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In this supplementary material, we provide country-wise
statistics on participant ratings for the photo-realism of the
generated images (discussed in Section 3 in the main pa-
per). Additionally, we present further qualitative examples
of images generated by the individual models.

A. Photo-realism of Generated Images
We discuss the effect of the photo-realism of the gener-

ated images on the human perceptions of geographical rep-
resentativeness of the studied artifacts in subsection 3.4 in
the main paper. Based on participant ratings on the realism
of the images, we find that geographical representativeness
and realism scores are correlated for both the models. Con-
sistently, we observe that the participants provide an aver-
age self-evaluation score (rated by the participants to assess
the impact of the photo-realism of the images on the scores
they assigned for their geographical representiveness) of 3.5
on a scale of 1 to 5. Finally we find that that the average
realism score assigned by participants is higher (averaged
over all countries) when the prompt includes the country
name, though, for some countries, e.g., the United States
and Brazil, we see that the realism scores decrease upon in-
cluding the country names in the prompt. We present the
country-wise details on the realism values for the images
generated by DALL·E 2 and Stable Diffusion in Table 1.

B. Qualitative Analysis
In Fig 3 in the main paper, we show examples of images

depicting four nouns for both the unspecified and country-
specific cases, for countries like Brazil, Mexico, etc. Here,
we show images generated separately by both DALL·E 2 [1]
and Stable Diffusion [2] for all the 10 nouns, whereas we
choose one country from each continent: US, Chile, UK,
Japan, South Africa, and Australia. The generated images
are presented in Fig. 1 and 2 for DALL·E 2, and Fig. 3
and 4 for Stable Diffusion. For all the cases, we first show
the images generated when the prompt does not specify the
country name (denoted by unspecified), followed by those

generated with specific country names in the queries.
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Table 1. Country wise photo-realism scores. We present how the realism scores of images generated from DALL·E 2 (D2) and Stable
Diffusion (SD) improve when the country name is specified in the text prompt. Additionally, in the last column we include the scores that
users assign when asked about how the realism of images influenced their ratings about geographical representativeness.

Countries DALL·E 2 Stable Diffusion Self-Assessed
w/ country Unspecified w/ country Unspecified

United States 3.82 ±0.37 4.00 ±0.36 3.88 ±0.40 4.12 ±0.32 3.88 ±0.46

Canada 4.06 ±0.27 3.88 ±0.49 3.06 ±0.44 3.19 ±0.40 3.31 ±0.68

Mexico 4.23 ±0.72 3.31 ±0.58 3.23 ±0.63 2.54 ±0.66 3.62 ±0.77

Brazil 4.07 ±0.34 4.27 ±0.39 3.40 ±0.45 3.27 ±0.34 3.53 ±0.58

Chile 4.37 ±0.33 4.16 ±0.47 3.05 ±0.45 2.26 ±0.54 3.58 ±0.45

United Kingdom 4.46 ±0.34 3.92 ±0.58 3.38 ±0.55 3.54 ±0.51 3.77 ±0.65

Italy 3.73 ±0.50 3.20 ±0.62 3.47 ±0.52 2.60 ±0.58 3.40 ±0.69

Spain 4.11 ±0.37 4.00 ±0.75 3.67 ±0.53 3.11 ±0.65 2.89 ±0.72

Greece 4.32 ±0.29 3.74 ±0.48 4.00 ±0.39 3.47 ±0.55 3.42 ±0.51

Poland 4.73 ±0.22 4.13 ±0.41 3.93 ±0.34 2.8 ±0.55 3.27 ±0.68

Portugal 4.35 ±0.40 3.88 ±0.56 4.11 ±0.46 3.29 ±0.51 3.47 ±0.77

Belgium 3.75 ±0.39 3.75 ±0.44 3.40 ±0.32 2.80 ±0.45 3.05 ±0.47

Czech Republic 3.67 ±0.38 3.44 ±0.56 3.11 ±0.43 2.72 ±0.48 3.56 ±0.52

Hungary 4.26 ±0.35 3.84 ±0.47 4.00 ±0.36 3.53 ±0.42 3.21 ±0.65

Slovenia 3.78 ±0.29 3.61 ±0.51 3.27 ±0.37 2.61 ±0.47 3.33 ±0.56

Germany 4.17 ±0.28 3.83 ±0.38 3.50 ±0.38 3.33 ±0.44 4.11 ±0.40

Latvia 4.56 ±0.28 3.33 ±0.58 2.72 ±0.40 2.39 ±0.47 3.67 ±0.58

Estonia 4.21 ±0.31 3.47 ±0.42 3.00 ±0.36 3.11 ±0.44 3.74 ±0.50

Finland 4.16 ±0.39 3.95 ±0.42 3.26 ±0.46 3.00 ±0.51 3.74 ±0.60

France 4.00 ±0.39 3.63 ±0.47 3.31 ±0.39 3.37 ±0.44 3.00 ±0.55

India 4.31 ±0.26 3.92 ±0.47 3.62 ±0.47 3.85 ±0.37 4.16 ±0.44

Japan 3.89 ±0.37 3.67 ±0.46 2.94 ±0.52 2.78 ±0.55 3.22 ±0.50

South Korea 4.32 ±0.29 3.42 ±0.47 3.21 ±0.47 3.05 ±0.61 3.89 ±0.38

Israel 4.54 ±0.34 4.15 ±0.36 2.92 ±0.58 3.31 ±0.69 2.62 ±0.75

Australia 3.93 ±0.43 3.80 ±0.62 3.93 ±0.54 3.47 ±0.52 3.67 ±0.71

New Zealand 3.75 ±0.44 3.40 ±0.56 2.85 ±0.38 2.65 ±0.49 3.35 ±0.52

South Africa 4.06 ±0.61 3.94 ±0.50 3.06 ±0.66 3.44 ±0.55 3.50 ±0.65

Average 4.14 ±0.08 3.73 ±0.10 3.38 ±0.10 3.09 ±0.11 3.50 ±0.12



Figure 1. Qualitative examples of images of five common nouns (City, Beach, House, Festival and Road) generated by DALL·E 2 , for
the default (unspecified) and the country specific prompts. From the shown examples, we note that the default generations often reflect
artifacts from the US, whereas the representativeness is lower for Japan and Chile. The trend remains similar even after specifying the
country name in the prompts, though the GR scores increase for all countries. (SA: South Africa, Aus: Australia)



Figure 2. Qualitative examples of images of the five other common nouns (Dress, Flag, Park, Wedding and Kitchen) generated by DALL·E 2
for the default (unspecified) and the country specific prompts. From the shown examples, we note that the default generations often reflect
artifacts from the US, whereas the representativeness is lower for Japan and Chile. The trend remains similar even after specifying the
country name in the prompts, though the GR scores increase for all countries. (SA: South Africa, Aus: Australia)



Figure 3. Qualitative examples of images of the five other common nouns (City, Beach, House, Festival, Road) generated by Stable
Diffusion, for the default (unspecified) and the country specific prompts. Like the DALL·E 2 generated images, we note that the default
generations often reflect artifacts from the US, whereas the representativeness is lower for Japan and Chile. The trend remains similar even
after specifying the country name in the prompts, though the GR scores increase for all countries. (SA: South Africa, Aus: Australia)



Figure 4. Qualitative examples of images of the five other common nouns (Dress, Flag, Park, Kitchen, Wedding) generated by Stable
Diffusion, for the default (unspecified) and the country specific prompts. Once again, we note that the default generations often reflect
artifacts from the US, whereas the representativeness is lower for Japan and Chile. The trend remains similar even after specifying the
country name in the prompts, though the GR scores increase for all countries. (SA: South Africa, Aus: Australia)


