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Supplementary Material

1. Benchmarks

We utilize commonly used Emojis&Icon datasets for evalu-
ation following [1, 2, 4, 5]. We also use the Clipart dataset
that contains 200 images introduced by [2]. To make com-
parisons on natural images, we follow [3] to use ImageNet
as a benchmark. Most compared methods, including ours,
are based on single-image iterative optimization. Consider-
ing the optimization time, we randomly sample 500 images
from the ImageNet dataset for evaluation. Additionally, we
select representative samples from all benchmarks used in
this work, as illustrated in Fig. 1 (next page).

2. More Qualitative Comparisons

We have shown extensive qualitative comparisons of natural
images in our paper. Here, we supplement more qualitative
comparisons on Emojis&Icon (Fig. 2) and Clipart (Fig. 3).
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Figure 2. Comparisons on Emojis&Icon datasets. We also show
shape/texture editing results of our method.

3. More Results on Natural Images

To show the effectiveness of our model, we show more
experimental results on high-resolution natural images
(Fig. 4). In addition to the high quality reconstruction re-
sults, we also show accurate and realistic shape/texture edit-
ing results—something that previous parametrized repre-
sentation methods have never achieved.
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Figure 1. Samples of all used benchmarks.
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Figure 3. Qualitative comparisons on Clipart dataset. Please zoom in for visual differences. We also show the shape/texture editing results
of our method. We use red boxes to indicate the edited shapes and blue arrows to indicate texture transfer.
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Figure 4. More results on natural images. We also show the shape/texture editing results of our method, which have never been achieved
by other methods. We use red boxes to indicate the edited shapes and arrows to indicate texture transfer. Please zoom in for more details.
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