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Figure 5. Comparison of StyleRF with two state-of-the-art zero-shot 3D style transfer methods LSNV [19] and Hyper [§]. For each of the
two sample Scenes and reference Styles, StyleRF produces clearly better 3D style transfer and depth estimation. Check zoom-in for details.

The first is volume-adaptive instance normalization which
uses the learned mean and variance of the whole volume
during inference, eliminating the dependency on holistic
statistics of the sampled point batch. The second is the
adaptive bias addition in DST, which improves the styliza-
tion quality using bias capturing style information. We eval-
uate the two designs to examine how they contribute to the
overall stylization of our method.

Volume-adaptive instance normalization. @We com-
pare our volume-adaptive instance normalization (IN) with
vanilla IN and StyleRF without IN. As Fig. 6 (c) shows,
vanilla IN produces severe block-shape artifacts as the

transformation of each batch is conditioned on the holistic
statistics of itself, thus each batch (i.e. block in the im-
age) produces inconsistent stylization which leads to the
artifacts. However, if we discard IN as shown in Fig. 6
(d), the multi-view consistency can maintain but the styliza-
tion quality compromises a lot, failing to capture the correct
color tone of the reference style image. This is because IN
removes the original style information of the content image
which facilitates the transfer of the reference style [21].

Adaptive bias addition. As illustrated in Fig. 6 (b), the
stylization quality degrades a lot if we eliminate the adap-
tive bias addition in DST (Sec. 3.2.2), producing unnatural
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