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Figure 1: Distribution of bounding box absolute areas
according to MS COCOQO’s standard. Most of our boxes
are considered large objects with MS COCO’s standards.
This distribution is due to frequent classes that naturally
represent large street objects like trees, sidewalks, or curbs.
Nevertheless, most instances have very small relative areas
due to the large size of our images.
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Figure 2: Distribution of distances from sampled points
to the closest crossing point in the training set. More
than 50% of the sampled images were matched to a cross-
ing point within a 30-meter radius. The number of images
decreases as the distance value increases.
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Figure 3: Logarithmic distribution of pedestrian colli-
sions in the entire dataset. Our dataset presents an evident
long-tail distribution as most sampled points have low colli-
sion incidence. We observe that most of our dataset has less
than 100 collisions, and the majority of our images have be-
tween 0 and 10 collisions.
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Figure 4: Distribution of the Exact Error (y — ¢) between
ground truths (y) and predictions (7) for the testing set.
The figure shows the number of predictions for each ex-
act error range. The majority of predictions exhibit errors
between -5 and 5. Furthermore, the model demonstrates a
tendency towards slight overestimations, as the majority of
the predictions exhibit negative errors relative to the ground
truth values.



Images with Zero Collision Frequency
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Figure 5: Example annotations of images with zero pedestrian collisions. The images shown correspond primarily to
residential areas with small amounts of built environment objects.



Images with Intermediate Collision Frequency (20-60 Collisions)
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Figure 6: Example annotations of images with intermediate amounts of pedestrian collisions. The images shown cor-
respond mostly to regular streets with multiple sidewalk obstructions and parked vehicles (top and middle), or potholes
(bottom).
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Figure 7: Example annotations of images with high amounts of pedestrian collisions. The images shown correspond to
large highways with multiple visible objects (all), sidewalk obstructions (top and middle), and poor street markings (bottom).



