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Appendix
1. Experiment Details

We provide additional details on datasets used, experimen-
tal results and analysis.

1.1. Datasets

We pre-process the datasets according to the adaptation set-
ting. For Office-Home and DomainNet-126 in the closed-
set setting with no label distribution shift, we construct the
dataset such that sample size per class is the same across
domains. We sample the dataset by setting the class size as
the minimum size of that class across all domains. For each
domain, we randomly split the samples into 50% training,
20% validation and 30% testing. For the label distribution
shift setting, we maintain the sample size of each split, but
sample the datasets according to the original class distri-
bution for each domain. For the label space shift settings,
we remove classes from the source and/or target domains
according to Table 1 in main manuscript. For DomainNet-
345 and VisDA in the label shift settings, we directly use
the data in [1] and split it into training, validation and test-
ing sets.

1.2. Results
1.2.1 Method Effectiveness

We report detailed results of adaptation accuracy for each
of the 12 source-target domain pairs in Office-Home and
DomainNet-126 in Table 4 and 5, DomainNet-345 adapted
with DINOv2 encoder in Table 6, and DomainNet-345
adapted with CLIP encoder in Table 7. With our prior-
guided pseudo-labeling refinement strategy, the proposed
method achieves the best performance on the vast major-
ity of domain pairs across the adaptation settings tested. On
the remaining domain pairs, it achieves the second-best per-
formance in most cases.

*Contributed to this work while interning at A*STAR.

Method Open-set Open-partial Open-set Open-partial
(Common / Pvt) (Common /Pvt) (Common/Pvt) (Common /Pvt)

Office-Home DomainNet-126
S+T 72.6/43.7 75.0/52.6 66.2/40.4 69.8/47.0
CDAC 74.3/31.3 67.4/44.6 69.9/32.0 61.8/35.1
PAC 75.2/30.4 80.6/40.8 69.4/31.4 73.27/40.8
AdaMatch 76.3/35.5 80.6/46.5 70.4/33.5 74.8/43.7
“Proposed  76.7/467  79.2/54.8 72.4/485 T747/567

Table 1. Average target accuracy on common and target private
(Ptv) classes, trained with ResNet-34 backbone.

1.2.2 Private and Common Class Accuracy

The proposed method improves private class accuracy with-
out having to sacrifice common class accuracy. We study
adaptation accuracy on samples in common and target pri-
vate classes separately in open-set and open-partial set-
tings. In Table 1, while SSDA methods CDAC, PAC and
AdaMatch can achieve performance gains over S+T on
common classes, they suffer drastic performance degrada-
tion on private classes. For AdaMatch, accuracy on pri-
vate classes can be lower than that on common classes by
approximately 40% in open-set setting and 30% in open-
partial setting. With the proposed method, although the
performance gap between the two class groups still exists,
it generally improves private class accuracy without sacrif-
ing common class accuracy. In Table 2, we observe that the
UniDA method UniOT achieves the highest common class
accuracy in 5 out of 8 cases, but at the expense of private
class accuracy. Comparing methods with similar common
class accuracy, the proposed method improves private class
accuracy in most cases.

1.2.3 Transductive Performance

In Table 3, we provide results on the transductive per-
formance of the proposed method on Office-Home and
DomainNet-126. Classification accuracy is measured on the
unlabeled target samples used in training instead of the test
set. The proposed method achieves the best overall trans-



Method Open-set

(Common / Pvt)

Open-partial

(Common / Pvt)

(Common / Pvt)

Open-set Open-partial

(Common / Pvt)

DomainNet-345 (DINOv2)

VisDA (DINOv2)

S+T 77.1/62.0 71.8163.8 85.6/60.8 87.8/64.2
DANCE  77.2/60.0 77.6162.1 80.9/53.1 87.1/62.5
_UniOT  786/508 774/528 8997476 887/578
Proposed 764 763. 77.8766.1 87.9765.1 92.0763.
DomainNet-345 (CLIP) VisDA (CLIP)
S+T 81.5/60.0 81.9/61.4 92.7/65.0 92.7/67.2
DANCE  81.1/57.8 81.2/59.0 91.0/58.4 92.7/62.2
_UniOT 8307467 82.3/487 9M49/645  935/661
Proposed  81.2764.0 82.3766.0 9417724 9397658

Table 2. Average target accuracy on common and target private
(Ptv) classes, trained with frozen foundation model encoder and
learnable classifier.

Method Covariate Shift Covariate + Label Shift Overall
Closed-set Closed-set  Open-set  Partial-set  Open-partial
Office-Home

CDAC 68.8 £0.5 67.1+1.0 59.5+03 68.2+1.3 528 £1.5 63.3

PAC 67.4 £0.6 65.7+0.6 59.9+0.6 70.0=+1.2 60.6 +0.7 64.7
_AdaMatch 673 +1.0  66.2+06 622403 72407 63705 664

Proposed 71.6 £1.0 70.1+1.0 65.0+1.0 76.5+2.0  66.1+1.4 69.9

DomainNet-126

CDAC 70.8 £0.2 66.1 0.1 52.8+09 73404 443413 61.5

PAC 69.7 £0.3 649 £0.4 52.0+02 78.0+0.1 51.6 £0.3 63.2
_AdaMatch 665203 61.2202 530206 754209 53707 619

Proposed 72.3 £0.5 67.5+0.5 60.1+0.7 80.1+1.0 61.0+1.0 68.2

Table 3. Transductive target accuracy averaged across 12 domain
pairs for each dataset, trained with ResNet-34 backbone. Note
S+T is excluded as it does not train with unlabeled target data.

ductive performance on both datasets. Interestingly, trans-
ductive accuracy is lower than inductive accuracy in some
cases, e.g. all methods in Office-Home, as the models over-
fit wrong pseudo-labels to specific training examples.
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S—>T Closed-set w/o Label Distribution Shift Closed-set w/ Label Distribution Shift

S+T CDAC PAC AdaMatch  Proposed S+T CDAC PAC AdaMatch  Proposed

A—C | 603+0.7 622+1.0 64.0+24 628+1.0 66.7+1.8 | 556+1.2 60.8+1.1 57.9+1.0 594=+1.1 60.3+0.6
A—P | 73208 763+1.6 75005 763+05 77.7+19 | 729+1.1 74.1+02 71.9+08 754+06 77.0=13
A—R | 744+12 751+£1.0 73.0+0.5 752+0.3 759+1.0 | 749+0.7 74306 71.3+2.1 744+0.7 754+0.5
C—A | 584+0.7 62.0+0.7 581+14 614+1.9 641+21 | 565+0.5 59.4+32 547+1.8 59.0+0.9 62.0+0.2
C—P | 71.6+2.1 726«1.8 70416 729+1.1 775+24 | 70.7«1.3 739+15 713+05 71.6+x13 764 +0.8
C—R | 727+1.8 73.8+09 672+13 715+1.8 747+04 | 695+04 70.7+1.0 649+19 70.6=+1.1 72.1+0.3
P—A | 619+16 633+19 572+14 633+14 679+1.2 | 568+0.7 56.7+4.1 58.0+0.2 57.7+1.1 62.0=+0.8
P—>C |57.6+x1.6 613+03 619+22 622+1.1 65821 | 53.6+04 56.4+1.6 580+0.5 563+2.8 60.2+1.2
P—-R | 774+£03 773406 739+06 773+02 774+1.0 | 759+23 750+1.8 719+1.1 757+0.1 76.1+0.8
R—A | 682+0.7 693+12 657+05 695+0.1 71.1+04 | 63.0+0.8 64.0+3.7 64.1+04 629+2.2 68.6+1.4
R—C |599+0.7 633+12 635+09 644+05 66.6+0.6 | 56.6=+0.8 61.5+20 60.7+1.7 592+1.1 63.5=0.6
R—P | 797+14 795+1.8 781+1.1 79.1+0.9 82.0+1.3 | 759+1.2 782«£1.7 769+0.8 769 +0.5 79.4+0.8

Average 67.9 69.7 67.3 69.7 72.3 65.1 67.1 65.1 66.6 69.4

(a) Closed set and class distribution shift settings

S—=T Open-set Partial-set

S+T CDAC PAC AdaMatch  Proposed S+T CDAC PAC AdaMatch  Proposed

A—C |546£19 553+£20 573+12 578=1.6 60.0=0.7 | 61.7+3.1 569+24 600+25 695+3.0 715+1.5
A—P | 70.1+2.1 68.1+2.1 682+2.0 722+1.8 764+0.8 | 81.4+26 794443 794+1.6 819+1.2 84.3=1.0
A—R | 70.0+0.6 64.1+2.0 642+19 67.6+1.4 71.0+09 | 784+1.9 746<x1.6 76.7+2.8 802+2.4 82.6+14
C—>A | 545+1.0 524+14 495429 534+19 593+23 | 682+1.0 633+30 622+1.5 69.6+1.9 70.2+2.0
C—P | 69.8+0.7 67.1+06 666+1.0 704+23 75.0+1.9 |802+1.9 75812 76.1+1.2 789+12 82.0=+1.1
C—R | 66315 63.6+1.8 60.7+1.1 658+08 703+0.8 | 73.0+1.4 71.0+3.6 67.6+1.9 769 +3.0 80.3+1.6
P—A | 579+05 512+19 50.6+1.4 559+05 59.6=+1.0 | 71.5+26 645+40 656+2.1 69.1+05 74.3=+1.9
P—-C |540+21 522+43 579+0.8 56.1+3.5 59.2+04 | 59.1+2.8 563 +44 63.1+1.9 63.7+09 69.3+2.5
P—R | 69.6+1.3 659+19 66.0+0.1 685+0.0 729+03 | 81.2+1.5 764+0.7 758+3.3 802+2.6 84.3=1.5
R—A | 61.3+09 56.7+14 550+1.2 57.6+1.0 63.5+22 | 73.0+1.2 69.0+4.3 688+2.1 73.0+29 75.5+2.2
R—C | 564+09 57.0+23 59.1+27 575+1.1 59.0+24 | 629+2.6 56.7+63 614+25 668+33 71.5+3.5
R—P | 743+14 700+1.0 725+14 739+13 769+04 | 84.0+14 81.1+0.7 795+0.5 833+0.8 833+14

Average 63.2 60.3 60.6 63.1 66.9 72.9 68.7 69.7 74.4 774

(b) Open-set and partial-set settings

S—T Open-partial
S+T CDAC PAC AdaMatch  Proposed

A—C | 546+29 439498 585+19 552+1.0 555=1.1
A—P | 703+0.5 603+8.8 683+1.2 733+09 759=14
A—R | 739+15 622=+13 67.0+23 71.4+1.6 76.0+0.9
C—A | 587+3.1 50.1+24 515+£20 54.6+3.0 61.6=0.9
C—P | 704+1.0 664+09 684+27 722+08 751+2.2
C—R | 69.1£1.0 57.6+14 620+£1.0 679+1.3 73.7+1.0
P—A | 60025 537+29 544+1.6 588+15 64.0=1.2
P—C | 52113 494+19 557+31 544+£1.0 53.6+23
P—R | 704+0.7 633+42 658+03 70.6=+13 74.8=0.7
R—A | 61.9+3.7 526+02 555+1.8 594=+1.1 63.7+2.6
R—C | 543+03 488+7.0 58.6+2.6 56.0+23 56.6+0.9
R—P | 743+13 676+22 70.1+2.0 749+0.7 78.0+3.3

Average 64.2 56.3 61.3 64.1 67.4

(c) Open-partial settings

Table 4. Office-Home: Target domain accuracy for each source (S) to target (T) pair, trained on ResNet-34 backbone.



S—>T Closed-set w/o Label Distribution Shift Closed-set w/ Label Distribution Shift

S+T CDAC PAC AdaMatch  Proposed S+T CDAC PAC AdaMatch  Proposed

C—P [ 619+1.0 669+0.1 647+04 629+09 67.0+14 | 553+0.0 61.5+02 603+0.7 572+14 63.7+0.5
C—R | 723+0.5 755+0.5 752=«1.1 753+0.5 784+0.6 | 69.0+09 73413 71.5+03 71.7=+1.1 754+0.7
C—S |[594+03 658=+1.8 669+0.7 634+0.7 67.9+1.2 | 522+0.5 59.4=+1.1 581+0.6 54.1+09 61.6+0.8
P—-C | 624+0.6 70.7+1.0 70.7+03 650+05 73.3+0.2 | 549+04 62.0+1.8 655+13 585+1.1 66.6+0.4
P—R | 76604 778+02 77.8+0.5 76.7+03 79.0+0.2 | 73.0+1.0 753+0.6 733+1.0 73.6+0.6 76.1+0.3
P—S | 563+13 649+0.6 649+12 60.7+0.8 67.2+1.5 | 495+05 602+1.0 593+1.6 553+03 61.5=+1.0
R—C | 583+0.2 67.7+04 662+29 63.6+1.1 71.1+04 | 54.6+1.0 63.6+09 645+05 583=+1.3 66.7+1.1
R—P | 63.8+04 669=+1.1 66.6+0.1 643+04 68.5+0.7 | 60.8+0.3 67.1+£0.5 654+0.8 619+1.6 67.6+04
R—S | 524+1.6 625+04 63.1+0.8 585+0.5 66.0+03 | 47.9+03 582+05 582+13 523+1.7 60.1+0.0
S—C | 669+0.7 72.7+09 73.0+02 69.0+0.6 75.1+1.5 | 61.3+03 66.8+0.5 674+08 624+1.1 69.5+0.8
S—P | 63.6+04 67.6+03 662+0.8 65305 69.3+0.2 | 594+03 643+07 62.6=0.1 599+09 64.6=1.0
S—R | 733+0.6 77.0+03 742=+1.0 757+0.5 784+0.5 | 68.1+0.9 72205 68.6+0.5 71.0+0.8 74.0+0.4

Average 63.9 69.7 69.1 66.7 71.8 58.8 65.3 64.6 61.3 67.3

(a) Closed set and class distribution shift settings

S—=T Open-set Partial-set

S+T CDAC PAC AdaMatch  Proposed S+T CDAC PAC AdaMatch  Proposed

C—P |522+04 50.0+05 468+1.6 502+1.1 57.4+0.7 | 72.6+1.3 748+08 752+1.5 739+0.7 78.5+1.0
C—R | 68.0+1.1 657+1.7 621+1.1 654+19 72.6+0.9 | 81.8+0.3 823+1.2 83.7+1.8 83.1+1.3 859=+1.1
C—S |464+1.6 448+19 468+04 474+0.6 53.8+04 | 68.5+09 703+20 73.7+0.3 724+04 76.0+0.3
P—C |50.1+1.5 49.0+22 480+1.5 505+0.5 60.9+0.1 | 68.7+0.1 73.2+28 786+1.5 759+1.1 81.6+0.1
P—R | 694+12 672+1.1 637+0.7 649=+1.5 729+1.5 | 83.6+0.5 82.6=+1.1 84.6+0.5 83.6+2.0 86.1+0.9
P—S | 455+05 43.7+1.7 472+0.8 46.8+1.1 542408 | 64.0+1.2 69.6+0.1 729+03 70.6+0.6 74.7+0.7
R—C | 477+14 473+27 474+0.7 488+2.1 58.7+1.0 | 649+25 74.6+0.7 78.0+0.7 747=+1.7 79.9+3.8
R—P | 535409 48.6+4.8 487+0.5 49.6+2.0 57.2+09 | 752+0.6 76.4+04 769+0.8 753+1.0 79.4+0.5
R—S | 419+0.5 41.7+08 46.6+0.9 457+1.6 524+1.0 | 60.3+1.5 658=+1.5 71.9+0.6 67.2+1.0 72.4+2.6
S—C | 532+0.8 50.0+2.0 509=+1.1 51.3+2.1 62.0+1.1 | 73.9+04 76.0+0.7 80.4+09 79.1+0.8 83.8+0.8
S—P | 525+04 495436 47.8+1.1 51.0+1.1 583+0.6 | 753+0.5 756+09 76.6+1.1 750+0.7 78.5=17
S—R | 684+1.1 67.7+1.6 62.6=+0.7 655+1.7 73.6+0.9 | 822+0.3 81.9+1.8 823+1.5 848+1l5 87.2+1.3

Average 54.1 52.1 51.6 53.1 61.2 72.6 75.3 71.9 76.3 80.3

(b) Open-set and partial-set settings

S—=T Open-partial
S+T CDAC PAC AdaMatch  Proposed

C—P | 524+02 472+43 469+13 51909 60.8+1.2
C—R | 69705 534+178 63.1+£32 67707 74.7+0.3
C—S | 442421 423+19 470437 463+24 53.3+2.9
P—C | 513+1.6 474+1.1 475+21 500+1.0 59.4=+29
P—R | 70.7+03 449+19.2 650+1.6 67.0+1.2 764+0.5
P—S | 45123 421+26 459+1.7 46.6+3.1 54.4+2.0
R—C | 50.7+1.6 48.7+14 47.6+35 502+1.8 59.9+2.0
R—P | 53.6+04 260=+113 499+1.0 51.2+1.6 61.5=0.2
R—=S | 424+19 233+97 454+3.0 444+3.0 522+1.7
S—C |53.0£19 499+04 488+12 51.1+1.3 61.3+14
S—P | 51.2+04 488+1.8 468+19 50.1+09 60.8+04
S—R | 67.8+0.5 49.7+158 61.1+33 674+02 74.9+0.6

Average 54.4 43.7 51.2 53.7 62.5

(c) Open-partial settings

Table 5. DomainNet-126: Target domain accuracy for each source (S) to target (T) pair, trained on ResNet-34 backbone.



S—>T Closed-set w/ Label Distribution Shift Open-set
S+T DANCE UniOT Proposed S+T DANCE UniOT Proposed

C—P | 690+03 68.6+04 67.4+02 69.7+0.6 | 64.6+03 633+04 592+02 658=0.2
C—R | 79.8+04 79.6+0.3 78.3+0.1 80.3+0.3 | 76.0+0.5 749+0.6 70.7+0.6 78.5+0.3
C—S | 693+0.1 69.6+0.1 69.1=+0.1 70.0=+0.2 | 61.3+0.2 60.1+0.5 552+04 61.2+0.1
P—C | 754+0.1 755+02 739+06 76203 | 71.0+04 70.0+04 655+0.8 70.9=05
P—R | 80.1+0.1 79.7+04 783+0.2 80.5+0.2 | 75.8+0.8 750+1.1 70.1+09 78.2+0.6
P—S | 68.1+03 68.7+04 67.6+0.1 69.3+04 | 61.6+0.3 60.3+0.5 549+0.3 61.6+0.4
R—C | 754+0.2 76.2+0.2 759+0.2 76.2+0.2 | 71.3+0.3 70.1+0.2 65.7+0.7 71.1+0.3
R—P | 703+£02 709=+0.1 70.1+02 713+0.2 | 64.6+02 633+02 57.8+0.5 652=+0.3
R—S | 67.8+£03 68.6+0.5 68.1+0.1 69.0=+03 | 61.3+0.3 602+09 552+02 604=+03
S—C | 77.6 0.1 77.9+0.2 769 +0.5 78.0+0.6 | 71.1£0.5 69.9+0.3 64.3+03 71.7+0.7
S—P | 70.0+0.2 70.2+0.1 68.7+0.5 71.1+0.1 | 64.1 +0.3 63.2+0.3 58.3+04 65.1+0.0
S—R | 80.7+0.2 80.0+0.3 79.1+0.2 81.0+0.2 | 76.1+0.7 75.1+0.7 70.7+0.7 78.3+0.5

Average 73.6 73.8 72.8 74.4 68.2 67.1 62.3 69.0

(a) Label distribution shift and open-set settings

S—T Partial-set Open-partial
S+T DANCE UniOT  Proposed S+T DANCE UniOT  Proposed

C—P | 758+£0.7 757+0.7 708+0.6 78.0=+0.6 | 683+09 67.5+09 642+09 69.7+0.8
C—R | 843+04 84.0+0.1 79.8+0.3 85.1+0.2 | 782+0.3 77.3+03 73.4+0.1 80.5+0.4
C—S | 783+£02 79.1+£04 74.0+03 79.4+0.2 | 61.0+0.1 593+0.5 549+0.5 61.3=0.1
P—-C | 84.1+08 849=+1.0 79.7+03 85.6+0.7 | 73.0+0.6 72.0+0.6 66.8+04 74.0+0.4
P—+R | 84.1+0.1 84.1+02 79.0+03 85.0+0.2 | 78.1+0.7 77.5+04 71.8+0.3 80.0=0.5
P—S | 77.8+0.5 78.8+0.5 72.8+0.8 79.1+04 | 61.1+0.1 59.9+0.4 542+0.2 61.5+0.6
R—C | 851+0.3 86.1+0.5 81.3+0.9 86.8+0.1 | 73.3+0.5 72.4+0.7 66.7+0.5 74.2+0.6
R—P | 76.8+0.1 773+04 71.8+03 784+03 | 69.1+0.5 68.0+0.7 64.0+04 70.0=0.7
R—S | 77804 789+05 752+03 79.4+03 | 61.0+0.1 602+02 547+0.5 60.9=0.8
S—C | 8.5+0.1 86.5+0.7 80.0+0.7 86.9+0.2 | 73.5+0.6 72.4+04 655+09 751+04
S—P |763+0.7 77.1+06 71.1+0.7 78.6+0.3 | 683+0.7 673+1.1 634+04 69.8=0.8
S—R | 84.7+02 84.2+0.1 78.8+0.2 854+0.2 | 782+05 77.5+03 729+0.1 80.6+0.3

Average 80.9 81.4 76.2 82.3 70.3 69.3 64.3 71.5

(b) Partial-set and open-partial settings

Table 6. DomainNet-345: Target domain accuracy for each source (S) to target (T) pair. Traing is performed with frozen DINOv2 encoder
dino2_vitl14 and learnable classifier.



S—>T Closed-set w/ Label Distribution Shift Open-set
S+T DANCE UniOT Proposed S+T DANCE UniOT Proposed

C—P | 731+04 72.6=+0.5 72.7+04 728+0.6 | 64.0+0.3 62.8+0.7 57.5+40.7 66.4+0.4
C—R | 84904 84703 84.0+0.2 85.0+0.4 | 78.1+03 76.6+04 70.8+0.8 81.4+0.6
C—S | 727+02 723+0.7 733+0.2 73.0+04 | 61.2+0.5 59.5+0.5 539+0.6 62.1=0.7
P—C | 783+03 77.7+03 77.8+0.2 78.6+0.5 | 72.1+0.8 71.1+0.6 663=1.1 749 +0.8
P—R | 838+02 835+03 828+0.1 84.0+0.2 | 77.6+04 76.1+0.6 69.6+0.9 81.0+0.2
P—S | 709+0.7 70.6+04 71.3+0.6 712404 | 60.9+1.0 59.6+1.2 533+0.7 62.2+0.8
R—C | 79.6+04 794+0.2 80.7+01 79.9+0.2 | 729+0.6 71.1+0.8 66.4+09 754+0.8
R—P | 739+0.1 733+02 74.7+0.2 73.9+02 | 63.7+0.5 624+03 56.1+04 658 +0.4
R—S | 71.6+£08 71.5+02 73.0+0.2 72.1+04 | 61.5+0.8 603=1.1 54.1+02 61.8=1.1
S—C | 80.2+0.2 80.0+0.5 80.9+0.2 80.8+0.2 | 73.0+0.5 71.5+0.7 658+1.0 75.2+0.6
S—P | 739+02 734+03 73.6+04 74.0+0.3 | 63.8+0.3 62.2+04 57.0+04 66.0+0.5
S—R | 8.1+03 85.1+0.2 84.0+0.2 854+0.2 | 77.9+04 76.4+05 70.7+09 81.2+0.7

Average 71.3 71.0 774 71.5 68.9 67.5 61.8 71.1

(a) Label distribution shift and open-set settings

S—T Partial-set Open-partial
S+T DANCE UniOT  Proposed S+T DANCE UniOT  Proposed

C—P | 81.2+03 80.1+02 792+0.6 81.5+03 | 68.7+0.7 66.6+09 644+04 71.2+0.9
C—R | 89.1+0.2 89.1+0.3 86.7+0.1 89.2+0.1 | 80.3+0.4 78.4+03 743+0.5 83.3+0.3
C—S | 80.5+05 80.7=+03 78.0+05 80.3+0.0|61.4+04 60.0+03 546+02 63.3+04
P—C | 8.1+02 86.0+03 835+0.7 862+0.5 | 745+0.8 72.8+0.8 683+03 76.9 +0.6
P—+R | 88.0+04 882+04 850+04 885+0.5|795+03 779+03 720+0.6 82.7=+0.1
P—S | 786+1.1 794402 765+0.3 79.9+0.1 | 61.2+0.5 59.9+0.3 53.6+0.8 63.2+0.4
R—C | 87.0+0.2 87.3+0.2 849+0.3 87.6+0.5| 75.1+0.7 73.5+04 67.8+0.7 77.0+1.1
R—P | 80.8+0.3 80.1=+04 77.7+0.7 80.5+0.7 | 68.7+0.5 67.3+0.8 623+04 71.1=+1.0
R—S | 80.4+0.5 802=+04 788+03 80.4=+0.1|614+0.8 60.1+0.2 54.7+0.6 63.2=0.8
S—C | 874+02 87.6+0.1 839+0.5 875+0.6 | 747+1.2 73.4+09 673+04 769 +0.8
S—P | 81.8+04 815+0.7 78.7=+04 82303 | 682+0.8 66405 635+05 71.3=+0.5
S—R | 88.7+0.1 89.0+0.2 86.3+0.1 89.3+0.3 | 80.0+04 78.6+0.3 74.0+0.6 83.5+0.2

Average 84.1 84.1 81.6 844 71.1 69.6 64.7 73.7

(b) Partial-set and open-partial settings

Table 7. DomainNet-345: Target domain accuracy for each source (S) to target (T) pair. Traing is performed with frozen CLIP encoder
ViT-L/14@336px and learnable classifier.



