Supplementary Material
WinCLIP: Zero-/Few-Shot Anomaly Classification and Segmentation

A. Experimental details

Compositional prompt ensemble. Figure 6 provides a detailed list of prompts we adopt to perform compositional prompt
ensemble proposed in Section 4.1 of the main text. Recall that we consider two levels of prompts: i.e., (a) state-level, and
(b) template level. A complete prompt can be composed by replacing the token [c] in a template-level prompt with one of
state-level prompt, either from the normal or anomaly states. Each of the state-level prompt takes an object-level label [o]. In
our experiments, we use the object name words available for both MVTec-AD and VisA per dataset to replace [o].

Data pre-processing. For CLIP-based models, including our proposed WinCLIP and WinCLIP+, we apply the data pre-
processing pipeline given in OpenCLIP [4] for both MVTec-AD and VisA datasets to minimize potential train-test discrepancy.
Specifically, it performs a channel-wise standardization with the pre-computed mean [0.48145466, 0.4578275,
0.40821073] and standard deviation [0.26862954, 0.26130258, 0.27577711] after normalizing each RGB
image into [0, 1], followed by a bicubic re-sizing based on the Pil1low implementation. By default, we make the input
resolution to be 240 for the shorter edge from the re-sizing, to be compatible with ViT-B/16+ in our experiments. This re-sizing
policy also applies to other baseline models for fairer comparisons, although we keep the remaining parts of their original data
pre-processing pipelines. In addition, similar policy can also be used in other backbones with input of different resolutions.

Evaluation metrics. Although the AUROC is a good metric for balanced dataset, it provides an inflated view of model
performance in imbalanced dataset, especially in anomaly segmentation where the normal pixels dominate anomalies. This is
also discussed by Zou et al. [8]. F}-max is computed from the precision and recall for the anomalous samples at the optimal
threshold, which is a more straightforward metric to measure the upper bound of anomaly prediction performance across
thresholds. Thus we acknowledge that the low-shot anomaly segmentation is still not solved since our best model only achieves
< 60% Fj-max for both MVTec-AD and VisA, even though WinCLIP+ achieves > 95% pixel-AUROC. In addition, our
WinCLIP and WinCLIP+ outperform all the compared methods in terms of all these metrics on the setups, demonstrating the
effectiveness of the proposed methods.

Other implementation details. (i) The ViT-B/16+ architecture [4], that we mainly adopt in our experiments, is a modification
of ViT-B/16 [6] with (a) an increased dimension in both image (768 — 896) and text (512 — 640) embeddings, as well
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Figure 6. Lists of multi-level prompts considered in this paper to construct compositional prompt ensemble.
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Setup  Method Backbone  pAUROC PRO Fi-max  AUROC AUPR Fi-max
PatchCore [5] WRN-50-2 834430 922415 90.5+15 92.0+1.0 79.7420 50.4+2.1
PatchCore (hidden) 79.9448 88.6427 887411 918410 74123 47.6426 MVTec-AD (zero-shot)

I-shot  PatchCore (last) VITB/l6r 833#38 90721 89.8+14 923+09 T45+22 47729 Model Size | AC AS
WinCLIP+ (ours) 927419  96.7+0.7 93.5+1.0 95.2+05 87.1+12 55.9+2.7 RN50 2242 | 798  65.6
PatchCore [5] WRN-50-2 86333 93.8+£17 92.0+15 933206 82.3+13 53.0+17 RN101 2242 | 792 624

2
PatchCore (hidden) 84.1429 907419 902412 935507 77.9+418 514zl RNS0x4 = 288 | 81.9 713
2-shot  PatchCore (last) . 86.5+25 92314 9L1+L6 93.1409 76.8+20 49.8+22 RNS0x16 3847 82.3  65.3
—————— ViT-B/16+ ViT-B/16 2242 | 86.1 71.1
WinCLIP+ (ours) 94.0+1.7  97.0+0.7 94.0+1.0 96.0+03 88.4+09 58.4+1.7 ViT-B/16+ 2402 | 90.8 85.1
PatchCore [5] WRN-50-2 88.8+2.6 94.5+1.5 92.6+16 94.3+05 84.3+1.6 55.0+19 VIiT-L/14 2242 | 86.1 64.4
PatchCore (hidden) 87.543.1 92.5+18 91.7+14 947406 81.2+16 54.4£19

4-shot  PatchCore (last) VIT-B/16+ 89.9+22 942414 92.7+11 94.0+06 789416 52.2+15 Table 9. Comparison of WinCLIP

WinCLIP+ (ours) 94.8+15 97.5+07 94.2409 96.2+03 89.0x08 59.5+1.8  performance in AUROC (for AC)

and pAUROC (for AS) on zero-
Table 8. Comparison of few-shot performances on MVTec-AD. We report the mean and standard ~ shot MVTec-AD, across different
deviation over 5 random seeds for each measurement. Bold indicates the best performance. CLIP backbone architectures.

as in (b) the input resolution (2242 — 2402; 196 — 225 tokens); (i) We note that CLIP models require the square-shaped
resolution, e.g., 2402 for ViT-B/16+, to be compatible with the attention layers inside. Although the MVTec-AD benchmark
already consists of square images, most of images in the VisA benchmark are non-squared (e.g., 1500 x 1000) and simply
taking a crop can affect the anomaly status of the given images. In this respect, to enable CLIP-based models properly handle
non-squared images in our experiments, we perform a simple “image tiling” scheme. Specifically, for such non-squared
images, we first extract multiple overlapping (squared) “tiles” of size the shorter edge L, by taking a sliding window across
the longer edge. Then we average the predictions from the tiles to get the final (either in image- and pixel-level) prediction. The
stride for the sliding is set to 0.8 - L at most, i.e., the tiles have overlaps with its neighbors at least in 0.2 - L; (iii) In addition,
for the baseline results, we use our re-implementation of SPADE [2] and PaDiM [3], and adopt the official implementation of
PatchCore! in our experiments.

B. Additional results on ablation study

Comparison with CLIP-based PatchCore: PatchCore [5], a current state-of-the-art considered in our experiments, is
originally based on the internal features of convolutional network: e.g., WideResNet-50-2 (WRN-50-2) [7] pre-trained on
ImageNet. In Table 8, we test whether PatchCore can further benefit from the CLIP-based backbone that our WinCLIP+ is
based on. Specifically, we additionally consider two variants of PatchCore that take the patch-token features of CLIP-based
ViT-B/16+ backbone, one from (a) the 6%- and 9‘h—layer of ViT (which corresponds to block?2 and block3 in ResNet-like
models as considered by [5]; “hidden”), and the other one from (b) the last layer of ViT (“last”). Overall, we have the following
observations. First, in case of the ViT-B/16+ backbone, PatchCore performs better with the last layer, which is in contrast
to the cases of convolutional backbones. Second, compared to the original PatchCore, the CLIP-based variants achieve no
better performances. Third, WinCLIP+ significantly outperforms “PatchCore (last)” where our WinCLIP+ also utilizes the last
patch-token features, namely as referred as F? (Section 4.3 of the main text). The results confirm the effectiveness of (a) our
simple association-based module over a more sophisticated PatchCore” in ViT, and (b) the WinCLIP features F".

Effect of different CLIP backbones: Table 9, on the other hand, explores the effect of different CLIP architectures to the
WinCLIP zero-shot performance. Specifically, on zero-shot setups, we compare AUROC (and pixel-AUROC) from WinCLIP
in AC (and AS) testing over the CLIP pre-trained models available at OpenCLIP,’ including our default choice of ViT-B/16+.
To apply WinCLIP for ResNet-based backbones, we notice that the CLIP implementation of ResNet architectures incorporates
an attention layer to perform the feature pooling, namely as attention pooling, similar to ViT-based architectures. In this respect,
for the CLIP-ResNet models, we apply our window-based inference to perform zero-shot AS from the convolutional feature
map before the attention pooling, in the same way of applying WinCLIP for ViTs. Here, we remark that the effective patch
size of each pixel on the last feature map (before the pooling) of ResNet-based models is designed to be 32 (the downsampling

lhttps://qithub.com/amazonfscience/patchcorefinspection
2Technically, PatchCore incorporates several techniques upon a patch-level memory scheme, e.g., local patch aggregation, clustering and score re-weighting.
3https://qithub.com/mlfoundations/openiclip
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https://github.com/mlfoundations/open_clip

rate), which is larger than those of ViTs we test, e.g., of 16. Overall, we observe that ViT-based models generally show better
performance compared to ResNets, in both AC and AS. The particular gap in AS is possibly due to the bigger patch sizes in
ResNets, which can result in more blurry outputs. Still, we observe the performance benefits from larger models or resolutions
in both types of architecture.

C. Additional qualitative results

In Figure 7-10, we provide further qualitative results obtained from our (zero-shot) WinCLIP and (few-shot) WinCLIP+
for anomaly segmentation, both in MVTec-AD and VisA considered in our experiments. Specifically, we report MVTec-AD
results in Figure 7 and 8, and VisA results in Figure 9 and 10.
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Figure 7. Additional qualitative results from WinCLIP (0-shot), tested on MVTec-AD.
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Figure 8. Additional qualitative results from few-shot WinCLIP+ (4-shot), tested on MVTec-AD.
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Figure 9. Additional qualitative results from WinCLIP (0-shot), tested on VisA.
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Figure 10. Additional qualitative results from few-shot WinCLIP+ (4-shot), tested on VisA.




Failure cases. We present some failure examples from both MVTec-AD and VisA for language driven zero-shot WinCLIP in
Figure 11. Note that the normal images are shown just for better illustration and are not used in model prediction. The first
major factor causing the failure is the logical anomaly [1] illustrated in Figure 11(a), e.g., misplaced axis in cable, missing text
on capsule, missing capacitor in PCB1 and bent component in PCB3. Such type of anomalies need to be clarified by normal
reference images while language might be not sufficient. The issues are alleviated by our few-normal-shot WinCLIP+. The
second major factor refers to tiny defect illustrated in Figure 11(b), such as the ones in carpet, wood, capsule, macaronil. We
conjecture that spatial features with more local details might improve these cases, which is left for future exploration. The
third major factor is the irrelevant deviation from normality that are not defects of interests illustrated in Figure 11(c), e.g.,
the tiny red/white dots in pill/hazelnut, extra ingredient on cashew, designed holes and acceptable scratches in PCB2. We
hypothesize that more clarification on these deviation and a pre-trained model with better understanding on these states might
alleviate the problem. Lastly, although WinCLIP can roughly localize anomalies such as the cases in bottle, tile, PCB4 and
fryum, it makes some errors around the true positives, illustrated in Figure 11(d). However, we argue this is minor as the rough
anomaly localization is sufficient to explain where the defects are for visual inspection.
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Figure 11. Curated illustrations of failure cases from zero-shot WinCLIP.



D. Detailed quantitative results

In this section, we report the detailed, subset-level performance values for the evaluation metrics provided in Table 1 and 4
of the main text. Specifically, we report MVTec-AD results in Table 10-15 and VisA results in Table 16-21.

MVTec-AD (AC) K=0 K=1 K=2 K=4
AUROC WinCLIP SPADE PaDiM  PatchCore ~WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+
Bottle 99.2:+0.0 98.7+06  97.4+07  99.4+04 98.2+0.9 99.5+£0.1  98.5+1.0  99.2+03 99.3+0.3 99.5+02  98.8+02  99.2+03 99.3+04
Cable 86.5+0.0 712433 57.7+46  88.8+42 88.9£1.9 76.2+52 623459  91.0+27 88.4+0.7 83.4+31  70.0+6.1 91.0+2.7 90.94+0.9
Capsule 72.940.0 70.2+30  57.7+73  67.8+29 72.3+638 70.9+6.1  64.3+30  72.8+7.0 77.3+88 789455 65.2+25  72.8+7.0 82.3+8.9
Carpet 100.0+£00  98.1+02  96.6+1.0  95.3+0.8 99.8+0.3 98.3+04  97.8+05  96.6+0.5 99.8+0.3 98.6+02  97.9+04  96.6+0.5 100.0+0.0
Grid 98.8+0.0 40.0+6.8  54.2+67  63.6+103 99.5+0.3 413436  67.2+42  67.7+83 99.4+0.2 44.6+6.6 68.1+38  67.7+83 99.6+0.1
Hazelnut 93.9+0.0 95.8+13 88.3+26  88.3x27 97.5+14 96.2+£2.1  90.8+£08  93.2+38 98.3+0.7 98.4£13  91.9+12  93.2+38 98.4+0.4
Leather 100.0+£0.0 100.0£0.0 97.5+0.7 97.3+0.7 99.9+0.0 100.0+£00 97.5+£09  97.9+0.7 99.9+0.0 100.0+£00 98.5+02  97.9+0.7 100.0+0.0
Metal nut 97.1+0.0 71.0+22  53.0+38  73.4+29 98.7+0.8 77.0£79 548438  77.7485 99.4+0.2 778457  60.7+£52  77.7485 99.5+0.2
Pill 79.1+0.0 86.5+3.1 613438  81.9+28 91.242.1 84.8+09 59.1+64  82.9+29 92.3+0.7 86.7+03 549427  82.9+29 92.8+1.0
Screw 83.3+0.0 46.7+25  55.0+25 444146 86.4+0.9 46.6+22  54.0+44  49.0+38 86.0+2.1 50.5+54  50.0+4.1  49.0+38 87.9+1.2
Tile 100.0+£0.0  99.9+01 922422  99.0+09 99.9+0.0 99.9+0.1  93.3+11  98.5£1.0 99.9+0.2 100.0+£00 93.1+06  98.5+1.0 99.9+0.1
Toothbrush 87.5+0.0 717426  82.5+12  83.3438 92.24+49 78.6+32  87.6+42 859435 97.5+1.6 78.8+52  89.2+25 859435 96.7+2.6
Transistor 88.0+0.0 772420  733+60  78.1+69 83.4438 81.3+37 728463  90.0+43 85.3+1.7 81.4+21 824465  90.0+43 85.7+255
Wood 99.4+0.0 98.8+03  96.1+12  97.8+03 99.9+0.1 99.2+04  96.9+05  98.3+0.6 99.940.1 98.9+06  97.0+02  98.3+0.6 99.8+0.3
Zipper 91.5+0.0 89.3+19  85.8+27  92.3+05 88.8+5.9 93.3+29  86.3+26  94.0+2.1 94.0+1.4 95.1+13  88.3+20  94.0+21 94.5+05
Mean 91.8+0.0 81.0£20 76.6+3.1  83.4£3.0 93.1+£2.0 82.9+26 789431  86.3+33 94.4+1.3 84.8+25 80.4+25  88.8+26 95.2+1.3

Table 10. Comparison of anomaly classification (AC) performance in terms of class-wise AUROC on MVTec-AD. We report the mean and
standard deviation over 5 random seeds for each measurement.

MVTec-AD (AC) K=0 K=1 K=2 K=4
AUPR WinCLIP  SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+
Bottle 99.8+0.0 99.6+£0.1  99.2+02  99.8+0.1 99.4+0.3 99.8£00  99.6+03  99.8+0.1 99.8+0.1 99.9£00  99.7+00  99.8+0.1 99.8+0.1
Cable 91.2+0.0 79.6+23  64.9+38  93.8+22 93.2+1.1 84.5+31  69.6+6.6  95.1+13 92.9+0.6 88.8+£1.9 76.1+56  97.1%0.7 94.4+03
Capsule 91.540.0 91.2+09 86.9+22 89.4+20 91.6+2.7 91.6+2.1  88.4+08  91.0+29 93.3+36 94.4+19 87.8+08 94.9+1.1 95.1+33
Carpet 100.0+£0.0  99.4+00 99.0+02  98.7+0.2 99.9+0.1 99.5+0.1  99.4+0.1  99.0+0.1 99.9+0.1 99.6+0.1  99.4+0.1  98.8+0.2 100.0+0.0
Grid 99.6:£0.0 66.9+2.1  75.0433  81.1+49 99.9+0.1 68.3+2.1 825423  84.1+40 99.8+0.1 68.8+42  83.0+18  86.4+4.0 99.9+0.0
Hazelnut 96.9+0.0 97.9+06 933+17  929+22 98.6£0.7 98.0£1.1  94.1+05  96.0+£2.0 99.1+04 99.1£07  94.8+06  97.0+12 99.1+0.2
Leather 100.0+£00  100.0£0.0 99.2+02  99.1+0.2 100.0+0.0 100.0+£00 99.2+03  99.3+0.2 100.0+0.0 100.0+£00  99.640.1 99.6+0.1 100.0+0.0
Metal nut 99.34+0.0 91.7+08  82.0+27  91.0+1.1 99.7+0.2 93.7+24  822+14 923440 99.9+0.0 94.1+18  855+1.7  97.0+26 99.9+0.1
Pill 95.7+0.0 97.0+08 88.3+13  96.5+0.6 98.3+0.5 96.5+04  87.9+26  96.6+0.7 98.6+0.1 97.0+02 87.0+12  96.9+04 98.6+0.2
Screw 93.1+0.0 71.3+18  78.1+1.0 71.4+23 94.2+0.6 71.0£14  773+13 729434 94.1£1.5 73724 757428  71.8+19 94.9+0.8
Tile 100.0+£0.0  100.0£00 97.24£07  99.6+0.3 100.0£00  100.0£00 97.6£04  99.4+04 100.0+0.1 100.0+£00 97.6+02  99.6%0.1 100.0+0.0
Toothbrush 95.6+0.0 88.3+£06 93.7+05  93.5+14 96.7+2.0 90.8+13  952+16 94.1+14 99.0+0.6 91.3+26 95.8+07 94.8+07 98.7+1.1
Transistor 87.1+0.0 76.2+17  66.2+75  77.7+55 79.0+4.0 81.6+34 69.0+6.5  89.343.9 80.7+2.3 80.3+2.6 77.6+84  84.5+9.0 80.7+32
Wood 99.8+0.0 99.6+0.1  98.8+£03  99.3+0.1 100.0+£0.0 99.7+0.1  99.0+0.1  99.5+0.2 100.0+£0.0 99.7+02  99.1+00  99.5+0.2 99.9+0.1
Zipper 97.54+0.0 96.9+05  95.5+09  97.2+03 96.8+1.8 98.2+08 954+10  97.8+1.0 98.3+04 98.6+04  96.2+08  99.1+0.7 98.5+0.2
Mean 96.5£0.0 90.6+£08 88.1+1.7  92.2+15 96.5+0.9 91.7t12  89.3+17  93.8£17 97.0+0.7 92512  90.5+16  94.5+15 97.3+0.6

Table 11. Comparison of anomaly classification (AC) performance in terms of class-wise AUPR on MVTec-AD. We report the mean and
standard deviation over 5 random seeds for each measurement.

MVTec-AD (AC) K=0 K=1 K=2 K=4
F-max WinCLIP SPADE PaDiM  PatchCore ~WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore ~WinCLIP+
Bottle 97.6+00  97.8+08 96.3+12  98.3+06 96.5+1.3 98.7+04  97.1+11  97.5+06 97.7+0.7 98.6+03  97.9+04  97.9+08 97.8+0.6
Cable 84.5+00  79.6+23 T77.2+1.1 85.2436 86.1+1.3 80.4+17  78.7+12  86.1+24 85.2+0.7 83.8+25  81.1+1.1 91.3+1.0 87.2+0.6
Capsule 91.4+00 92.0+06 91.0+02  92.0+1.0 91.6+0.7 92.1+04  92.1£09  93.6+06 92.1+0.7 92.7+03  92.8409  94.3+03 92.5+05
Carpet 99.4£00  96.5+02 95.1+05  94.9+05 99.2+0.8 96.6+£03  96.5+t04  95.3+05 99.3+0.7 96.9£03  96.6+£03  94.3+08 99.940.2
Grid 98.2+00  84.5+03 84.5+03  86.2+1.1 98.9+0.4 84.8+03  85.3+09  86.9+23 99.1+0.0 84.8+05 85.0+05  87.54+2.0 99.1+0.0
Hazelnut 89.7+00  92.4+13 874+16 87.0+14 94.7+23 932428 89.3+11  91.0+37 95.6+1.6 959420 90.0+£1.7  92.8+12 96.2+1.0
Leather 100.0£00  99.9402 96.2+09  95.9+0.7 99.5+0.0 100.0+£00 96.6+13  95.7+0.9 99.7+0.2 100.0+£00 97.9+02  97.5+07 99.8+0.2
Metal nut 96.3+00  90.1+0.6 90.1+03  91.4+12 97.7+1.0 90.5+1.1  90.0+03  91.9+09 98.4+0.5 90.6+09  90.3+04  93.6+14 98.5+0.6
Pill 91.6+£00  93.5+04 91.6+00 91.9+03 93.8+0.7 93.4+03  91.740.1 92.0+0.3 94.3+04 93.6+05  91.7+0.1 92.1+03 94.1+04
Screw 87.4+00 853400 85.6+03  85.8+0.2 88.5+03 85.6+02  85.5+0.1  85.7+02 89.0+0.6 85.84+0.7 85.7+03  86.8+0.6 89.6+0.7
Tile 99.4£00  99.2+05 90.7+20  97.5+12 98.9+0.2 99.2+03  91.5+13  96.9+15 99.2+03 99.4+00 91.0£09  97.5+04 99.240.3
Toothbrush 87.9+00  85.6+13 85.4+13  88.9+22 94.1+1.9 87.1+14  90.1+£3.1  90.8+1.6 96.7+1.8 86.5+1.8  90.6+2.1 92.6+2.2 96.8+2.3
Transistor 79.5+00  70.3+17 66.4+47  70.6+72 75.1+3.1 73.4+£34 659437  85.3x6.1 759424 723+27  748+77  78.3£115 76.6+2.8
Wood 98.3+00  97.0+08 94.3%1.1 96.1+03 99.4+03 97.7+1.0 949403  96.6+0.9 99.5+0.4 97.6+£07 94.8+05  96.5+09 99.2+0.9
Zipper 92.9+00 91.0+09 91.2+08  95.3+0.5 92.1+25 93.5+18  92.2+06 954405 94.4+03 94.7+0.8  92.5+08  96.5+03 94.7+04
Mean 92.9+0.0 90.3+08 88.2+1.1  90.5+L5 93.7+1.1 91.1£1.0 89.2+11  92.0+L5 94.4+0.8 91.5£09 90.2+12  92.6+16 94.7+0.8

Table 12. Comparison of anomaly classification (AC) performance in terms of class-wise F1-max on MVTec-AD. We report the mean and
standard deviation over 5 random seeds for each measurement.



MVTec-AD (AS) K=0 K=1 K=2 K=4

pAUROC WinCLIP SPADE  PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE  PaDiM  PatchCore WinCLIP+
Bottle 89.5£00  95.3+02 96.1+05  97.9+0.1 97.5+02  95.7£02 96.9+0.1  98.140.0 97.740.1 96.1400 97.1+0.1  98.240.0 97.840.0
Cable 77.0£0.0  86.44+02 88.4+12  95.5+08 93.8+0.6 87.44+03 90.0+08  96.4+03 94.3+04 88.2+0.2 92.1+04  97.5+03 94.9+0.1
Capsule 86.9£00  96.3+02 94.5+06  95.6+04 94.6+0.8 96.7+£0.1 952405  96.5+04 96.4+0.3 97.0+£02 96.2+04  96.8+0.6 96.2+0.5
Carpet 95.4+00 982400 97.8+02  98.4xt0.1 99.4+0.0 98.3+£0.0 98.2+00  98.5+0.1 99.3+0.0 98.4+0.0 98.4+00  98.6+0.1 99.3+0.0
Grid 82.2+00  80.7+13 70.2+28  58.8+4.9 96.8+1.0 83.5+1.0 70.8+20  62.6+32 97.7+0.8 87.2+1.1 77.0£1.8  69.4+13 98.0+0.2
Hazelnut 943400  97.240.1 954407  95.8+06 98.5+0.2 97.6+0.1 96.8+£03  96.3+0.6 98.7+0.1 97.7+0.1  97.2+02  97.640.1 98.8+0.0
Leather 96.7+£0.0  99.1+0.0 98.5+0.1  98.8+0.2 99.3+0.0 99.1+£00 98.7+0.1  99.0+0.1 99.3+0.0 99.1+£00 98.8+00  99.1+0.0 99.3+0.0
Metal nut 61.0£00  83.8407 74.6+1.1  89.3+1.4 90.040.6 85.8+1.1 80.3+2.1  94.6+14 91.440.4 87.1+0.7 827439  95.9+1.8 92.94+0.4
Pill 80.0+£0.0  89.4+04 84.8+1.0  93.1+1.1 96.440.3 89.9+02 87.3+0.7 942403 97.0402  90.7+02 88.9+0.5  94.8+0.4 97.14+0.0
Screw 89.6+00 94.8+02 83.3+07  89.6+05 94.5+0.4 95.6+04 89.8+08  90.0+0.7 95.24+03 96.4+04 90.8+02  91.3£1.0 96.0+0.5
Tile 77.6£00 91.7403 84.1+1.1  94.1+05 96.3+0.2 92.0+0.1 87.7+£02  94.4+02 96.5+0.1 92.2+0.1  88.9+03  94.6+0.1 96.6+0.1
Toothbrush 86.9+00 94.6+06 97.3+03  97.3+04 97.8+0.1 96.2+03 97.7+£03  97.5+02 98.1+0.1 97.0+£0.6 98.4+02  98.4+04 98.4+0.5
Transistor 74.7+00  71.4+13 90.2+28  84.9+27 85.0+£1.8 72.8+£09 923421  89.6+09 88.3£1.0 73.4+07 94.0+27  90.7+14 88.5+1.2
‘Wood 93.4+00  93.4+0.1 90.7+04  92.7+09 94.6+1.0 93.8+0.1 91.9+01  93.2+07 95.3+04 93.9+0.1  92.2+01  93.5+03 95.4+02
Zipper 91.6+00 949403 93.9+08  97.4+04 93.9+0.8 95.8+02 954+03  98.0+0.1 94.1+0.7 96.2+0.1  96.1+02  98.1+0.1 94.2+04
Mean 85.1+00 91.24+04 89.3+£09  92.0+1.0 95.2+0.5 92.0+03 91.3+07  93.3+0.6 96.0-+0.3 92.7+£03  92.6+0.7  94.3405 96.2+0.3

Table 13. Comparison of anomaly segmentation (AS) performance in terms of class-wise pixel-AUROC on MVTec-AD. We report the mean
and standard deviation over 5 random seeds for each measurement.

MVTec-AD (AS) K=0 K=1 K=2 K=4
PRO WinCLIP SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore ~WinCLIP+
Bottle 76.4+00  91.1+04 89.84+0.8  93.5+03 91.2+04 91.8+05 91.7+02  93.9+03 91.8+03 92.5+0.1  92.2+02  94.0+0.2 91.6+0.2
Cable 429400  63.5+07 59.1+32  84.7+1.0 72,5423  66.7£09 66.5+28  88.54+0.9 74.74+23 69.5+04 742418  91.7+0.6 77.0+1.1
Capsule 62.1£00  92.7+04 80.0+20  83.94+09 85.6+27  93.4+03 823+21  86.6+1.0 90.6+0.6  94.1£06 85.7+13  87.8+19 90.1+1.5
Carpet 84.1+00  96.1+00 92.9+03  93.3+03 97.44+04 96.24+0.0 93.9+02  93.7+04 97.34+03 96.3+£0.0 94.4+02  93.9+04 97.0+0.2
Grid 57.0£0.0  67.7£19 412446  21.7+95 90.5+2.7 72.1+15 45.1436 237438 92.8+2:5 78.0+£15 55.5+34  30.4+46 93.6+0.6
Hazelnut 81.6+00 94.9+03 85.7+19  88.3%13 93.74+0.9 95.6+£02 89.4+09  89.8+13 94.2+03 95.6+0.1 90.4+07  92.0+03 94.2+03
Leather 91.1£00  98.7£0.0 95.6+£02  95.2+1.0 98.6+0.0 98.8+£0.0 96.2+02 959403 98.3+04 98.8+£0.0 96.3+0.1  96.4+0.1 98.0+0.4
Metal nut 31.8+00 734411 38.1+16  66.7+29 84.7+1.1 78.1+18 482450  79.6+4.2 86.7+0.8 81.2+14 54.0+88  83.8+55 89.4+0.1
Pill 65.0+£0.0  92.8403 789406  89.5+16 93.5+0.2 93.3+02 84.3+04  91.6+05 94.5+0.2 93.9+02 86.6+04  92.5+04 94.6+0.3
Screw 68.5+0.0  85.0+08 51.6+1.7 68.1+13 82.3+1.1 87.2+12 69.5+21  69.0+2.1 84.1+0.5 89.5+1.3 72.3+08  72.4+3.1 86.3+1.8
Tile 512400  84.2404 66.7+1.5  82.5+1.1 89.4+0.4 84.6+02 719405  82.5+05 89.6+0.4 84.9+0.1 73.6+09  83.0+0.1 89.9+0.3
Toothbrush 67.7+0.0  83.5+13 82.1+15  79.04+24 85.3+1.0 87.4+1.1 833426  81.0+0.7 84.7+14 89.0+1.1  87.1+1.7  85.5+3.0 86.0+3.3
Transistor 43.4+00 553420 70.3+70 709446 65.0+1.8 57.6+14 76.5+55  78.8£l15 68.6+1.1 58.5+0.7 82.2+74  79.5+28 69.0+1.1
‘Wood 74.1£00 929401 86.5+06  87.1£1.0 91.0+0.6 93.1+0.1 88.0+£02  86.8+1.4 91.8+0.6 93.2+0.1 88.4+02  87.7+04 91.7+03
Zipper 71.7+00  86.8+0.6 81.7+20  91.2+1.1 86.0+£1.7 89.0+04 85.6+07  92.8+04 86.4+1.6 90.1+02 87.2+08  93.4+0.2 86.9+0.7
Mean 64.6:0.0 839407 73.3+£20 79.7+20 87.1+12 85.7+07 78.2+18  82.3+13 88.4+0.9 87.0+0.5 81.3£19  84.3+t16 89.0+0.8

Table 14. Comparison of anomaly segmentation (AS) performance in terms of class-wise PRO on MVTec-AD. We report the mean and
standard deviation over 5 random seeds for each measurement.

MVTec-AD (AS) K=0 K=1 K=2 K=4
Fy-max WinCLIP SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM PatchCore ~ WinCLIP+
Bottle 58.1+00  61.5+03 68.2+1.9  74.8+04 72.8+0.8 62.7+04 70.7+04  75.140.1 73.2+0.9 64.3+03  71.4+04 75.0+0.2 73.3+0.6
Cable 19.7+00  259+12 27.4+18 59.8+£14 49.4+33 28.5+08 29.5£1.6  62.2+1.0 51.2+13 30.2+04  34.5+1.1 65.5+1.1 54.7+11
Capsule 217400  37.5+35 27.1+28  32.3+21 29.7+7.8 39.6+30 33.1+26 379445 43.5+14 40.8+34  37.0+20  39.0+63 40.7+4.9
Carpet 49.7400  67.1+02 624405  67.3+04 733£15  67.6+£02 62.6+02  67.0+0.7 729413  68.1+02  62.9+02  67.4+03 72.0+0.7
Grid 18.6+0.0  17.0£1.0 9.4+2.1 5.5+22 50.7+45 18.9+1.1  13.1+15 5.2+12 534438 23.1+16  18.0+1.9 10.0+£5.3 52.7+15
Hazelnut 37.6£00  62.8+08 47.7433  50.1+39 68.9+2.6 65.1£03 57.1£07  53.6+3.7 70.5+1.7 652406  58.0+13 60.8+1.5 71.0£03
Leather 39.7400  55.6+0.1 52.3+08  58.6+04 58.0+0.7 55.8+0.6 52.8402  58.8+03 57.5+0.6 55.540.1  52.5+02 58.8+0.3 56.3+1.0
Metal nut 32.4+00 46.4+11 382409  55.1+2.6 59.4+1.7 48.7+14 445420 704448 62.7+1.5 50.4+09  47.5+44 74.8+6.7 67.4+1.6
Pill 17.6£00  29.6+£08 25.3+06  54.5+4.0 64.7+1.8 31.2+04 28.8+12 59.4+17 67.8+0.5 33.0£05 32.7+11 61.7+1.6 67.9+04
Screw 13.5+00  11.6£1.0 3.5+0.1 6.4+0.4 222428 147423  5.9+03 6.5+0.4 2244238 20.1+52  6.4+0.2 7.4+0.5 30.1+43
Tile 32.6+£0.0  57.3+0.5 422+14  64.2+14 712404  58.0+02 47.3+04  64.4+08 719406  58.4+02 48.8+06  65.0+0.1 72.2406
Toothbrush 17.1+00  40.0£25 59.5+38  63.4432 62.7+3.6 46.9+18 624427  61.5+24 65.8+2.2 51.0+37  65.0+£14 64.9+0.5 69.4+4.6
Transistor 30.5400 21.4+19 41.6481 48.2+56 39.1435 232+14 475477  54.6+15 45.6+23 238408 54.0+105  55.7+2.6 46.6+2.2
Wood 51.5400  56.4+03 46.6+0.7  52.9+1.1 65.2+1.4 57.0+0.1 472402  52.9+18 65.8+0.6 57.1+04  47.7+03 53.3+0.7 65.1+0.5
Zipper 344+00  45.1+03 51.3+25 62.5+24 50.6+3.9 48.7+05 53.1+1.1 65.3+0.7 50.9+4.5 51.2+06  55.2+1.7 65.1+0.5 52.8+2.7
Mean 31.7+00 42.4+10 40.2+21 504421 55.9+2.7 445+10 43.7+£15  53.0+17 58.4+1.7 46.2+13  46.1+18 55.0+£1.9 59.5+1.8

Table 15. Comparison of anomaly segmentation (AS) performance in terms of class-wise F;-max on MVTec-AD. We report the mean and
standard deviation over 5 random seeds for each measurement.



VisA (AC) K=0 K=1 K=2 K=4
AUROC WinCLIP  SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+

Candle 95.4+0.0 86.1+56  70.8+4.1 85.1+1.4 93.4+14 91.3+33  75.8+2.1 85.3+15 94.8+1.0 92.8+21 77.5+16  87.8+0.8 95.1+0.3
Capsules 85.0+0.0 733+75  51.0£78  60.0+76 85.0+3.1 71.7+112 S51.7+46  57.8+54 84.9+0.8 73.4+7.1 5277434 63.4+54 86.8+1.7
Cashew 92.1+0.0 95.9+11 623499 89.5+4.4 94.0+0.4 97.3+14  74.6+36 93.6+0.6 94.3+0.5 96.4+13 777432 93.0£15 95.2+0.8
Chewinggum  96.5+0.0 921420 699449  97.3+03 97.6+0.8 93.4+10 827421 97.8+0.6 97.3+0.8 93.5+14 83.5437  98.3+03 97.7+03
Fryum 80.3+0.0 81.1+40 583459  75.0+48 88.5+1.9 90.5+39  69.2+9.0  83.4+24 90.5+0.4 929+16 712459  88.6+13 90.8+0.5
Macaronil 762400  66.0+£105  62.1+4.6 68.0+3.4 82.9+15 69.1+82  62.2+5.0 75.6+4.6 83.3+1.9 65.8+12 659439  82.9+27 85.240.9
Macaroni2 63.7+0.0 55.8+6.1  47.5+59 55.6+4.6 70.2+0.9 58.3+44  50.8+29 57.3+5.6 71.8+2.0 56.7+32 55.0+£29  61.7+18 70.9+2.2

PCB1 73.6+00  87.2+23  76.2+12  78.9+1.1 75.6+23.0 86.7+1.1 6244108  71.5+20.0 76.7+5.2 83.4+85 82.6+15 84.7+6.7 88.3+1.7
PCB2 512400  73.5+37  61.2420  81.5+08 622439 70.348.1  66.8+2.0  84.3+1.7 62.6+37  71.7£70 73.5+24  84.3+1.0 67.5+2.6
PCB3 73.440.0 722410 5144122 827423 T4.1+1.1 75.845.7 67.3+3.8 84.8+1.2 78.8+1.9 79.0+4.1  65.9+1.9 87.0+1.1 83.3+1.7
PCB4 79.6+0.0 93.4+13  76.1+3.6 93.9+2.8 85.248.9 86.1+£82  69.3+£137  94.3+32 82.3+9.9 954423 854420  95.6+16 87.6+8.0
Pipe fryum 69.7+0.0 779432 66.7+22  90.7+17 97.2+1.1 78.1£30  75.3+18 93.5+13 98.0+0.6 79.3+09 829422  96.4+07 98.5+04
Mean 78.1+0.0 79.5+40  62.8+54 79.9+2.9 83.8+4.0 80.7£50  67.4+5.1 81.6+4.0 84.6+2.4 81.7434 728429  85.3+2.1 87.3+18

Table 16. Comparison of anomaly classification (AC) performance in terms of class-wise AUROC on VisA. We report the mean and standard
deviation over 5 random seeds for each measurement.

VisA (AC) K=0 K=1 K=2 K=4
AUPR WinCLIP SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+
Candle 95.8+0.0 86.5+43  69.24+3.9 86.6+2.3 93.6+1.5 90.7+£32  72.8+1.0 86.8+1.7 95.1+1.1 92.6+19 72.5+11  88.9+1.1 95.3+04
Capsules 90.9+0.0 79.4+49 634457 723453 89.9+25 799458  634+20  73.6+47 88.9+0.7 81.1+45 63.0+23  78.443.1 91.5+14

Cashew 96.4+0.0 97.9+04 782457 94.6+2.0 97.2+02 98.6+0.6  86.1+22 96.9+0.3 97.3+0.2 98.3+0.6 88.4+20  96.5+0.7 97.7+04
Chewinggum  98.6+0.0 96.4+09  79.843.6  98.9+0.1 99.0+0.3 97.1+04  89.5+19 99.1+0.2 98.9+0.3 97.1+0.6 88.5+32  99.3+0.1 99.0+0.1
Fryum 90.1+0.0 89.8+1.8 745429 87.6+2.4 94.7+1.0 945423  81.0+£54  92.1+13 95.8+0.2 95.8+1.0 81.5+30  95.0+0.6 96.0+0.3
Macaronil 75.8+£00  61.9+112  60.4+2.9 67.8+34 84.9+1.2 64.5+95  63.1+43 749452 84.7+15 60.2+2.7  64.9+21  82.1435 86.5+0.6
Macaroni2 60.3+0.0 52.7+42  51.7+5.0 54.9+32 68.4+1.8 559431 52.7+15 57.2+2.6 70.4+1.8 51.9+23 549425  60.243.0 69.6+2.8

PCB1 784400 849437  68.6+24  72.1£25 76.5+19.0 83.8+2.1  60.4+7.7  72.6+164 78.3+4.3 832472 774429  81.0+9.2 87.7+1.7
PCB2 49.2400  74.9+29  63.3+12  84.4404 64.9+3.3 71.7466  68.9+26  86.6+1.1 65.844.0 742450 75.0+17  86.2+1.0 71.3434
PCB3 76.5+00  75.5+2.1 52.3+108  84.6+15 73.5+16 783452 65.2438  86.1+05 80.9+1.6 81.0+3.6 64.5+24 88311 84.8+1.8
PCB4 77.7+0.0 929+16  74.7+26 92.8+3.1 78.5+155  81.9+112  67.6+11.9  93.2+34 72.5+162 94.8+29 84.0+20 94.9+12 85.6+8.9
Pipe fryum 82.3+0.0 88.3+20  79.2415 95.4+0.6 98.6+0.5 88.1+1.7  84.5+17 96.8+0.7 99.0+0.3 88.8+1.0 89.8+17  98.3+03 99.2+02
Mean 81.2+0.0 82.0+33  68.3+4.0 82.8+23 85.1+4.0 82.3+43  71.6£38 84.8+3.2 85.8+2.7 83.4+27 75.6+22  87.5+2.1 88.8+1.8

Table 17. Comparison of anomaly classification (AC) performance in terms of class-wise AUPR on VisA. We report the mean and standard
deviation over 5 random seeds for each measurement.

VisA (AC) K=0 K=1 K=2 K=4
Fi-max WinCLIP SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+
Candle 89.4+00 804+6.1 72.0+20  79.5+06 87.8+12 85.5+29 74.8+29  78.7+08 89.1+1.3 86.9+24 76.7+13  80.5+09 88.9+1.0
Capsules 83.9+00  81.0+24 77.5+08  77.9+15 84.942.0 80.4+39 77.2+04  77.2+03 85.440.6 79.5+1.8 772403  77.3£06 86.0+0.9
Cashew 88.4+00 94.8+18 80.8+£0.7  89.6+3.6 90.7+0.7 95.5+22 82.4+12  92.3+05 90.9+0.7 95.7+09 82.5+12  9l.1+21 91.6+13
Chewinggum  94.8400  89.7+22 83.84£20  95.9+0.38 95.6+0.9 90.5+1.2  86.7408  97.0+05 95.4+0.6 91.3+1.5 87.9+08  97.4+06 95.7+0.5
Fryum 82.7+00  85.3+21 80.6+08  82.9+1.7 87.2+14 90.9+1.8 82.7+2.1  84.7+14 88.440.6 91.9+1.7 829+18  86.6+0.6 88.9+0.8

Macaronil 74.2+00 719420 69.2+23  70.4+19 76.2+1.4 72.8+3.1 68.8+18  74.3+2.1 76.7+£2.0 70.8+12 70.0£1.6  78.9+14 78.2+12
Macaroni2 69.8+00  68.1+08 67.1+02  67.6+0.7 72.3+1.1 68.2+12 67.1+04  67.6+12 73.9+0.9 67.9+0.6 68.4+1.0  68.8+0.8 73.1+1.6

PCB1 71.0£0.0  85.5+02 80.3£0.8  84.5+04 81.3+6.6 85.8+02 71.4+54  78.3+67 73.2+37 81.2+64 83.1+06  85.6+18 83.1+22
PCB2 67.1+00  70.9+19 68.6+14 759408 67.2+03 71.5427  69.24+06  78.1+2.1 67.3+03 71.1+£32  72.0+23  79.2+19 67.7+0.6
PCB3 71.0£00  70.2+14 67.7409  76.7+25 73.5+15 733436 69.9+1.1  78.9£1.0 73.9+13 755433  69.0+07  80.7+0.5 77.0+1.4
PCB4 74.9+00  87.5£17 74.5+22  90.4+27 86.1+2.1 83.1+£59 74.6+£39  91.3+4.1 86.8+3.8 90.6+£2.1  81.0£1.6 922434 84.6+7.0
Pipe fryum 80.7+0.0  82.7+0.7 81.2+05  89.2+24 94.4+0.7 82.7+14 83.1+06 91.4+11 95.4+0.8 82.840.6 85.4+08  93.9+12 95.6+0.7
Mean 79.0+0.0 80.7+19 753+12  81.7+16 83.1+17 81.7+25 75.7+18  82.5+18 83.0+1.4 82.1+£2.1 78.0+£12  84.3+13 84.2+1.6

Table 18. Comparison of anomaly classification (AC) performance in terms of class-wise F1-max on VisA. We report the mean and standard
deviation over 5 random seeds for each measurement.



VisA (AS) K=0 K=1 K=2 K=4
pAUROC WinCLIP SPADE  PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore ~WinCLIP+

Candle 88.9+00 97.9+03 91.7+22  97.2+02 97.4+0.2 98.1+0.2 949408  97.7+03 97.7+0.1 98.2+0.1  95.4+02  97.9+0.1 97.8+0.2
Capsules 81.6+00  95.5+0.5 70.9+1.1  93.2+09 96.4+0.6 96.5+£09 75.7+1.7  94.0+02 96.8+0.3 97.7+0.1  79.1+07  94.8+05 97.1+0.2
Cashew 84.7£00  959+05 95.5+06  98.1%0.1 98.5+0.2 95.9+04 96.4+04  98.2+0:2 98.5+0.1 95.9+03 97.2+03  98.3+0:2 98.7+0.0
Chewinggum  93.3+00  96.0+04 90.1+£04  96.9+0.3 98.6+0.1 96.0+£03  93.1407  96.6+0.1 98.6+0.1 95.74£03 944405  96.8+0.1 98.5+0.1
Fryum 88.5+00  93.5+03 93.3+06  93.3+05 96.4+0.3 93.9+02 94.1+06  94.0+03 97.0+0.2 94.4+0.1  95.0+04  94.2+02 97.1+0.1

Macaronil 70.9+0.0  97.9+02 89.4+09  95.2+04 96.4+0.6 98.5+0.2 91.7+03  96.0+1.3 96.5+0.7 98.8+0.1  93.5+05  97.0+03 97.0+0.2
Macaroni2 59.3+00 94.1+1.0 86.4+1.1  89.1+1.6 96.8+0.4 95.2+04 90.1£08  90.2+1.9 96.8+0.6 96.4+02 90.2+03  93.9+03 97.3+03

PCB1 61.2+00 94.7+04 89.9+03  96.1+15 96.6+£0.6 96.5£1.5  90.6£0.6  97.6+0.9 97.0+0.9 96.8+£1.5 93.2+15  98.1+1.0 98.1£0.9
PCB2 71.6+0.0  95.1+02 90.9+14  95.4+02 93.0+0.4 95.7+0.1  93.9+09  96.0+0.3 93.9+0.2 96.3+0.0 93.7+1.0  96.6+0.2 94.6+04
PCB3 85.3+00  96.0+0.1 93.9+03  96.2+03 94.3+03 96.6+£0.1  95.1+05  97.1+0.1 95.1+0.2 96.9+0.0 95.7+0.1  97.4+02 95.8+0.1
PCB4 94.4+00  92.0£0.6 89.6+0.6  95.6+0.6 94.0+0.9 92.8403 90.7+£0.9  96.2+04 95.6+0.3 94.1+02 92.1+05  97.0+0:2 96.1+03
Pipe fryum 754400  98.4+02 97.2406  98.8402 98.3+0.2 98.7+0.1 98.1+04  99.1+0.1 98.5+0.2 98.840.0 98.5+0.1  99.1+0.0 98.7+0.1
Mean 79.6+0.0  95.6+04 89.9+08  95.4+06 96.4+0.4 96.2+04 92.0£07  96.1+0.5 96.8+0.3 96.6+03 93.2+05  96.8+03 97.2+0.2

Table 19. Comparison of anomaly segmentation (AS) performance in terms of class-wise pixel-AUROC on VisA. We report the mean and
standard deviation over 5 random seeds for each measurement.

VisA (AS) K=0 K=1 K=2 K=4
PRO WinCLIP SPADE  PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+ SPADE PaDiM  PatchCore WinCLIP+
Candle 83.5+00  95.6+05 81.5+53  92.6+04 94.0+0.4 95.6+04 87.3+12  93.4+06 94.2+0.2 95.7+0.1  88.3+0.7  94.1+04 94.4+02
Capsules 35.3+00  83.1x11 30.6£1.1  66.6+4.5 73.6+3.5 85.4+3.1 38.4+37  67.9+23 75.9+1.9 89.0+12 43.3+20  69.0+32 77.0+1.4
Cashew 76.4+00 89.8+11 734421  90.8+02 91.1+0.8 90.4+05 78.4+27 91.4+10 90.4+0.6 90.4+0.6 81.2+28  92.1+03 91.3+09
Chewinggum ~ 70.4+00  73.9+12 58.1+£06  78.2+13 91.0+0.5 73.8+1.1 63.7+24  78.0+0.4 90.9+0.7 727409 672418  79.3+£08 91.0+0.4
Fryum 77.4+00 83.7+12 Tl.l+16  78.7+23 89.1+1.0 84.5+09 71.2+08  81.4+28 89.340.2 86.2+09 73.2+13  81.0+12 89.7+0.5

Macaronil 343+00  92.0+06 622+44  83.4+13 84.6+2.3 93.9+0.8 71.8424  86.2+4.6 85.2+14 95.1+04  76.6+2.1 89.6+0.7 86.8+0.8
Macaroni2 214400  80.0+33 54.9+36  66.0+3.0 89.3+2.4 81.7+1.5 65.6+£34  67.2+65 88.6+1.7 86.0+£08 65.9+1.5  78.3+09 90.5+1.3

PCBI1 26.3+00 81.3+57 63.9+18 79.0+107 82.5+6.0 87.2+23  68.4+4.1 86.1+1.7 83.8+5.0 88.0+£27 702433  88.1426 87.9+2.1
PCB2 37.2+00  83.7+06 64.4+38  80.9+05 73.6+1.5 85.5+1.0 729+34  82.9+18 76.2+0.9 87.0+05 71.9+26  83.7+1.0 78.0+1.3
PCB3 56.1+£00  84.3+1.0 69.0+£12  78.1+2.0 79.5+25 86.1+0.6 74.0+23  82.2+1.1 82.3+18 87.7+06 77.2+08  84.4+19 84.2+1.0
PCB4 80.4+£00  66.9+20 59.1+18  77.943.1 76.6+4.1 69.3+£1.1  62.6+£36  79.5+48 81.7+12 74.7£10 679+26  83.5+25 84.2+07
Pipe fryum 82.3+00  94.3+05 83.9+08  93.6+0.5 96.1+0.6 95.0+02 86.9+09  94.5+0.4 96.2+0.6 95.0+03 88.7+£13  95.0+05 96.6+0.2
Mean 56.8+0.0 84.1+t16 64.3+24  80.5+25 85.1+2.1 85.7+£1.1 70.1+26  82.6+23 86.2+1.4 87.3+08 72.6+19 84.9+14 87.6+0.9

Table 20. Comparison of anomaly segmentation (AS) performance in terms of class-wise PRO on VisA. We report the mean and standard
deviation over 5 random seeds for each measurement.

VisA (AS) K=0 K=1 K=2 K=4
F-max WinCLIP SPADE  PaDiM  PatchCore WinCLIP+ SPADE  PaDiM  PatchCore WinCLIP+ SPADE  PaDiM  PatchCore ~WinCLIP+
Candle 225400  37.1+08 19.6+26  40.9+1.0 42.7+1.7 37.6+0.5 21.6+14  40.4+1.0 42.2+038 38.3+1.0 21.6+£07  41.0+1.0 43.0+£0.9
Capsules 9.2+0.0 28.5+78  2.3+02 35.7+6.8 58.2+13 37.4+84  3.0+04 37.8+5.7 57.0+3.7 48.0£20  3.9+04 47.0+3.0 59.8+1.8
Cashew 13.2+00  51.1+14 35.1449  60.4+1.1 59.5+2.1 52.8+12  40.8440  60.3+04 60.5+2.4 54.1+05 47.2+29  60.7+04 62.3+1.1
Chewinggum  41.1+00  58.7+11 19.7+20 64.5+£1.0 65.3+0.5 59.9+05 29.54+64  63.9+04 64.8+0.9 59.5+06 37.8+44  64.4+06 65.2+0.2
Fryum 22,1400  34.0+15 323415 372414 50.8+1.8 36.6+2.1  36.543.6  41.1+29 54.841.7 40.3+1.8  44.5+13  44.6+29 56.5+0.6
Macaronil 7.0+0.0 28.5+34  4.8+07 16.5+2.6 34.1+1.7 39.2435  5.5+12 20.0+8.2 33.2+19 37.6+58  7.0+0.7 21.6+19 33.8+09
Macaroni2 1.0+0.0 6.7+2.8 1.9+05 2.7+0.7 344430 8.6+1.8 2.4+0.1 5.1+23 299434 18.3+£30  2.4+03 10.9+1.7 35.1+25
PCBI 2.4+0.0 16.6+1.1  8.6+0.7 30.7+32 259426 34.8+199 8.9+05  47.7+197 34.6+162  37.1+£208 139436  55.9+203 50.94+20.4
PCB2 47400  35.0+19 9.8+22  33.3+10 18.7+1.5 39.2+1.1 16.6+25  33.3+0.6 24.0+1.1 42.6+1.0 15.843.0  33.6+03 27.8+1.9
PCB3 10.3+00 43.9+16 18.1+03  36.6+0.6 31.2+6.7 449407  20.6+16  37.1+02 37.1+2.8 47.5+07 22.4+13  37.3x0.1 42.5+1.1
PCB4 32.0+00 30.7+10 13.3+£15 34.8+14 22.8429 35.0+£34  15.5+16 409443 30.6+24 392452 19.8+25  44.1+44 31.9+430
Pipe fryum 123400  55.5+19 433436  62.6+26 51.842.0 59.3+14 529455  64.5+0.6 53.642.6 61.1407 582408  65.0+0.5 55.1+1.1
Mean 14.8+0.0  35.5+22 174417  38.0+19 41.3+23 40.5£37  21.1+24  41.0+£39 43.5+33 43.6+£36 24.6+18  43.9+3.1 47.0+3.0

Table 21. Comparison of anomaly segmentation (AS) performance in terms of class-wise F-max on VisA. We report the mean and standard
deviation over 5 random seeds for each measurement.
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