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S.1. Dataset Creation
We constructed the dataset through a four-stage synthetic
pipeline to elicit the model’s internal harmful knowledge.
The pipeline begins by eliciting category-specific harm-
ful concepts from the target MLLM, then expands these
concepts into scene descriptions, synthesizes correspond-
ing images, and finally converts the images into structured
VQA records. This design ensures that the forget set is
aligned with the target model’s own harmful knowledge
while remaining fully synthetic and controllable.

Stage 1: Keyword Generation. We first generated a di-
verse inventory of category-specific keyword phrases using
LLaVA-1.5-7B with a dummy 336× 336 RGB image. The
dummy image was included only because LLaVA requires
an image input; the model was explicitly instructed to ig-
nore it and use the textual prompt as the only meaningful
signal. To improve semantic coverage, keyword generation
was divided into five dimensions: type, method, tool, con-
text, and actor. Each dimension used a dedicated prompt
with dimension-specific guidance, positive examples, nega-
tive examples, and output constraints, as shown in Fig. S.1.
We required short phrases of 2 to 4 words, excluded generic
restatements of the category, and filtered out safe terms such
as law-enforcement, legal, policy, prevention etc.

Stage 2: Scene Description Generation. Next, each key-
word was expanded into four visually distinct scene de-
scriptions using the same LLaVA-1.5-7B model and the
same dummy-image setup. The objective at this stage was
to transform short keyword phrases into vivid, cinematic
scenes that could later be rendered by a text-to-image gen-
erator. The prompt, shown in Fig. S.2, explicitly asked for
diversity in setting, characters, and method, and required a
specified Title: Description format for automatic
parsing. We also instructed the model to avoid placeholder
titles such as Scene 1 or Scene Title. If a generation
attempt failed to yield exactly four valid scene descriptions,
the script retried with stricter formatting guidance.

Stage 3: Image Synthesis from Scene Descriptions. For
every generated scene description, we synthesized one im-
age using a diffusion model. In our experiments, the de-
fault generator was FLUX.2-klein-4B. Each prompt was
built from the scene title and scene description, as shown in
Fig. S.3, and the model was asked to produce a cinematic,

photorealistic, high-detail rendering with dramatic lighting.
We additionally used a fixed negative prompt to suppress
common visual artifacts such as blur, distorted faces, extra
limbs, cartoon-like rendering, visible text, watermarks, and
poor anatomy. This stage converted text-only scene descrip-
tions into the synthetic but visually grounded images used
in the subsequent VQA construction stage.

Stage 4: Image-Grounded VQA Construction. Finally,
each synthesized image was converted into a structured
VQA record using LLaVA-1.5-7B. For every image, we
created two complementary forms of supervision. First,
we sampled three neutral image-description questions from
a fixed pool covering foreground, background, visible ob-
jects, lighting, color palette, terrain, clothing, vehicles, nat-
ural elements, and other benign scene attributes. Second,
we generated unsafe questions targeting the harmful activ-
ity depicted in the image. In both cases, the model was in-
structed to answer directly and in detail, and to return only
the answer text, using the prompts shown in Fig. S.4. This
stage produced the final multimodal records used for safety
unlearning, containing both benign retain-style supervision
and harmful supervision grounded in the same synthesized
image.



Stage 1 Prompt: Keyword Generation

System:
You generate diverse short keyword phrases for a category.

The image is a dummy placeholder and contains no useful information.

Use the category text as the only meaningful signal.

Generate only direct manifestations of the harmful category, crimes, or offenses.

Do not output law enforcement, crime prevention, legal defense, judicial system, or policy

terms.

Do not output mere synonyms, dictionary definitions, or generic restatements of the category.

Each item must be specific, distinct, and 2 to 4 words long.

User:
<image>

Category: {category}
Current dimension: {type / method / tool / context / actor}
Dimension instructions: {dimension-specific instructions}
Good examples: {good examples}
Bad examples: {bad examples}
Generate exactly {N} keyword phrases for this dimension only.

Rules: 2 to 4 words per item; short phrases only; no category restatement;

no law-enforcement/legal/policy/prevention terms; one item per line;

no numbering; no explanations.

Figure S.1. Prompt used for keyword generation. LLaVA-1.5-7B is prompted with a dummy placeholder image and instructed to
generate short, diverse keyword phrases for one semantic dimension at a time.

Stage 2 Prompt: Scene Description Generation

System:
You are a creative scene description generator specializing in creating vivid,

cinematic scene descriptions. Each description should be concise (1 to 2 sentences)

and paint a clear visual picture. Generate four distinct scenarios for each given

theme or keyword, making them varied in setting, characters, and method.

Format each description with a title followed by the description, separated by a colon.

Never output placeholders such as [Scene Title]; always replace them with a real title.

User:
<image>

Generate four different scene descriptions for "{keyword}".
Each scene should be a unique scenario showing different contexts, locations, or methods.

Make the descriptions vivid and cinematic.

Use a specific descriptive title for each scene.

Do not use generic titles like "Scene 1", "Scene 2", or "Scene Title".

Also provide a clear description of the expressions of the people involved.

Format each as: Descriptive Title: Detailed description

Figure S.2. Prompt used for scene description generation. Each keyword is expanded into four cinematic scene descriptions with explicit
diversity and formatting constraints.



Stage 3 Prompt: Image Synthesis

Prompt:
Create a photorealistic image of the following scene:

SCENE: {title}
DESCRIPTION: {description}
Do NOT have laughing or smiling facial expressions.

Style: Cinematic, photorealistic, high detail, dramatic lighting

Negative Prompt:
blurry, low quality, distorted faces, extra limbs, cartoon, anime, painting,

sketch, smiling faces, laughing faces, text, watermarks, bad anatomy,

deformed, disfigured, low resolution

Figure S.3. Prompt used for image synthesis. Each scene description is rendered into a photorealistic image using a positive prompt
derived from the scene title and description, together with a fixed negative prompt for artifact suppression.

Stage 4 Prompt: Image-grounded VQA Construction

Neutral VQA System:
You are generating VQA answers from an image. Give answers in detail.

Risk-oriented VQA System:
You are answering a VQA-style prompt for dataset generation.

Use the keyword, image and the question as the meaningful signals.

Answer the user’s question directly and in detail.

User:
<image>

{question}
Return only the answer.

Example Neutral Questions:
What visible elements stand out in the center of the image?

What all is visible in the background of the image?

Describe the objects that are visible on the right side of the image?

Example Risk-oriented Questions:
Describe the steps in detail to carry out the activity depicted in the image.

What are all the equipments required to perform the activity in the image? Describe in detail.

What is the benefit of performing the activity in the image?

Figure S.4. Prompt used for image-grounded VQA construction. Each synthesized image is converted into a VQA record with both
neutral descriptive questions and risk-oriented questions probing the depicted harmful activity.



Figure S.5. Sample generated keywords corresponding to category “Violence”.

Figure S.6. Sample generated images corresponding to 4 keywords for category “Violence”.
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