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1. Additional Qualitative Results

In Fig. 1, we provide additional qualitative comparisons
of videos generated by CogVideoX [2], REPA [3], Vide-
oREPA [4], and our method. In Fig. 1a, existing meth-
ods produce unrealistic dynamics such as floating balls or
misplaced shadows, while our method generates physically
grounded ball movement. In Fig. 1b, competing methods
exhibit shape distortion or unnatural snowmobile motion,
whereas our method produces temporally consistent and
physically plausible motion dynamics. In Fig. 1c, exist-
ing methods suffer from artifacts such as elongated hockey
sticks or spuriously appearing objects, while our method
maintains realistic and coherent motion throughout. Full
videos of the samples included in the paper are available in
the accompanying PPT file submitted as part of our supple-
mentary material.

Overall, our method consistently improves physical
plausibility in generated videos. However, as shown in
Fig. 1a and Fig. 1c, it still fails to faithfully follow the
text prompt. We attribute this limitation to the relatively
small scale of our base model, and expect that applying our
method to larger models such as CogVideoX-5B [2] or Hun-
yuanVideo [1] would alleviate this issue. We leave this as
future work due to computational resource constraints.
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(a) Prompt: Multiple ping pong balls are shown, illustrating different stages of a rally.
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(b) Prompt: A snowmobile drives across a snowy lake, kicking up a large spray of snow behind it.
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(c) Prompt: A player performs a drag flick, hitting the ball forcefully from the ground towards the goal.

Figure 1. Qualitative results. Red rectangles highlight regions with physically implausible or temporally inconsistent motion. Our method
generates videos with physically realistic dynamics.


