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Abstract

This supplementary material provides additional details and
results complementing the main paper. In Sec. S.1, we pro-
vide proofs showing that our proposed self-evaluation loss
correctly induces the desired optimization gradients. We dis-
tinguish two scenarios: deriving the classifier-score gradient
and deriving the full reverse KL divergence gradient. For the
latter, we include additional implementation details on train-
ing. Sec. S.2 contains extended information on our training
and inference implementation. In Sec. S.3, we present addi-
tional experimental results and further discussions regarding
the choice of the second timestep input. Prompts correspond-
ing to image examples shown in the main paper are provided
in Sec. S.4. Finally, in Sec. S.5, we discuss limitations of our
method and propose directions for future work.

S.1. Derivation of the Self-Evaluation Loss

Setup. We follow the forward noising in Eq. (1) and
the model parameterization in Eqs. (6)–(7) (main paper).
Throughout, we use the same network head Gθ as in the
main text, and stop-gradient is denoted by sg[·]. All gra-
dients are taken w.r.t. xs that is obtained by re-noising the
model prediction x̂0 as in Sec. 3.2.

Posterior means. By Tweedie’s formula applied to Eq. (1),
the (data) conditional and unconditional posterior means, and
the (model) conditional posterior mean, satisfy
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1
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s∇xs
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Subtracting the first two lines of (s.1) gives

Eq[x0|xs]− Eq[x0|xs, c]

=
σ2
s

αs
(∇xs

log q(xs)−∇xs
log q(xs|c)) ,

(s.2)

and subtracting the first and third lines yields

Epθ
[x0|xs, c]− Eq[x0|xs, c]

=
σ2
s

αs
(∇xs

log pθ(xs|c)−∇xs
log q(xs|c)) .

(s.3)

S.1.1. Self-evaluation without auxiliary term

We use the self-evaluation pseudo-target from the main paper,
Eq. (14),

xself := sg
[
x̂0 −

(
Gθ(x̂s, s, s, ϕ)−Gθ(x̂s, s, s, c)

)]
,

and the per-sample squared loss (whose expectation over
(t, s,x0, ε) gives Eq. (15)):

Lself := ∥x̂0 − xself∥ 2
2 . (s.4)

Result 1. Under the posterior-mean approximation
Gθ(xs, s, s, c) ≈ Eq[x0|xs, c] and Gθ(xs, s, s, ϕ) ≈
Eq[x0|xs], the gradient of (s.4) w.r.t. x̂s is
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(s.5)
where the last equality uses (s.2). Hence gradient descent
on Eq. (15) moves x̂s in the direction of the classifier score
∇x̂s

log q(c|x̂s). Note that the λs,t has already absorbed
these coefficients.

S.1.2. Self-evaluation with auxiliary term

We optionally add a branch prompted by cfake to estimate the
model posterior mean Gθ(xs, s, s, cfake) ≈ Epθ

[x0|xs, c].
Define

∆θ(xs, c) := k(Gθ(xs, s, s, ϕ)−Gθ(xs, s, s, c))

+ (1− k) (Gθ(xs, s, s, cfake)−Gθ(xs, s, s, c)) ,
(s.6)

and the target xself := sg[x̂0 −∆θ(x̂s, c)], and the per-
sample squared loss Lself := ∥x̂0 − xself∥ 2

2 .



Result 2. Proceeding as in (s.5),
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(s.7)

where we used (s.2) and (s.3). Equation (s.7) is proportional
to the full ideal vector field in Eq. (13) once we set k =
(w − 1)/w. In practice, we set k = 0.9.

Training. To realize Gθ(xs, s, s, cfake) ≈ Epθ
[x0|xs, c],

we use model samples and reuse the same conditional FM
loss as Eq. (7): draw x̂0∼pθ(x0|c) and x̂s∼pθ(xs|x0, c),
and cfake is constructed by concatenating the phrase ‘fake
image’ with the original prompt, and then minimize

Lfake = E
[
∥Gθ(sg[x̂s], s, s, cfake)− sg[x̂0]∥ 2

2

]
. (s.8)

In practice we follow the training schedule in Sec. 4 of the
main paper: use only the classifier term early, and enable
the auxiliary term later to refine artifacts, while keeping the
overall objective identical to Eqs. (16)–(21).

S.2. Implementation Details

We adopt a latent transformer architecture similar to
FLUX [1, 2] for our experiments, with minor modifications
to accommodate our new s-input. Specifically, the design of
the modules handling s mirrors those handling t.

We employ a 2B-parameter model trained on mixed-
resolution and varying aspect-ratio text-to-image datasets.
Initially, the model is trained at an approximate resolution
of 2562 pixels for 500k iterations with a batch size of 1024.
Subsequently, we introduce higher-resolution data of 5122

pixels, maintaining a balanced batch proportion (1:1) be-
tween the lower-resolution and higher-resolution data, with
a total batch size of 768, continuing training until reaching
710k iterations. At iteration 550k, we additionally introduce
training with the auxiliary term. We use the Adam optimizer
with β1 = 0.9, β2 = 0.95, a learning rate warmup for 1000
iterations, and linearly decay the learning rate from 3×10−4

to 1 × 10−5. For model evaluation, we maintain an expo-
nential moving average (EMA) with a decay rate of 0.9999.
Additionally, during training in the self-evaluation forward
pass, the conditional branch utilizes the EMA model, while
the unconditional branch employs the non-EMA model.

Architecture. We adopt a FLUX-style latent transformer
and keep the notation consistent with the main paper: the
denoiser’s raw prediction is Vθ(·) and the sample head is
Gθ(xt, t, s, c) = xt − t Vθ(xt, t, s, c) (cf. Eq. (6)–(7) in the
main paper). Our implementation consists of four modules:
(a) a VAE, (b) a patchifier, (c) frozen text encoders, and (d)
a dual-time denoiser.

(a-b) VAE and patch tokens. We use the FLUX.1-dev
auto-encoder with z-channels = 16, and compression fac-
tors [1, 8, 8] for [frames,H,W]. Images are tokenized by a
patchifier with patch size [1, 2, 2]. Thus, each image pro-
duces a sequence of Limg = (H/16)× (W/16) tokens, each
of dimension dimg = 16× 2× 2 = 64.

(c) Text and global conditioning. We use a frozen T5-
XXL encoder to obtain token embeddings of dimension
dtxt = 4096. Additionally, we compute a global pooled
CLIP embedding (ViT-L/14) of dimension dvec = 768. Both
encoders are kept frozen during training, and their outputs
are linearly projected to Rdmodel before entering the denoiser.

(d) Denoiser. Our 2B model has a model width dmodel =
2048, head size dhead = 128 (thus 16 heads), and a total of 8
Double-Stream blocks followed by 16 Single-Stream blocks.
Positional encoding uses multi-axis RoPE over (t, y, x) with
axis dimensions [16, 56, 56], whose sum matches dhead and
whose three axes correspond to time and the two spatial
directions. Inputs are linearly projected to dmodel: text via
R4096 → R2048, image tokens via R64 → R2048, and the
global CLIP vector via a two-layer MLP R768 → R2048.
For ablations, we also train a smaller 0.5B variant with
dmodel = 1024, dhead = 64, and RoPE axis dimensions
[8, 28, 28], while keeping all other components identical.

Particularly, the denoiser has two time inputs: the primary
time t and an auxiliary time s used by the self-evaluation
mechanism (Sec. 3.2). In practice, we encode t and the gap
t− s with sinusoidal features followed by small MLPs:

et = MLPt(Sinusoid(t)), es = MLPs(Sinusoid(t− s)),
(s.9)

and form a combined time embedding

ẽt = et + es. (s.10)

This combined embedding ẽt simply replaces the original
single-time embedding in the backbone: every module that
previously consumed et now receives ẽt. Consequently, the
only architectural change relative to FLUX is the additional
auxiliary term es added on top of et, while all downstream
conditioning and modulation remain unchanged.

Timestep Scheduler. We first sample the primary time t
from a logit-normal distribution defined on (0, 1):

traw = σ(z), z ∼ N (0, 1), (s.11)



A cat sculpted from folded paper, 
origami creases and fibers visible, 
sunlight shining through edges, 
photoreal delicate realism.

A pencil sketch of a fox sitting quietly on a 
rock, fine graphite shading on fur, soft 
smudged background trees, delicate cross-
hatching, realistic hand-drawn tone.

A close-up pencil portrait of a cat, fine fur texture 
drawn with short strokes, sharp reflective eyes, soft 
blurred shading around edges, traditional sketch style.

A cat entirely composed of mosaic tiles, 
reflections shifting as light changes, soft 
shadow detail, photoreal artistic surrealism.

Glassblowing on a moonlit rooftop; glowing parison like a 
captured sun, city skyline soft behind, artisan focus, 
cinematic rim light, real heat haze, intimate craft portrait.


A street at dawn covered in fine drizzle, soft 
reflections and rain speckles on lens, cinematic tone, 
film grain realism.

A dog portrait after rain, visible wet fur granularity, 
water droplets on nose, natural sunlight reflections, 
photoreal clarity.

A coastal lighthouse painted in oil, waves crashing 
beneath, visible brush texture in sky and foam, 
dramatic lighting, expressive realism.

A large oil painting of a tree whose roots form a 
sleeping human face, dawn light emerging through 
leaves, allegorical ecological symbolism, painterly tone.

A glowing figure walking through dense fog 
forest, faint light radiating from body, ethereal 
surreal tone.

A moonlit beach covered in fog, water merging with 
horizon, silver glow illuminating waves, ethereal 
poetic realism.

A white deer standing in a fog-covered 
meadow, antlers glowing faintly, mist swirling 
around legs, dreamlike fantasy realism.

A lion standing atop a rock during a lightning storm, 
raindrops visible, wet fur reflecting flashes, photoreal 
dramatic realism.

An oil painting of a woman standing under rain of 
flowers, soft pastel palette, impressionist texture, 
symbolic representation of renewal and healing.

Portrait of a red fox with wet fur, golden-hour light 
reflecting off individual hairs, fine grain visible but 
natural, detailed eyes and whiskers, cinematic wildlife 
realism.

Close-up portrait of a snow leopard, fur 
glistening with ice crystals, visible granular 
texture on whiskers and face, cold blue 
background, photoreal natural detail.

photo-realistic, natural lighting, fine texture, high 
dynamic range. A pottery studio, spinning wheel with 
wet clay vase, sponge and bowl of water nearby, 
shelves stacked with drying cups.

A wine glass half-filled with red liquid placed on 
marble surface, candlelight reflecting through 
curved glass, golden hue filling background, 
photoreal still-life warmth.

A ceramic incense holder with smoke spiraling upward, 
candle behind casting warm glow, wooden texture 
detailed beneath, photoreal cinematic still-life.

A wooden violin resting on linen cloth, sunlight 
filtering through curtains creating stripes of gold 
across body, fine strings catching warm 
highlights, dust visible in soft air, photoreal 
atmosphere.

A steaming mug of tea placed beside 
wool blanket, window behind glowing 
golden, condensation on glass, cinematic 
cozy warmth.

A pair of scissors lying beside thread spools on 
sewing table, cloth folded nearby, amber light 
glowing from side lamp, cinematic handmade 
warmth.

A ceramic bowl with almonds and dried figs, sunlight 
from side window illuminating texture, woven mat 
beneath glowing golden, photoreal cozy realism.

A ceramic cat figurine sitting beside 
potted plant on windowsill, light catching 
edges, warm shadow pattern across 
wall, photoreal still-life realism.

A ceramic teapot and two cups on bamboo tray, 
sunlight casting golden reflections on glazed surface, 
gentle steam rising, cozy afternoon warmth, photoreal 
realism.

A vintage camera resting beside cup of tea, window light 
golden and soft, reflections glinting off lens, faint steam 
drifting between objects, photoreal cozy composition.

A jar of jam beside slice of bread on plate, butter 
knife reflecting morning light, crumbs on wooden 
table, warm breakfast tone, photoreal detailed 
realism.

photo-realistic, natural lighting, fine texture, high 
dynamic range. A parrot painted entirely as graffiti 
strokes, neon spray textures forming feathers, 
perched on a brick wall covered in tags, urban 
street-art style.

photo-realistic, natural lighting, fine texture, high 
dynamic range. A panda made of stitched denim 
patches with visible seams, sitting on a pile of colorful 
fabric rolls in a fashion studio, editorial look.

photo-realistic, natural lighting, fine texture, high 
dynamic range. A deer woven from living vines 
and flowers, petals forming antlers, standing in a 
sunlit greenhouse filled with fog, botanical 
fantasy.

A horse composed of flowing ink brush strokes, 
tail dissolving into calligraphy, galloping across 
rice-paper landscape, sumi-e painting style.

A frog whose skin is polished marble with subtle 
veining, sitting on stone pedestal in museum hall, 
dramatic spotlights, gallery realism.

A goat rendered as low-poly 3D geometry, faceted 
surfaces with pastel gradients, standing in stylized 
polygonal mountains, minimalist game-art style.

A penguin shaped from frosted crystal with subtle 
internal refractions, standing on mirror ice, aurora 
reflecting above, luxury product style.

A group of snowboarders jumping 
simultaneously off a slope, snow particles 
scattering midair, strong contrast lighting, 
cinematic winter realism.

2 Steps

4 Steps

A crocodile templar in heavy stone-inlaid armor, 
tabard bearing stylized river symbol, kneels before 
altar in waterlogged chapel; cracked frescoes of 
saints, water streaming through ceiling, reeds and 
lily pads fill the flooded interior.

Figure S.1. More results with 2 and 4 steps. We showcase diverse text-to-image results from our model at 2 and 4 inference step counts,
demonstrating coherent semantics, strong text alignment.



Portrait of a desert warrior painted in ochre and 
charcoal, golden sunset rim light, grainy sand in air, 
detailed facial paint texture, shallow DOF, 100mm 
editorial realism.

A coastal tide pool macro; anemone tentacles, 
starfish texture, wet sand grains, polarized 
glare control, vibrant but natural color, 
scientific clarity, intimate.

A snow leopard on a rocky ledge; fine fur detail, 
icy breath, mountain wind, distant glacier, long 
lens compression, regal stillness, natural 
documentary tone.

A woman in an op art outfit is sitting in front of a mid-
century decor interior, her melancholic self-portrait 
captured in a close-up light leak macro photograph. 
Her eyes, half-closed, are surrounded by the black 
shade of light and the Venetian blind shadow effect. 
The striped pattern of the suprematist art style subtly 
reflects on her face as she gazes introspectively, 
underscoring the emotional depth of the photograph.

Side-profile portrait of a desert nomad woman with 
golden sand dust on skin, windblown hair, reflected 
sunset light, detailed texture and warm tones, 
135mm lens, photoreal.

Medium close-up portrait of a man with storm-
weathered face, raindrops on beard and eyelashes, 
harsh light through fog, rugged photorealism, 
135mm telephoto portrait.

A fox mage standing in misty forest, staff 
glowing faintly, fur and fabric detail visible, 
backlight through fog, photoreal cinematic 
realism.

A crystal wolf standing on icy ground, refracted 
light through body, cool cyan color palette, 
cinematic fantasy realism.

A robot built from wood and moss, bark texture 
mixed with metallic joints, glowing eyes, 
photoreal fantasy craftsmanship.

A glowing jellyfish swarm under the sea, each 
translucent body showing electric pink and cyan 
veins, soft particle haze, photoreal aquatic color 
palette.

8 Steps

A teddy bear knitted from steel wire, 
interwoven strands glinting under soft light, 
realistic reflections, photoreal tactile surrealism.

A boat made of glowing jellyfish membranes, 
translucent hull floating on dark water, 
bioluminescent reflections, photoreal aquatic 
surrealism.

An underwater cathedral built from bioluminescent 
jellyfish and coral spires; stained-glass light beams, 
divers as tiny silhouettes, long-exposure feel, drifting 
plankton bokeh, deep teal palette, ethereal, tranquil, 
meticulously detailed marine textures.

A shallow reef under midday sun; dappled caustics, 
suspended particulates; a clownfish gently kissing the 
word “SELFE” spelled in crisp bubble letters; case-
sensitive “SELFE”, clear and correctly spelled; clean 
baseline and spacing, high legibility, photoreal, 50mm 
underwater perspective.

Close-up of a mechanical hummingbird with glass 
wings; reflections and engraved filigree, glowing 
core visible inside chest, photoreal macro style.

A castle made of coral and seashells rising 
from ocean waves, sunlight glinting off 
textures, photoreal aquatic fantasy.

A pair of running shoes made from woven leaves, 
veins visible, dew on edges, forest ground 
background, photoreal natural craftsmanship.

A cozy breakfast setup on a white table: croissants, a 
cup of cappuccino, and a small vase with wildflowers; 
sunlight streaming through a window, shallow depth 
of field, photoreal realism.

A turtle walking along forest stream, 
water splashing around legs, tall trees 
and rocks framing scene vertically, 
sunlight through canopy, cinematic 
wildlife 9:16.

A tiger walking through tall grass, camera 
low angle, sunlight rays filtering through 
leaves above, trees towering into top 
frame, fog in distance, cinematic wildlife 
realism, 9:16.

A woolen cat figurine sitting beside a 
cup of coffee on wooden table 
outdoors, steam rising vertically, 
meadow and sky behind, photoreal 
balanced tone, 9:16.

A rabbit made of transparent glass 
sitting among wildflowers, refraction of 
sunlight through its body forming small 
rainbows, meadow and trees stretching 
upward into clear sky, crisp details, 
9:16.

A mechanical hummingbird hovering in 
front of large flower, metallic texture 
reflecting sunlight, forest and sky blurred 
vertically behind, sharp subject detail, 9:16 
macro realism.

A lush forest clearing after rain, wide landscape, puddles reflecting tall pines, moss-covered 
stones and ferns in the background, mist hanging between trunks, sunlight streaming 
diagonally through branches, vivid sharp focus across entire frame, 16:9 natural realism.

A woolen cottage with soft fabric walls standing at edge of snowy forest, fibers catching frost, 
smoke rising from knitted chimney, soft golden sunrise light, photoreal 16:9 dreamlike realism.

A mechanical owl flying through foggy canyon, metal feathers reflecting sunlight, cliffs on 
both sides detailed, waterfalls cascading below, 16:9 epic cinematic realism.

A silk dress printed with blurred landscapes on a dress 
form, fashion atelier behind lined with cutting tables, 
mood boards, open sketchbooks, and racks of 
unfinished garments and threads.

A ceramic coffee cup with a subtle geometric pattern on a 
worn wooden café table, street-facing window behind 
showing rainy cobblestones, pedestrians with umbrellas, 
parked bicycles, and glowing shop signs at dusk.

cinematic, film still, dramatic lighting, shallow depth of 
field, 35mm. A traveler in layered linen tunic and leather 
chest harness, decorated scarf wrapped around neck, 
multiple charm bracelets on wrists, wading through 
shallow jungle river, vine-covered ruins and broken statues 
behind, bright sunlight cutting through canopy gaps.

cinematic, film still, dramatic lighting, shallow depth of 
field, 35mm. A dragon-blooded beast encased in ornate 
jade-inlaid armor, wind-torn silk banners trailing from 
pauldrons, roars atop jungle ziggurat; storm clouds, 
lightning, dense foliage and distant fires complete a war-
torn horizon.

50 Steps

Figure S.2. More results with 8 and 50 steps. We showcase diverse text-to-image results from our model at 8 and 50 inference step counts,
demonstrating coherent semantics, strong text alignment.

where σ(·) denotes the sigmoid function. This raw time
is further adjusted by a length-dependent warping function.

Specifically, given the latent patch length L, we define a
linear shift µ(L) interpolating between 0.5 at length 512 and



1.15 at length 4096, then compute the warped primary time
as:

t =
eµ(L)

eµ(L) + (1/traw − 1)
. (s.12)

For the secondary time s, we set s = t with probability
p = 0.5. For the remaining half of the cases, we sample s
uniformly from the interval:

s ∼ U((1− τ) t, t), (s.13)

where τ is a linear annealing weight, transitioning from 0
to 1 over the first 300, 000 training iterations. As a result,
the effective lower bound (1− τ)t decreases gradually from
approximately t towards 0 during training. For the weighting
function ws,t in Eq. (20), we set it to 1/t2.

Inference. For inference, we employ an initially linear
timestep scheduler with a length-dependent warping func-
tion, same with Eq. (s.12). We use a DDIM-style update
with an η-controlled noise level, following Song et al. [3];
setting η = 0 recovers deterministic DDIM, while η = 1
corresponds to the original DDPM ancestral sampling. In
our case, we use η = 1.

S.3. Additional Experimental Results
S.3.1. Alternative s-Scheduler
We investigate alternative strategies for selecting the sec-
ondary timestep sk during inference, given a transition from
tk to tk+1. During training, the selection of sk affects two
aspects simultaneously: it determines the noise level for
the smoothed data distribution used in the reverse KL diver-
gence, and it specifies the self-evaluation weighting factor
λs,t. These dual roles suggest alternative choices for sk
might yield intermediate and potentially improved behaviors.
An intriguing direction for future work would be decoupling
the dependence between sk and the weighting factor λs,t,
making λs,t independently tunable.

We illustrate our empirical observations in Fig. S.3, high-
lighting two notable special cases:
1. When sk = tk, the model utilizes only the flow match-

ing loss. Consequently, its behavior closely resembles
standard Flow Matching, performing poorly at very low
inference steps but improving significantly with more
steps.

2. When sk = tk+1, the model excels in few-step genera-
tion. However, as the number of inference steps increases
(e.g., at 50 steps), we occasionally observe it underper-
forms compared to sk = tk (see the last two examples in
Fig. S.3).
Additionally, we explore a special inference setting—one-

step generation without classifier-free guidance. As shown
in Fig. S.4, we interpolate between sk = tk (represented as

A forest alchemist in heavy linen apron with dozens of pockets and bottles, gloves stained from experiments, wide-brim hat shading eyes, wooden 
table of herbs and apparatus beside, trees and sunlight surrounding, cinematic natural realism.

2 Steps 4 Steps 20 Steps8 Steps 50 Steps

photo-realistic, natural lighting, fine texture, high dynamic range. A child’s bedroom filled with toys, wooden blocks and train tracks on floor, 
storybooks open beside bed, sunlight spilling from window, walls covered with drawings, cinematic warm realism.

photo-realistic, natural lighting, fine texture, high dynamic range. A raccoon beside golden orb sculpture emitting soft pulses, wet 
pavement reflecting faint lights, cinematic cyberpunk realism.

photo-realistic, natural lighting, fine texture, high dynamic range. A rabbit beside carved quartz cube glowing gently, forest floor 
shining from reflection, photoreal serene realism.

Figure S.3. Visualization of two special cases for choosing the
secondary timestep sk during inference. Top rows: sk = tk,
bottom rows: sk = tk+1.

s = 1) and sk = tk+1 (represented as s = 0). Both extreme
cases fail to yield meaningful images, whereas the midpoint
choice s = 0.5 achieves a favorable balance between texture
detail and overall image coherence.

S.3.2. More Results

We present more results at different inference budgets in
Fig. S.1 and Fig. S.2.

S.4. Prompts of Results

We provide the text prompts used for the qualitative results
shown in the main paper.



photo-realistic, natural lighting, fine texture, high dynamic range. A cat beside open glass terrarium of plants, reflections of greenery on marble, 
cinematic cozy realism.

s=0.5 s=0.75 s=1.0s=0.25s=0.00

photo-realistic, natural lighting, fine texture, high dynamic range. A majestic white horse galloping through storm clouds high in the sky, its mane and tail 
charged with lightning energy, hooves striking sparks across vapor trails, glowing clouds illuminated by electric arcs, sunset horizon far below, full-body 

floating midair, cinematic fantasy realism.

photo-realistic, natural lighting, fine texture, high dynamic range. A giant coffee cup emerging from mountain valley, steam rising and forming 
morning clouds, houses built along rim, detailed cinematic realism.

Figure S.4. One-step generation without classifier-free guidance.
We show results of when selecting different s.

S.4.1. Prompts of Figure 1.
2-step:
• The word “Self-E” appearing faintly through condensation

on a train window, blurred landscape passing behind, city
lights refracting, cinematic melancholic tone.

• Portrait of a wolf under snowfall, frost collecting on its
muzzle and fur, visible texture and natural grain, calm
expression, photoreal cold-environment realism.

• An oil painting of a woman with her hair turning into
waves, seascape blending with portrait, tactile brushwork,
painterly surreal tone.

4-step:
• A volcano erupting with petals instead of lava, clouds of

color drifting across the sky, surreal cinematic beauty.
• A cat composed of smoke sitting on a rooftop, its form

dissolving into the night air, glowing eyes reflecting city
lights, detailed cinematic surrealism.

• A plate of pastries beside a teacup, sunlight highlighting
golden crusts, powdered sugar shimmering under a warm
glow, photoreal comforting realism.

8-step:
• Portrait of a jungle guardian with vine tattoos and green-

gold war paint, wet skin glistening under filtered sunlight,
85mm, macro detail on skin texture, cinematic naturalism.

• A bison standing in a foggy grassland at dawn, dew on tall
grass, sun barely visible through haze, fur glistening with
moisture, cinematic atmospheric realism.

• A cozy cottage built entirely from red and white yarn,
knitted walls and woven roof shingles, soft texture visible
in each thread, golden sunlight casting gentle shadows,
photoreal tactile realism.

50-step:
• A human face emerging from cracked porcelain, half side

smooth and half crumbled revealing crystalline interior,
emotional surreal realism.

• A queen in jeweled crown standing under golden archway,

sunlight refracting through gems, detailed embroidery on
gown, distant cityscape visible behind, regal photoreal
tone, 9:16.

• A rabbit made of transparent glass jumping across a shal-
low creek, sunlight refracting rainbow light through its
body, ripples and stones visible beneath, forest on both
sides, 16:9 photoreal wide scene.

• A close-up underwater portrait of a woman leaning for-
ward on a large rectangular glowing sign that reads “Self-
E,” the sign filling the lower part of the frame like a real
physical board. Neon hues of cyan, pink, and gold from
the illuminated surface ripple through the clear turquoise
water, casting colorful reflections across her face. She
smiles brightly, blue eyes open with confidence, freck-
les and natural skin texture visible under shifting light.
Transparent fish swim nearby among coral branches, tiny
bubbles rising through the calm cinematic 9:16 scene.

• A valley full of blooming lupines and daisies, 16:9
panoramic view, rolling hills leading toward mountain
horizon, warm afternoon light highlighting color contrast,
photoreal cinematic realism.

S.4.2. Prompts of Figure 4.
• A colorful chalkboard artwork spelling “SELFE” in bright

pastel colors—blue, pink, yellow, and green—each let-
ter outlined softly, chalk dust particles floating through
air, faint eraser marks around, warm nostalgic classroom
atmosphere.

• A small home bar setup with wine bottles, glass of whiskey
half full, sliced lemon on napkin, reflections on wooden
counter, photoreal cinematic tone.

• A cat sleeping on cloud drifting above mountain range,
soft pink sunrise illuminating fur, photoreal dreamlike
realism.

• A royal guard in ornate jade armor, sword reflecting sun-
light, palace gardens behind full of flowers and fountains,
silk banners waving in soft breeze, cinematic elegant real-
ism.

S.4.3. Prompts of Figure 5.
• A high-altitude thunderhead above a wheat plain; sculpted

cumulonimbus, sunlit anvil, tiny barn for scale, global
contrast, 24mm vastness, dramatic meteorological realism.

• A house constructed from luminous jelly bricks glowing
at night, detailed transparency and refraction, cinematic
realism.

S.5. Limitations and Future Work
While our method significantly surpasses existing from-
scratch training methods in few-step generation, it still has
some limitations. Notably, our current approach, although
effective in significantly reducing the number of inference
steps, cannot fully compete with the quality obtained by



50-step inference when employing extremely few steps (e.g.,
1–2 steps). In these cases, the generated images may lack
sufficiently sharp details.

Additionally, given that our proposed paradigm funda-
mentally differs from existing consistency-based methods,
it remains at an early stage of exploration. Several critical
design choices, such as loss weighting schemes and infer-
ence strategies, have not yet been thoroughly optimized. We
believe further systematic exploration of these aspects could
lead to considerable improvements.

Nonetheless, we emphasize that our method introduces
a genuinely novel training paradigm, distinct from the
consistency-training family. Empirically, we observe that
our method inherently produces robust structure and seman-
tic coherence, exhibiting a clear trend of generating coherent
structures first, followed by iterative refinement of details.

Looking forward, we identify several promising avenues
for future work:
1. Improving training strategies and inference-time schedul-

ing to further enhance generation quality.
2. Investigating the efficacy of our approach for downstream

task fine-tuning.
3. Exploring scalability and potential adaptations of the pro-

posed paradigm to video generative models.
4. Extending our method to unconditional generative set-

tings, as the current approach relies on conditional guid-
ance to derive the classifier scores.
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