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As supplementary material, we present and review a
number of input/output examples across several categories
with distinct properties1. A summary of these results is
shown in Table 1. We additionally present a more detailed
diagram of our architecture, shown in Fig. 11.

Finally, to gain a qualitative view of intra-scene and
adjacent-scene consistency, we plot our test set input im-
ages according to the corresponding output audio charac-
teristics by a visualization shown in Figure 12. We produce
multiband T60 estimations from all output IRs, and then
used t-SNE [3] to reduce the data dimensionality to two di-
mensions. We then solve a linear assignment problem to
transform this into a grid representation. Several instances
of within-scene clusters are visible, as well as closeness of
related scenes. This suggests that while our method does
make errors (outliers are also visible), it learns to treat sim-
ilar scenes similarly while capturing variation.

Topic Figure # Images
Famous and iconic places 1 6
Musical environments 2 6
Artistic renderings 3 6
DALL•E-generated spaces 4 6
Limitations (i.e. challenging examples) 5 4
Animated scenes 6 6
Virtual backgrounds 7 6
Historical places 8 5
Video games 9 4
Common and identifiable scenes 10 6
Total 55

Table 1. Additional Results.

1Link to audiovisual examples page: https://web.media.mit.edu/ ns-
ingh1/image2reverb/
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Figure 1. Famous and iconic spaces. Columns show input images, depth maps, generated IRs, and a dry anechoic speech signal before and
after the generated IR was applied to the signal via convolution. The input images come from spaces that may be impractical or impossible
to record in. The indoor spaces here show longer impulse responses compared to the outdoor scenes which is typically observed and
expected in real-world settings. Larger indoor spaces also tend to exhibit greater T60 times with longer impulse responses which we see
here, though the ISS image has a longer impulse response than we expect.



Figure 2. Music. Columns show input images, depth maps, generated IRs, and an anechoic vocal singing signal before and after the
generated IR was applied to the signal via convolution. The input images come from spaces relevant to music including a typical small
room, an acoustically treated rehearsal space, an auditorium, a church, and 2 large concert halls. Generally, larger spaces tend to exhibit
longer decay times in the output, however some examples such as the concert halls with visible acoustic treatment appear to have a shorter
decay than more reverberant spaces like the church or auditorium with more reflective surfaces. The final concert hall shows an atypical
impulse response with a visible discontinuity in the IR tail. This is not commonly observed among our model outputs, but illustrates the
nature of artifacts which can occasionally occur.



Figure 3. Art. Columns show input images, depth maps, generated IRs, and an anechoic operatic singing signal before and after the
generated IR was applied to the signal via convolution. Images here are drawings, paintings and a vintage art photograph ca. 1850. Artistic
depictions of spaces were not included in our training dataset. In many cases, plausible impulse responses are generated from such input
images. In general, larger depicted spaces, like the church in the bottom row, exhibit longer decay times as is observed with standard 2D
photographs.




