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Figure 5. Scatter plots of entropy metrics versus subjective quality
scores. (a) Luminance entropy (Him) correlates with perceptual
brightness and contrast. (b) Texture entropy (Hex) reflects spatial
structure and correlates similarly with MOS.

and outdoors, during daytime and nighttime, with no artifi-
cial degradation. Subjective ratings from 53 participants re-
vealed a broad and balanced distribution of perceived qual-
ity scores. Our analysis identified luminance and texture vi-
sual entropy as two interpretable visual features that exhibit
strong correlations with human perception, offering valu-
able insights into content-aware quality modeling in uncon-
strained surveillance environments.

CQA-DB not only addresses critical limitations of ex-
isting datasets such as lack of realism, scene diversity, and
statistical reliability but also serves as a strong benchmark
for training and evaluating NR-IQA models tailored to op-
erational CCTV conditions. We plan to make the proposed
dataset publicly available in the near future to support re-
producible research and accelerate progress in perceptual
modeling for surveillance images.
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