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Pose Estimation Implementation Details

For the pose experiments, we use the iRodent and Horse-30 parts of SuperAnimal Quadruped dataset
and the provided training-test splits. The dataset is available here: https://zenodo.org/records/
14016777

Following the protocol of SuperAnimal, we evaluate on cropped animals (bounding boxes are provided
in the dataset). RMSE scores are computed in the original image space. For mAP computation we use
pycocotools and set detections scores to 1 for all detections.

Hyperparameters

Below we provide the hyperparameters for all datasets.

n-iterations bs Ir val_interval ~ wd amp cos.r
Leaf 500 32 0.001 50 001 Vv v
Camo 1000 32 0.001 100 001 VvV -
Trans10k 3000 32 0.001 250 001 VvV -
iRodent 2500 16 0.001 - 001 Vv v
Horse10 10000 16 0.001 - 001 VvV v
PlantDoc 7000 32 0.001 250 001 VvV -
BSDS500 3000 32 0.001 250 001 Vv v

Table 1: Hyperparameters of the experiments.

Model Details: Implicit MLP

Input (4D) for position p¥ € R? in the feature volume and query position p? € R2, which are both
normalized to be in [0, 1], the MLP receives the following input vector [p' —pl, p¥ —p7, (pf' —pd)?, (pF -
pi)?.

The implicit MLP has this architecture:

[Linear (4, 32), Sine, Linear (32, 32), Sine, Linear (32, 8)]


https://eckerlab.org/code/lidere
https://zenodo.org/records/14016777
https://zenodo.org/records/14016777

Visualizations

We visualize the prediction of our model with different backbones and the linear evaluation baseline (Figure 1).

Repetitions

To increase the reliability of our reported scores, we average the scores of three training runs for all detection
(Table 2) and pose estimation experiments (Tables 3). Below all scores are reported.

mAP 1 mAP50 1
1 2 3 1 2 3

ours 496 45 469 709 663 689

ours + LoRA 482 453 475 686 68.0 66.8

ours (ViT-L) 49.7  52.1 51 72.6 755 726

ours (ViT-L) + LoRA 482 535 515 662 731 69.1

no interp. prior (I) 40.5 408 424 629 648 654

no feedforward (F'F’) 454 463 439 653 664 655

no content-guided att. (Ac) 42.7 41.8 44.1 625 63.1 649

none (I, FF, Ac) 39.0 38.1 342 618 608 575

Lin. eval 249 251 262 506 519 511

Lin. eval + LoRA 263 26 257 529 515 518

Table 2: Three repetitions for object detection on PlantDoc
iRodent Horsel0
RMSE | mAP 1 RMSE | mAP 1
1 2 3 1 2 3 1 2 3 1 2 3

ours 30.7 300 299 704 710 706 3.12 343 324 879 862 870
ours + LoRA 30,5 300 289 716 736 733 178 173 171 938 945 9438
ours (ViT-L) 278 282 294 739 729 71.6 289 221 217 904 934 934
ours (ViT-L) + LoRA 28.0 27.1 288 727 737 750 158 155 157 965 964 96.0
no interp. prior (I) 319 342 340 680 679 674 461 45 413 81.6 821 835
no feedforward (F'F’) 33,5 320 317 652 688 675 333 295 3.06 870 875 873
no content-guided att. (Ac) 30.3 305 314 702 710 693 335 356 367 869 856 854
none (I, F'F, Ac) 356 343 345 614 621 635 437 412 442 819 823 822
Lin. eval 524 524 527 470 473 465 741 741 74 68.0 67.8 679
Lin. eval + LoRA 39.1 355 332 562 619 641 231 243 237 894 887 89.7

Table 3: Three repetitions for pose estimation.
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Figure 1: Visualization of the keypoint heatmaps of thé iRodent dataset. Each color corresponds to a different
keypoint.
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