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DSA: Dynamic Step Allocation for Fast Autoregressive Video Generation

Supplementary Material

6. Implementation details

Our implementation builds on open-source Wan2.1 [60] and
Self-Forcing [23] frameworks, using FlashAttention-3 [12]
for DSA. We follow the Wan2.1 [60] flow-matching param-
eterization with a shifted time schedule and a 4-step uni-
form inference schedule, following [23]. Text prompts are
curated from the VidProS [61] dataset, filtered for quality
and safety, and expanded using Qwen2.5-7B-Instruct [65];
all VBench evaluations also employ rewritten prompts for
consistency with Wan2.1. Training is performed on H100
GPUs (80GB), typically with per-GPU batch size 1 and gra-
dient accumulation as needed to reach batch size of 128. We
initialized the real score network and critic network using
pretrained weight of the base model. We train DSA using the
combination of DMD loss and confidence loss given in Sec-
tion 3. For DMD, the gradient of reverse Kullback-Leibler
divergence is given by:

VoE[ Dk (po,t || Paata,t)] = o)
0%

= Et dmqy0(20]2) drope (2) | (Steal(E4,2) — Sfake(i’tat))% ;

where Sreal (-, t) is the score function for pyae ¢, approxi-
mated by a pretrained diffusion model f (-, t), also referred
to as the real score network, and g (-, t) is the score func-
tion for py + and is learned through a critic network fy, (-, )
via the standard diffusion loss. The gradient in Eqn. (5) is
equivalent to the following loss function:
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Figure 6. Vbench scores comparison We compare DSA with
CausVid [68] and Self-Forcing [23] in 16 Vbench scores.
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(6)

where sg[-] denotes the stop gradient operator.
Regarding confidence loss 4, we choose regularization
coefficient A = 0.02.

7. Additional results

We report all 16 VBench metrics and compare them against
CausVid [68] and Self-Forcing [23]. As shown in Figure 6,
DSA matches or surpasses existing models in both visual
quality and temporal consistency across the full set of met-
rics, while maintaining efficient generation speed. Addi-
tional qualitative results are provided in Figure 7, demon-
strating the high visual fidelity of our method. We also in-
clude video samples in the supplemental material.
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