




















Figure 7. Qualitative Ablation Study. In ”w/o temp-sat”, we
show five independently generated ground views without either
satellite or temporal conditioning, leading to random and unstruc-
tured outputs. In ”w/o sat”, with a randomly generated initial
view, our satellite-temporal denoising process manages to approx-
imate the ground layout in adjacent views, demonstrating some
consistency. ’w/o temp” illustrates that while the satellite-guided
denoising process alone can capture the basic ground layout, it
falls short in maintaining visual coherence across neighboring
views.

cess, we see that, although the initial view lacks ground lay-
out accuracy, subsequent views gradually recover the layout
and maintain consistency across neighboring frames.

4.4. Generalization

To demonstrate the effectiveness of our method for satellite-
to-ground cross-view generation and highlight its gener-
alization capability, we conducted additional experiments
on the HoliCity dataset [45]. As HoliCity includes only
ground-level imagery and 3D models, we collected satel-
lite imagery from online sources and applied our approach
to generate ground views. For each scene, we established
ground-view navigation trajectories with a step size of 10
meters, using perspective camera settings directed toward
the left-forward, right-forward, left-rear, and right-rear an-
gles. We qualitatively compared our method with GVG [39]
on selected scenes, as shown in Fig. 8. Our approach consis-
tently generates frames with high spatial and angular con-
sistency across different positions and view angles. In con-
trast, GVG produces more variable building appearances,
displaying low consistency across multiple views.

Method SSIM (1) LPIPS(l) FVD! ,, (1)
w/o temp-sat 0.106 0.654 34.83
w/o sat 0.159 0.630 22.19
w/o temp 0.176 0.575 19.21
Ours 0.231 0.542 16.83

Table 2. Abalative evaluation of our method. We quantitatively
evaluate the influence of different components.

Figure 8. Ground views generated on the Holicity [45] dataset.
Our method demonstrates superior generalizability and multi-view
consistency compared to GVG [39].

5. Conclusion

In this paper, we present a novel framework for predict-
ing multiple consistent ground-view images from multi-
view satellite imagery. Our approach introduces a satellite-
guided denoising process that guides a standard LDM to ac-
curately generate ground views corresponding to the input
satellite data. Additionally, we propose a satellite-temporal
denoising process, enabling the generation of multiple con-
sistent ground views by conditioning on both satellite data
and the initially generated view. We also introduce a new
satellite-to-ground dataset, supporting large-scale ground
scenes and video generation from satellite imagery. Our ex-
periments show that our method achieves a substantial per-
formance improvement over existing baselines, producing
photorealistic and consistent ground views from multi-view
satellite images.
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