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1. PTQ for SRResNet

We further extend the comparison with PTQ methods using
the SRResNet network. The results, presented in Table 1,
show that our method consistently achieves the best perfor-
mance across all datasets and settings.

Method T OW/A Set5 Setl4 BSDI00 Urban100
PSNR_SSIM_PSNR_SSIM_PSNR_SSIM_PSNR__SSIM
SRResNet [4] - 3232 3206 0892 2850 0779 2752 0735 2586 0.779
SRResNet-MSE [1] X 6/6 3140 0885 2793 0770 2707 0727 2540 0.766
SRResNet-MinMax [3] ~ x  6/6 3175 0883 2827 0769 2732 0726 2559 0.765
SRResNet-Percentile [S]  x  6/6  19.60 0803 1907 0693 2030 0676 17.40 0.682
SRResNet-PTQ4SR [6] v 6/6 3179 0.885 2835 0773 2740 0729 2566 0.768
SRResNet-AdaBM [2] v 6/6 3179 0.885 2837 0773 2741 0729 2568 0.769
SRResNet-Ours v 6/6 3191 0888 2842 0.775 2745 0731 2571 0.772
"SRResNetMSE[1]” ~~ ~ x 474 2507 0820 2399 0704 2410 0.669 2142 0.681
SRResNet-MinMax [3]  x  4/4 2878 0819 2651 0708 2609 0.666 2377 0679
SRResNet-Percentile [S]  x  4/4 1947 0774 19.03 0662 20.19 0.642 1728 0.637
SRResNet-PTQ4SR [6] v 4/4 3108 0868 27.96 0757 27.06 0711 2506 0.739
SRResNet-AdaBM [2] v 4/4 3143 0877 2804 0763 27.16 0718 2524 0.749
SRResNet-Ours vV 4/4 3147 0880 2816 0767 2725 0.722 2533 0.754

Table 1. Performance comparison between PTQ methods using
SRResNet, with a scale factor of 4.

2. Additional qualitative results

We provide additional visual comparisons of PTQ methods
using EDSR and SRResNet networks in Figures | and 2.
The results demonstrate that our method achieves perfor-
mance comparable to that of a full-precision model. For
EDSR, as shown in Figure |, our method effectively pre-
serves details while maintaining robustness to noise. For
SRResNet, as illustrated in Figure 2, both PTQ4SR [6] and
AdaBM [2] introduce noticeable noise, particularly on re-
gions such as the white wall in the first row. In contrast, our
method effectively suppresses noise while maintaining high
visual fidelity.
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Figure 1. Visual comparison between different PTQ methods with the EDSR network under W4A4 setting.
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Figure 2. Visual comparison between different PTQ methods with the SRResNet network under W4A4 setting.
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