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In this supplementary material, we provide a user study
to evaluate perceptual quality of our approach over baseline
methods in Section 1. We further provide a qualitative ab-
lation study on the influence of camera pose accuracy over
the stylization quality (Section 2). In Section. 3, we even
evaluate our approach on single-shot 3D stylization. Please
also find our training exemplars in Fig. S3 and more visual
results and comparison in the supplementary html page.

1. User Study

Table S1. User Preference Score(PS) for different 3D stylization
methods

Ours  AgileGAN-EG3D  Toonify-EG3D
PST 75.5% 0.6% 23.9 %

We conduct a user study with 20 participants to select the
best stylized images in term of user similarity and percep-
tual quality, between our method and baseline approaches
(AgileGAN-EG3D and Toonify-EG3D). Each participant
was shown 16 questions randomly selected from a ques-
tion pool containing 200 examples (using test images with
indices 0-200 in the CelebA-HQ dataset). The preference
score (PS) is evaluated as the preference ratio of all the se-
lections. Table. S1 shows that results from our proposed
method have the majority preference.

2. Camera Pose Ablation Study

In Fig. S1, we qualitatively evaluate the effect of camera
pose accuracy over the stylization quality to further demon-
strate the benefits of our style prior. The experiment is per-
formed over Ukiyoe style, over which even the state-of-the-
art pose estimators [2, 3] fail to detect human and obtain
3D camera pose. In contrast, our approach does not rely on
pose estimation from stylized images but is always able to
obtain accurate camera labels estimated from the paired real
images, even for non-realistic or abstract styles. To conduct
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a fair comparison on 3D stylization, we use the same train-
ing data with three different settings for camera pose: 1)
camera pose obtained from its paired real images with our
style prior. 2) random camera poses towards frontal face. 3)
a constant frontal camera pose. With accurately estimated
camera poses for the volume rendering and dual discrimi-
nator, our method achieves the best 3D stylization quality.

3. Single-shot 3D Stylization

Our pipeline is a general framework for 3D stylization
where the 2D style prior can be even created from a sin-
gle style exemplar. Here we employ the recent one-shot
2D stylization pipeline [1] and train the style prior using a
single style exemplar. Combined with our proposed aug-
mented transfer learning strategy for 3D GAN, we success-
fully demonstrate 3D view-consistent stylization in Fig. S2.
We note that compared to few-shot learning, one-shot styl-
ization might reduce the generative diversity but it is more
a limitation in 2D single-shot approaches.
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Figure S1. Our style prior enables accurate pose estimations from paired real images, with which we observe superior perceptual quality
and user similarity in 3D stylization. Direct pose estimation from Ukiyoe style images fails.
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Figure S2. Our pipeline supports one-shot stylization and enables multi-view synthesising.

(c) Comic style.

Figure S3. The few-shot training style exemplars.
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