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In this supplementary document, to the main paper, we
provide the following:

A. Further comparisons on synthetic and scanned data

A.1. Additional visual comparisons on the Rue
Madame and Kinect datasets

A.2. Comparison of conventional methods on the
PUNet dataset with Gaussian noise and Kinect
dataset

A.3. Quantitative comparisons on PUNet dataset with
different noise patterns

B. Further ablations on iteration number

C. Ablation study on patch stitching

D. Filtering results for PointNet++ based encoders

E. Runtimes for learning based methods

A. Further Comparisons on Synthetic and
Scanned Data

In this section, we provide additional visual and quanti-
tative results on synthetic and scanned data.

A.1. Additional visual comparisons on the Rue
Madame and Kinect datasets

Table 2 and Fig. 7, of the main paper, present quantita-
tive results on the Kinect dataset and visual results on the
RueMadame dataset, respectively. To further demonstrate
our method’s robustness, in the presence of real world noise,
we provide visual results on two additional scenes of the
RueMadame dataset, given in Fig. 1. Moreover, we provide
visual comparisons of 4 scans from the Kinect v2 dataset in
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Fig. 2, which could not be included in the main paper due
to constraints of space.

As seen in Fig. 1, our method performs considerably bet-
ter compared to other methods when filtering noise for the
RueMadame scenes. In scene 3, the roof and body of the
vehicle is best filtered by our method while the filtering
results of other methods leave behind significant noise ar-
tifacts. Furthermore, as illustrated in Fig. 2, we are able
to better filter complex Kinect v2 scans, such as the model
of the Boy, as opposed to state-of-the-art methods. This is
supported by the results presented in Table 2 of the main
paper, where we achieve the best results on the CD metric.
It indicates that our method produces filtered point clouds
closer in point distribution, and proximity, to the clean point
clouds of the Kinect v2 dataset, than other state-of-the-art
methods.

A.2. Comparison of conventional methods on the
PUNet dataset with Gaussian noise and
Kinect dataset

In the main paper we were not able to present a compar-
ison of the filtering performance of conventional methods,
due to limited space. In Table 1 and Table 2, we present
quantitative results for the Bilateral filter [2], Jet fitting
mechanism [1] and WLOP regularization mechanism [4].
The Bilater filter relies on initial point normals which were
calculated using Principal Component Analysis (PCA) [3]
as it is a widely used normal estimation technique. WLOP
regularizes and downsamples noisy point clouds. These
must then be upsampled and we use the Edge Aware Resam-
pling (EAR) mechanism of Huang et al. [5] to accomplish
this.

In general, conventional methods perform poorly com-
pared to learning based methods. In addition, they require
parameter tuning to obtain best results which can be te-
dious and time-consuming. Methods such as the Bilateral
filter further rely on initial point normals to filter effec-
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