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Figure 1. Computational cost of each process in LPAM under dif-
ferent patch sizes.

1. Computational Efficiency
We further evaluate the computational cost of each process
in our LPAM under different patch sizes in Eq. (2), as
shown in Fig. 1. Our LPAM mainly consists of seam evalu-
ation, patch extraction, patch alignment, and seam merging.
Patch extraction and seam merging cost little; the main costs
are seam evaluation and patch alignment, with larger patch
sizes increasing the latter’s cost.

2. Visual Results
In this section, we present additional visual results in Fig.
2-7 to validate that incorporating our LPAM into the seam-
cutting methods can significantly enhance the quality of the
final stitching results.
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(a) Input images

(b) Baseline (c) Baseline+LPAM

(d) Perception [2] (e) Perception+LPAM

(f) Iterative [3] (g) Iterative+LPAM

(h) Quaternion [1] (i) Quaternion+LPAM

Figure 2. Comparisons of applying our LPAM to different seam-cutting methods.



(a) Input images
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Figure 3. Comparisons of applying our LPAM to different seam-cutting methods.
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Figure 4. Comparisons of applying our LPAM to different seam-cutting methods.
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Figure 5. Comparisons of applying our LPAM to different seam-cutting methods.



(a) Input images
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Figure 6. Comparisons of applying our LPAM to different seam-cutting methods.



(a) Input images

(b) Perception [2] (c) Perception+LPAM

(d) Iterative [3] (e) Iterative+LPAM

Figure 7. Comparisons of applying our LPAM to different seam-cutting methods.
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