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Appendix
A. Dataset Statistics

In this section, we aim to provide more detailed statistics on
the proposed dataset.

Sensor Configurations. Our sensor configurations are pre-
sented in details in Section 3. We employ a custom profile
from Project Aria [3] that best fits our demand on the dataset
construction. The RGB sensor (10 FPS) is rolling shutter, so
we did not use it in the evaluation of this paper, but it is pro-
vided in the dataset as one of the modalities. Therefore, we
use the two available SLAM cameras or the multi-camera in-
ertial setup in our evaluation. The two SLAM cameras are on
the sides of the glasses and thus do not have enough overlap
to support horizontal stereo setup (as shown in Fig. 1).

Controlled Experimental Set. The controlled experimental
set consists of sequences with four different levels of diffi-
culties. The first three levels (I, II, III) are platform-based
with handheld artificial motion, to mimic the setup of the
commonly used academic datasets [1]. Specifically, we put
the Aria glasses on a self-assembled carton platform (as in
Fig. 2). The recordings in level IV are egocentric in nature,
with controlled initial motion to help mitigate issues in IMU
initialization. The motion patterns gradually become more
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Figure 1. The overlap of the two SLAM cameras is severely
limited, making it hard to evaluate in horizontal stereo mode.
Top: The original SLAM image pair, Bottom: The SLAM image
pair after stereo rectification.

complex for the four levels, as discussed in Sec. 3 in the
main paper.

Fig. 6 further shows visualizations of different motion
patterns for the four levels respectively. Level II includes
out-of-plane rotation while level III has fast and complex
movements with significant vertical motion. In level IV, the
data is recorded with head-worn glasses and exhibits natural
head motion that is common in egocentric data.

Main Dataset. The main dataset is categorized into five
groups in the evaluation. We first group all recordings that
cover low-light conditions or moving platforms into two
specific challenge groups, and then categorize the rest of the
recordings by number of covered CPs. The detailed statistics
for each recording, along with the covered challenges, are
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