen from the Fig. 3, the night-
time illumination style of BDD100K-night is quite different
from Dark Zurich and ACDC. Even in this case, our model
can still obtain relatively satisfactory predictions.

1.3. Additional ablation study

Two other ablation experiments are performed in this
section to further illustrate the effectiveness of our proposed
component. The project head and L ;g ensure that the con-
tent information contained in the feature is extracted, and
the illuminantion and inherent correlation in Lo pc are de-
signed for the process of transferring content knowledge
and performing cross-domain content distillation. Table 1
reports the experimental results. The project head and L ;5
are the guarantees for the effectiveness of CDC, so disabling
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them causes a 5.9% mloU decrease. After getting the con-
tent embedding, the combined effect of illumination and in-
herent correlation can boost the performance of the model,
increasing the mloU by 3.7%.
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Figure 1. The qualitative comparison between our approach and some existing state-of-the-art methods on the Dark Zurich-val set.
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Figure 2. The qualitative comparison between our approach and some existing state-of-the-art methods on the ACDC-night-val set.
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Figure 3. The qualitative comparison between our approach and some existing state-of-the-art methods on the BDD100K-night set.



	. Experiments
	. Additional qualitative results
	. Generalization test
	. Additional ablation study


