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Appendix / Supplementary Material

A. More experimental details of OOD detection with ImageNet-1k.

Referring to Section 5.2, we also conduct experiments under other few-shot settings on both conventional and challenging
ImageNet-1k OOD benchmarks. As shown in Tab. 8 and Tab. 9, our FA achieves superior average performance.

iNaturalist SUN Places Textures ‘ Average

Method FPR95S|  AUROCT  FPR95,  AUROCt  FPR95, AUROCt FPR95,  AUROCT  FPR9S|,  AUROCT

CoOpnicm 33738373 9279+128  3715:152 93 17t026 44584143 g9 572032 47972064 g9 25:0.57 36 17143 gp 1g+0.34
CoOpaL 18.924346 9536094 2959+189 93 67+076  3755+119 90 11035 5135219 8499+150  3435:1.87 g0 78+078
LOCOOPMCM 29.60L5,72 93.86L1.19 32.05L1.88 MLO.ZQ 40.63Ll454 90.59L0428 42.41Ll472 90.6610.30 36'17;1.43 92'18;0,33
LoCoOpgr, 19305301 95098067  2333+1.87 9505053 3325+1.77 9175035 44102252 8925038  2999=149 931038

IDLike 23.93+420  04.92+177 5370849 g8 71+267 53 49+967  gg 49+31l  9g 31352 9393064 39 35:260 g 57+1.32
SCTmem 3491#420 9290073 3184+372  9329:079  3880+297  9( 49056 43 70+413 90 36:061 3708295 9176048
SCTaL 1846°171 96067013 27.20454 93575170 32.46+126  9139:030  4359:284 88 61*031  30.43:085  9p 41041

FAuem(Ours) 26.91#349 94474064 35098+271  9p 52061 33 69:0.51 93 78007 2567195 9459019 3055083 93 63:024
FAgL(Ours)  14.01:162 9675037 29 10#232 9326057  30,77:045  92.59:0.19 30 98247 0 48064  2627+109  ¢377:024

Table 8. Conventional ImageNet-1k OOD benchmark under the 4-shot setting. We use the same notation as Tab. 1

Method Openlmage-O NINCO ImageNet-O ‘ Average

FPR95] AUROCT FPRY5] AUROCT FPR95] AUROCT FPR95] AUROCT

1-shot
COOPMCM 43'67i5A22 90‘91i1A01 80.32i1'69 71.28i1‘46 73_08i2A22 79'13i0A81 65.69i2‘74 80.44i0'94
COOPGL 3736i579 91'0310488 74.38i1'13 73.5511.79 71'27i1466 76.16i1'41 61.01i2‘03 80.25i1'23
LoCoOppmcm 44,57+1.58 90.52+0-44 81.19+1.64 70.18+1-96 75.60+1-96 78.87+0-92 67.12+1:65 79.86+0-99
LoCoOpaL 38.46%1-54 91.15%0-25 76.95+0-25 70.62+1-63 72.26+1-23 78.80=0-91 62.56+1-63 80.19+0-82
IDLike 47.48+7-36 89.54+2.00 71.61+5-34 76.02+2-66 79.45+4.03 71.59+0-86 66.18+5-58 79.05+1-84
SCTMCM 43'32{7‘06 91‘041147 81.23i1'78 67.81il‘78 75_01i2A24 MtLOS 66.52i3‘53 79.81i1'05
SCTqL @15.99 91.93+1-43 75.37+2.52 70.33+1.19 70.57%3-00 79.62+1.10 60.38%3-66 80.63+0-88
FAmcm(Ours) 40.21i2.76 91.4710.27 inAE wﬁObO @10.28 81.27i0.53 MﬁOJS 83.27i0.29
FAgL(Ours) 34.04+1-45 92.17+0-08 66.69+0-29 78.24+0-52 65.87+0-38 79.20+0-66 55.53+0-47 83.20+0-37
4-shot

CoOpmcm 40.38+3:63 91.40+0-79 79.46+1-49 72.18+1-13 71.85+1-93 80.01%0-85 63.90%+2:22 81.19%0-57
COOPGL 35.24i2.38 91'2710.90 74‘09i1.31 74.56i1'48 70'45i1415 76.23i1'70 59.9211.47 80.69i1'08
LOCOOPMCM 40']0i2.06 91.42i0.69 79‘06i0'96 7].68i0'68 72.46i0'41 Mio.éﬂ 63.87i1'13 81.35i0'54
LOCOOPGL 35_7011.60 91.91i0A46 75.86i0'37 72.12i0A58 68.93i1‘78 80_8510.39 60.16i1‘19 81.63i0'35
IDLike 55.76+6-50 87.94+0-90 78.82+0-25 72414174 83.46+0.64 68.94+1.64 72.68+2-43 76.43+0-79
SCTumem 41.15%1-31 91.20+0-17 80.75%1-36 69.02+1-26 73.37+1.69 80.63+0-84 65.09+0-88 80.28+0-47
SCTqL Mil.ﬂ) 91.98+0-19 75.56+0-92 71.44+1.16 69.33+1.39 80.05%0.65 59.99+0.92 81.17%0.23
FAmcm(Ours) 4].23i1.49 91.]8i0'31 Mil.QG Mﬁl.45 wio.&i 82.18i0.25 MﬁO.QS MiOAQ
FAgr.(Ours) 33.92+0-59 91.99+0-26 65.80+1:93 78.84+1-19 64.10+1-06 80.09+0-16 54.60=0-77 83.64+0-38

Table 9. Challenging ImageNet-1k OOD benchmark under the 1-shot and 4-shot settings. We use the same notation as Tab. 1.

B. More experimental details of OOD detection with other ID datasets

Referring to Section 5.2, we also use Food101 [3], StandfordCars [21], Caltech101 [12], FGVCAircraft [29], Flow-
ers102 [35], and OxfordPets [36] as ID datasets under the 16-shot setting. As shown in Tab. 10, using these ID datasets
for OOD detection presents relatively lower difficulty, and our FA achieves superior OOD detection performance.
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ID Dataset Method FPR95, AUROCT FPR95| AUROCT FPR9S| AUROCT FPR95| AUROCT FPR95|  AUROCT

COOPMCM 2.29i1.20 99'35i0.18 2.02i0,47 99.49i0,12 2.25i0479 99.43i0A17 4.74i0453 98.53i0‘19 2.83i0'46 99'19i0.06
Foodl101  CoOpgL 043013 9979002 (g1+0.29 99 77+005 (758033 99 764007 4 444090  9g 55032 | g1+0.11 g9 47+0.04
FAwcum(Ours) 0.57%0.06 99,77+0.13 wi&(ﬁ 99.93+0.02 Mﬂl“ inAOQ 1.63%0-15 99.64+0.06 mﬂ:().lb’ 99,.81+0.02
FAgy(Ours) 0.1010.07 99.9010,03 0.03:t0.02 99‘9510,01 0.06i0‘04 99.95:&)401 MiolZ Mio(ﬂ 0.5210.05 99.8410,01

Stanford- COOPMCM 0. 12i0.02 99.83i0'08 mioﬂl 99V97i0A01 0.161003 wioﬂl 0‘0010.00 99.97i()‘01 0.0810.06 99.93i0.02
Cars COOpGL 0.06i0'02 99'93i0.03 0‘04i0.02 99.98i0'01 0.20i0405 99.94t0,01 mioﬂo 99.98i0‘01 0.08i0'03 99.96i0'02
FApcm(Ours) 0_0110.00 99.89i0'02 0.00i0.00 99.99i0.01 Lin.Oﬁ 99.94i0.01 0'01i0401 Mioﬂl 0_0510.02 99'9510.01

FAgL(Ours) Mﬁo,ol 99'94i0,01 O.OSiOAOZ Mioﬂl 0‘231002 99.921001 001&0401 Mioﬂo wio,ol %io.oo

CoOpmem 19.09%285  9627+055  627+1.23 9833025 11 18147 97,05+041 33071 9g 31012 10 72+133 97 49+0.31
Caltech101  CoOpgL. 1693392 96,6042 7.13+293  9828+052 12 83+412  96.89+084 1] 35%175 97 52+0.34 3 06435 97.33+0.73
FAMCM(OUI‘S) 10.8213‘21 97.8310,51 4'1610.70 98’93:&0,20 6.6610‘56 98.3010.19 3:74:&0479 99.09:&0418 @10.97 98.5410,19
FAg(Ours) 6.54i1.96 98.5610.29 MiO.% Mio.ll Lmj:O.Zl Mi0.0S wil,oo wmw 5.62i0.77 98_66i0.]1

FGVC-  CoOpmem  43.96*028 8957136 18315364 9640095  21.97+733  94.99+136  1741+481 96 .34+089  9541+492 94 ,33+081
Aircraft ~ CoOpgy, 64315820 81605208  41.94*82% 9056234 4508821 88.59*229  5441%995 84.72+%19  51.44+716 g6 37+219
FAycu(Ours) 7.07+378 98542065 049:049  99.75:0.16  170:035 99 5:0.18 ¢ 58:0.51 99 81:0-12 3 46+1-32 99 40027
FAgL(Ours) 2061650 9576137 mil.29 99.33=0:27 ﬁiO.BQ 9g8.87+0-26 &1].36 99,12+034 wi2.45 9g8.27+0-53

COOPMCM 30.90i1.80 92'38i0.66 1.84i1'58 99.57i0,33 3.1 8i1468 99.21t0,36 miQSG %iofm 9'5211.19 97.67i0'33
Flowers102 CoOpagr, 33325310 92 25%079 564216 99 494039 396=191 99 0g*038 429064 99 7016 1103177 9748039
FAycu(Ours) 20.96=409 95233089 (461007 99 g7+001 1 47+0.19 99 62+005 () gp+0.13 99 78+0.05 593+1.09  9g 63+023
FAgy(Ours) %ifhﬁ Mﬁoﬁﬁ miOlO Mi0,0Z MiOZS wio.(ﬁ 2'9510454 99‘27i0409 Eills Mﬁ0,23

Oxford- COOpMCM 4.64i1’58 99.02i0.23 0~33i0A3l 99~90i0A06 1‘021032 99'77i0A05 0.79i0.23 99‘82i004 1.69i0’55 99.63i0'08
Pets CoOpaL 2.88+1.13 99.38+0-18 @t0.0S 99.93+0.05 () gg+0.47 99.79+0.07 1 80075 99.59+0.15 | 49+0.67 99.67+0-11
FAncm(Ours) mi().ﬁo 99_7310.15 0.09i0.06 99.94+0.02 0'37i0.12 99-90i0.02 0'22i04]4 99.94+0.03 0.3910.22 99_8810.05

FAgL(Ours) 0'6310.42 99.80i0'09 0.751008 99A81:EOA02 mi&lo w:ﬁ)ﬂfﬁ miols wi&(ﬁ M:EO,ZI M:EO,(E

Table 10. Full numerical results of OOD detection performance with other ID datasets under the 16-shot setting. We use the same notation
as Tab. 1.



