












Method num.unknown-class: 6 num.unknown-class: 8 num.unknown-class: 10

mAPk↑ ARu↑ WI↓ AOSE↓ mAPk↑ ARu↑ WI↓ AOSE↓ mAPk↑ ARu↑ WI↓ AOSE↓
D-DETR(ICLR’21) [1] 18.34 0.00 6.057 4567 18.17 0.00 6.459 5379 16.39 0.00 6.893 6402

OpenDet(CVPR’22) [15] 16.57 21.20 6.472 3608 16.02 21.24 7.558 4122 15.88 17.66 7.598 5248
OW-DETR(CVPR’22) [14] 16.67 21.78 6.637 3711 16.40 20.00 7.408 4278 15.71 17.75 7.885 5254

PROB(CVPR’23) [60] 12.12 24.66 6.101 3091 11.51 25.07 6.826 4213 11.76 21.41 6.968 5921
CAT(CVPR’23) [34] 13.06 22.64 6.617 3289 13.38 24.51 6.571 4351 13.87 20.45 7.012 6016

SOMA(ICCV’23) [28] 15.20 26.64 7.197 3966 15.04 25.50 7.800 4632 14.48 24.27 8.738 6003
ASGS (ours) 21.66 25.10 6.048 3061 21.95 26.57 6.435 4078 19.06 22.68 6.863 5247

Table 2. Performance on Pascal VOC → Clipart dataset.

Method num.unknown-class: 3 num.unknown-class: 4 num.unknown-class: 5

mAPk↑ ARu↑ WI↓ AOSE↓ mAPk↑ ARu↑ WI↓ AOSE↓ mAPk↑ ARu↑ WI↓ AOSE↓
D-DETR(ICLR’21) [1] 13.24 0.00 0.133 956 13.27 0.00 0.170 1054 13.29 0.00 0.184 1598

OpenDet(CVPR’22) [15] 13.02 1.10 0.131 712 12.91 1.36 0.197 902 12.92 1.27 0.171 1248
OW-DETR(CVPR’22) [14] 12.77 1.19 0.129 630 12.77 1.21 0.181 700 12.80 1.32 0.162 862

PROB(CVPR’23) [60] 10.71 1.83 0.128 609 10.29 1.78 0.166 728 9.82 1.88 0.178 801
CAT(CVPR’23) [34] 11.12 1.45 0.135 730 11.38 1.51 0.171 778 11.76 1.41 0.182 812

SOMA(ICCV’23) [28] 8.22 1.22 0.163 764 7.15 0.79 0.169 512 7.33 0.88 0.198 736
ASGS (ours) 13.57 1.81 0.126 600 13.69 1.81 0.148 720 13.62 1.88 0.161 718

Table 3. Performance on Cityscapes → BDD100K dataset under het-sem setting.

Figure 3. Qualitative comparisons on Cityscapes → Foggy Cityscapes under het-sem setting between (a) OW-DETR and (b) ASGS.

achieves competitive ARu comparable to SOMA while
maintaining the lowest AOSE and WI scores across all set-
tings.

Cityscapes→ BDD100K. Table 3 shows the experimental

results on Cityscapes → BDD100K under het-sem setting
with 3, 4, and 5 unknown classes. ASGS achieves the best
performance in most metrics across all settings. Specifi-
cally, for known class detection, ASGS obtains the high-
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