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6. Exact numbers

For completeness, we also show the exact performance
numbers for the results shown in Figures in Sec. 4. For
thresholds and temperatures, the numbers are displayed in
Tab. 5 and Tab. 6 for 2.5% of the labels, respectively. For
10%, we refer to Tab. 7 and Tab. 8. In addition to these,
the performance for feature similarity loss with different
weights is shown in Tab. 9 and Tab. 10 for 2.5% and 10% la-
bel utilisation, respectively. The validation performance for
teacher fusion over various ranges is provided in Tab. 11 and
Tab. 12 for 2.5% and 10% label utilisation. We also exper-
iment with the amount of samples to use in addition to the
center sample in Tab. 13. For the test performance across
multiple label utilisations, the numbers for both Argoverse
2 (AV2) and nuScenes are shown in Tab. 14. Finally, Tab. 15
provides the performance for city adaptation for both Argo-
verse 2 and nuScenes when varying the amount of unla-
belled data.

Table 5. Validation performance (mloU) for different thresholds
on Argoverse 2 2.5% of the labels utilised.
Thresholds 0.55 0.6 0.65 0.7 0.75 0.8 0.85 0.9

Thr. 24.1 26.8 25.9 23.6 25.7 23.6 24.6 22.3
Thr+Hard 24.4 26.6 25.2 25.5 24.2 25.0 23.7 24.6

Table 6. Validation performance (mloU) for using sharpening with
different temperatures on Argoverse 2 2.5% of the labels utilised.

Temperature  0.05 0.1 0.25 0.5 075 0.95
No Thr. 276 253 274 271 270 26.1
Thr. 243 262 274 253 257 262
Thr.+Hard 242 251 253 263 269 244

Table 7. Validation performance (mloU) for different thresholds
on Argoverse 2 10% of the labels utilised.

Thresholds 0.55 0.6 0.65 0.7 0.75 0.8 0.85 0.9

Thr. 33.6 33.9 334 33.3 33.0 324 32.1 309
Thr+Hard 34.8 34.7 34.4 33.7 33.3 32.3 314 314

Table 8. Validation performance (mloU) for using sharpening with
different temperatures on Argoverse 2 10% of the labels utilised.

Temperature  0.05 0.1 0.25 0.5 075 095
No Thr. 35.0 34.8 349 347 338 346
Thr. 342 353 348 342 329 335
Thr.+Hard 34.6 348 344 349 339 341

Table 9. Validation performance (mloU) for feature similarity loss
with different weights on Argoverse 2 2.5% of the labels utilised.

Weight 0.05 0.1 0.25 0.5 1.0 1.5 2.0 2.5
MSE-pre 243 254 260 222 233 200 231 225
MSE-post 24.3 225 225 231 243 225 234 241
COS-pre 253 253 248 250 234 249 246 229
COS-post 234 251 234 236 255 261 244 254
Table 10. Validation performance (mloU) for feature similarity
loss with different weights on Argoverse 2 10% of the labels
utilised.
Weight 0.05 0.1 0.25 0.5 1.0 1.5 2.0 2.5
MSE-pre  33.7 328 323 325 324 300 288 241
MSE-post 33.6 334 323 319 312 293 28.0 28.0
COS-pre 344 338 344 344 341 338 344 332
COS-post  34.0 348 354 351 344 348 334 314

Table 11. Validation performance (mloU) for teacher fusion over
various ranges on Argoverse 2 2.5% of the labels utilised.

Ranges 10 15 20 25 30 35 40

Probs. 27.727.727.227.6 28.428.7 26.8
Probs.+Thr. 25.5 25.9 27.3 28.2 26.9 27.5 26.7
Feats. 24.125.624.8 23.6 23.1 25.8 26.2
Feats.+Thr. 26.5 26.6 27.0 26.5 26.1 26.7 25.6

Table 12. Validation performance (mloU) for teacher fusion over
various ranges on Argoverse 2 10% of the labels utilised.

Ranges 10 15 20 25 30 35 40
Probs. 36.2 35,5 36.5 36.1 355 358 359
Probs.+Thr. 359 36.2 364 354 357 358 36.0
Feats. 340 345 342 344 343 340 344
Feats.+Thr. 34.2 34.0 348 341 344 354 346

Table 13. Multi-step Fusion with varying numbers of additional
samples within a 20m range using 10% of labels. The best results
are achieved with 4 additional samples.

Additional samples
2 4 6

34.6 35.0 30.2
324 32.8 26.1

Probs
Feats




Table 14. Test performance (mloU) for multiple label utilisations for both Argoverse 2 (AV2) and nuScenes (nuSc).

+Unlbld Label utilisation
Data 2.5% 5% 10% 25% 50% 100%
o X 7509 94%01 106202 234%05 33807 402207
<>ﬂ V4 28.9i1'2 33.8:t0'6 36.7i0'9 37.4:|:0.8 39.6i0'3 _
3 X 5608 72%23 16,6530 245%22 274%27  98,6%24
g v 155512 22.0%16  251F9  27.4%18  78%28 —

Table 15. Performance (mloU) for city adaptaion for both Argoverse 2 and nuScenes when increasing amount of unlabelled data.

Fold # unlabelled target sequences Using target
o 0 25 50 100 200 labels
PIT-MIA — Rest 33.6 344 355 375 372 38.9
AV2  MIA-Rest — PIT 36.3 38.7 40.0 40.2 40.7 41.2
PIT-Rest — Mia 345 36.1 375 37.8 385 40.2

nuSc Boston — Singapore 11.1 12.6 153 17.0 17.7 27.0
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