










Source IDS (Ours) CDS DDS PnP P2P

“Bicycle” → “Neon BMX bicycle”

“A photo of shark” → “A photo of dolphin”

“Oil painting of a standing girl holding a goat” → “... a polar bear”

“Photo of a smiling woman holding a telephone” → ‘... a black bird”

“Colorful fruits in coconut bowl” → “... green bowl”

Figure 4. Qualitative results of InstructPix2Pix dataset [2]. Our method successfully edits the image aligning with the target text prompt
while preserving the structural integrity of the source image.

image best fits the text condition? 2. Which image best
preserves the structural information of the original image?

User Preference Rate (%) GPT score [19]
Metric Text (↑) Preserving (↑) Quality (↑) Text (↑) Preserving (↑) Quality (↑)
P2P [7] 11.13 4.80 8.09 5.66 5.37 5.77

PnP [26] 7.72 7.17 6.93 6.54 6.77 6.74
DDS [6] 20.30 10.82 16.23 7.60 7.51 7.37
CDS [17] 17.02 16.72 17.08 8.26 8.00 8.09

IDS (Ours) 43.83 60.49 51.67 8.97 9.00 8.80

Table 2. User study and GPT scores [19] show that our method
achieved the highest scores across all questions for image editing.

3. Which image has the best quality for text-based image
editing? Additionally, we measure the GPT score using
the Dreambench++ [19] method, which generates human-
aligned assessments for the same questions by refining the
scoring into ten distinct levels. As shown in Tab. 2, our
method receives the highest ratings for all questions.

5.2. Editing NeRF

We conduct experiments involving 3D rendering of edited
images to demonstrate the effectiveness of our method in
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