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A. Rationale

Having the supplementary compiled together with the main

paper means that:

e The supplementary can back-reference sections of the
main paper, for example, we can refer to introduction;

e The main paper can forward reference sub-sections
within the supplementary explicitly (e.g. referring to a
particular experiment);

¢ When submitted to arXiv, the supplementary will already
included at the end of the paper.

To split the supplementary pages from the main paper, you

can use Preview (on macOS), Adobe Acrobat (on all OSs),

as well as command line tools.

B. Realted Work

Generative models for image editing. Image editing has
seen remarkable progress driven by diffusion-based gener-
ative models [1-3, 5-7, 10-12, 14, 18, 19, 22-24]. Existing
techniques can be broadly divided into inference-time zero-
shot methods that edit images by manipulating the diffusion
process itself (such as PnP [18], Prompt2Prompt [12], and
MasacCtrl [3]), and training-based methods, which achieve
editing by fine-tuning latent diffusion models (represented
by ControlNet [25] and T2I-Adapter [13]). However, these
methods remain tailored to single-image editing. When
applied to a group of related images, they often fail to
maintain coherence in appearance and structure, result-
ing in inconsistencies. Existing efforts to enforce consis-
tency, whether by propagation [19] or attention-based cor-
respondences [3, 12], are limited to small inputs and break
down under complex geometric variation, in part due to the
scarcity of suitable paired training data. In response, we for-
malize the problem of Group-Image Editing and introduce
GroupEditing: a trainable framework that views related im-
ages as pseudo video frames to inherit implicit consistency
priors from video models, while additionally incorporating

an explicit correspondence module to ensure reliable align-
ment.

Video prior for editing task. Video generative mod-
els [4, 16, 17, 26, 27] provide powerful temporal consis-
tency priors that can be effectively leveraged for image edit-
ing. Existing studies generally follow two directions: uti-
lizing video data for training data curation and leveraging
video models for inference-time guidance. For the former,
Bagel [9], UniReal [8], and OmniGen [21] sample tempo-
rally coherent frames from video data to create high-quality
training sequences, a strategy that implicitly injects struc-
tural and appearance continuity into the resulting image
models. For the latter, Frame2Frame [15] utilizes a pre-
trained video diffusion model to synthesize a sequence of
frames and select an intermediate frame, thereby enforcing
temporal smoothness and structural continuity directly dur-
ing inference. ChronoEdit [20] leverages pretrained video
generative models to reframe image editing as a video gen-
eration task, using the input and target images as video end-
points. While effective for enhancing single-image qual-
ity or ensuring short-range consistency, these approaches do
not solve the fundamental challenge of Group-Image Edit-
ing across diverse, static views. Our approach differs by
re-framing the image group as a pseudo video sequence, al-
lowing us to explicitly inherit the powerful spatio-temporal
coherence and geometric priors of large-scale video models
for robustly unified editing.

C. More cases

D. Demo

We provide the demo video and project page in the file,
please watch it for better illustration.
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Figure 1. More cases.
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Figure 2. More cases.
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Figure 3. More cases.
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Figure 5. More cases.
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