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Experimental results on SPA-Data

e Dataset: SPA-Data [8] (real-world)

The quantitative comparison on SPA-Data dataset
(Red: the best result; Blue: the second best result).

Methods SPANet RCDNet ECNet ECNet+LL
[8] [6] (ours) (ours)
PSNR 40.04 41.05 43.62 44.32
SSIM 0.984 0.985 0.990 0.991

Note: PSNR/SSIM are calculated on Y channel

* Training pairs: 633492

e Testing pairs: 1000



Qualitative comparison on SPA-Data
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Qualitative comparison on SPA-Data
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Qualitative comparison on SPA-Data
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Experimental results on Rain100H
e Dataset: Rain100H [7]

The quantitative comparison on Rain100H dataset
(Red: the best result; Blue: the second best result).

Methods SIRR RESCAN PReNet JORDER-E RCDNet BRN ECNet ECNet+LL
[1] 2] 3] [4] [5] [6] (ours) (ours)
PSNR 22.03 28.82 30.31 30.22 31.26 31.32 29.80 31.43
SSIM 0.714 0.867 0.910 0.898 0.912 0.924 0.903 0.921

Note: PSNR/SSIM are calculated on Y channel

* Training pairs: 1800
* Testing pairs: 100



Qualitative comparlson on Rain100H
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Experimental results on Rain100L
e Dataset: Rain100L [7]

The quantitative comparison on Rain100L dataset
(Red: the best result; Blue: the second best result).

Methods SIRR RESCAN  PReNet JORDER-E RCDNet BRN ECNet  ECNet+LL
[1] 2] 3] 4] [5] [6] (ours) (ours)
PSNR 32.31 38.09 37.21 39.36 39.76 38.16 38.21 39.66
SSIM 0.926 0.980 0.978 0.985 0.986 0.982 0.981 0.986

Note: PSNR/SSIM are calculated on Y channel

* Training pairs: 200
* Testing pairs: 100
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Experimental results on Rain200H
e Dataset: Rain200H [7]

The quantitative comparison on Rain200H dataset
(Red: the best result; Blue: the second best result).

Methods SIRR RESCAN PReNet JORDER-E RCDNet BRN ECNet ECNet+LL
2] [3] [4] [5] [6] [7] (ours) (ours)
PSNR 22.17 27.95 29.47 29.23 30.18 30.27 28.54 30.22
SSIM 0.726 0.862 0.907/ 0.894 0.909 0.919 0.893 0.912

Note: PSNR/SSIM are calculated on Y channel

* Training pairs: 1800 (Models trained on Rain100H are used)
* Testing pairs: 200



Qualltatlve comparlson on RaanOOH
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Qualltatlve comparlson on Rain200H
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Experimental results on Rain200L
e Dataset: Rain200L [7]

The quantitative comparison on Rain200L dataset

(Red: the best result; Blue: the second best result).

Methods SIRR RESCAN PReNet JORDER-E RCDNet BRN ECNet ECNet+LL
2] [3] [4] [5] [6] [7] (ours) (ours)
PSNR 32.21 38.43 37.93 39.13 39.49 38.86 38.37 39.72
SSIM 0.931 0.982 0.983 0.985 0.986 0.985 0.983 0.987

* Training pairs: 1800
* Testing pairs: 200

Note: PSNR/SSIM are calculated on Y channel
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Qualitative com on on Rain200L
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Experimental results on Rain800
e Dataset: Rain800 [9]

The quantitative comparison on Rain800 dataset
(Red: the best result; Blue: the second best result).

Methods SIRR RESCAN PReNet JORDER-E RCDNet BRN ECNet ECNet+LL
2] [3] [4] [5] [6] [7] (ours) (ours)
PSNR 22.73 28.36 26.82 27.92 28.66 28.31 28.80 29.26
SSIM 0.762 0.872 0.888 0.883 0.893 0.986 0.901 0.905

Note: PSNR/SSIM are calculated on Y channel

* Training pairs: 700
* Testing pairs: 100



Qualitative comparison on Rain800
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Qualitative comparison on Rain800
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