LayerD: Decomposing Raster Graphic Designs into Layers

Supplementary Material

A. Editing Examples

We show editing examples in Fig. A. Here, we use LayerD
to decompose the input image into layers, divide each layer
into connected components, and group text components us-
ing CRAFT [1] to facilitate editing. We import the layers
into PowerPoint' and perform various edits, from simple
layout manipulation to applying built-in image effects, at
the layer level. As the examples show, once the images
are decomposed, users can intuitively edit them with pre-
cise control over each graphic element.

B. Additional Results

We present additional examples of decomposed graphic de-
sign images using our method in Figs. B and C. These ex-
amples are selected from the Crello [7] test set and demon-
strate the effectiveness of our method across diverse design
styles.

C. Failure Cases

In Figs. D and E, we show typical failure cases of our
method. The first set of failure cases (Fig. D) involves ob-
jects that are too small, such as detailed text descriptions,
which are challenging to decompose due to their limited
spatial extent. We believe that these can be mitigated by in-
creasing the resolution of the input images. The second set
of failure cases (Fig. E) is due to the ambiguity of the layer
granularity. For these samples, it is difficult even for hu-
mans to decompose them into the same layers consistently.
Although our evaluation metrics account for such ambigu-
ity, we may need to improve training objectives or the post-
refinement process to address these cases.

D. User Study

We conduct a user study in which 21 cloudworkers ex-
perienced in layer-based image editing rate the practical
utility of 50 decomposition results—randomly ordered and
anonymized—from LayerD and our two baselines on the
same images using a five-point scale. Tab. | summarizes the
results of the user study. LayerD achieves the highest aver-
age score, and a significant majority of the users (71.4%)
rate LayerD the highest average score. This result further
emphasizes the practical superiority of our method.
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Table 1. Results of the user study. We report the average score,
the number of users who rate each method as the best on average
across all samples (#Pref. users), and the number of samples for
which each method is rated the best on average across all users
(#Win samples).

Score  #Pref. users #Win samples
LayerD 3.74 15(71.4%) 27 (54.0%)
YOLO base  3.52 2 (9.5%) 15 (30.0%)
VLM base 3.31 4 (19.0%) 8 (16.0%)

E. Influence of Matting and Inpainting Model
Choices

We vary the matting backbones (Swin-L/T [4], PVT-
M/S [6]) and replace the inpainting model with FLUX.1
Fill [dev] [2] and evaluate their influence. The larger mat-
ting models improve performance while using FLUX.1 Fill
[dev] shows significant degradation. Generative inpaint-
ing often introduces unwanted objects, which interfere with
subsequent decomposition steps. This highlights the need
for graphic design-specific inpainting as well as refinement.
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(a) Results with different matting backbones, SwinTransformer [4] and
PVT [6] variants. The inpainting model is fixed to LaMa [5].
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(b) Results with different inpainting models, LaMa [5] and FLUX [3].

Figure F. Evaluation results of LayerD with different matting (a)
and inpainting model (b) choices.


https://www.microsoft.com/powerpoint

Figure A. Editing examples on Crello [7] test set. The leftmost images are the original images, and the remaining images are edited ones
based on the decomposed layers. We use LayerD to decompose the original images into layers, divide them into connected components,
and group text components using CRAFT [1]. Then, we perform vatayes-leveledits, from simple layout changes to applying built-in

image effects, on PowerPoint.



Figure B. Additional qualitative results of our method on Crello [7] test set. The leftmost column shows the input image, and the remaining
columns show the decomposed layers from back to front.



Figure C. Additional qualitative results of our method on Crello [7] test set. The leftmost column shows the input image, and the remaining
columns show the decomposed layers from back to front.



Figure D. Failure samples for too small objects on Crello [7] test set. The leftmost column shows the input image, and the remaining
columns show the decomposed layers from back to front.

Figure E. Failure samples due to the ambiguity of the layer granularity on Crello [7] test set. The leftmost column shows the input image,
and the remaining columns show the decomposed layers from back to front.
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