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Multi-exposure high dynamic range image signal processing.
arXiv preprint arXiv:1911.04762, 2019. 1, 3, 5

[7] Chen Chen, Qifeng Chen, Minh N Do, and Vladlen Koltun.
Seeing motion in the dark. In IEEE International Conference
on Computer Vision (ICCV), pages 3185–3194, 2019. 3

[8] Chen Chen, Qifeng Chen, Jia Xu, and Vladlen Koltun.
Learning to see in the dark. In IEEE Conference on Com-
puter Vision and Pattern Recognition (CVPR), pages 3291–
3300, 2018. 1, 3

[9] Linhui Dai, Xiaohong Liu, Chengqi Li, and Jun Chen.
Awnet: Attentive wavelet network for image isp. In Euro-
pean Conference on Computer Vision Workshops (ECCVW),
2020. 1, 3, 5, 6, 7

[10] Alexey Dosovitskiy, Philipp Fischer, Eddy Ilg, Philip
Hausser, Caner Hazirbas, Vladimir Golkov, Patrick Van
Der Smagt, Daniel Cremers, and Thomas Brox. Flownet:
Learning optical flow with convolutional networks. In IEEE
International Conference on Computer Vision (ICCV), pages
2758–2766, 2015. 2, 3

[11] Andreas Geiger, Philip Lenz, and Raquel Urtasun. Are we
ready for autonomous driving? the kitti vision benchmark
suite. In IEEE Conference on Computer Vision and Pattern
Recognition (CVPR), 2012. 3
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