WACV
#1350

000
001
002
003
004
005
006
007
008
009
010
011
012
013
014
015
016
017
018
019
020
021
022
023
024
025
026
027
028
029
030
031
032
033
034
035
036
037
038
039
040
041
042
043
044
045
046
047
048
049
050
051
052
053

WACYV 2024 Submission #1350. | Algorithms Track.

CONFIDENTIAL REVIEW COPY. DO NOT DISTRIBUTE.

HAMMER - Supplementary Material

Anonymous WACV‘ Algorithms Track ‘ submission

Paper ID 1350

1. Additional Qualitative Results

Figure 1. Input reference image for Figure 2

In this section we show additional visual results that
were obtained with our proposed HAMMER method. The
depth map output of every stage for the input reference im-
age shown in Figure 1 is depicted in Figure 2. Figure 3
shows another comparison to GeoMVSNet [1] on the offi-
cial Tanks and Temples point clouds. As in the main paper,
we can clearly see that our method produces less outliers.
Figure 4 shows the effect of the learned entropy.

2. Additonal Ablation Findings

We tested several different settings for our network ar-
chitecture that slightly changed the results on the DTU test
set but were not fully conclusive. We report these additional
findings in Table 1. For the °4 stages’ design we use 4 in-
stead of 5 stages and thus the network only outputs 8 depth
maps. In the ’6 res-blocks’ setting we add an additional
residual block to the 3D CNN for cost volume regulariza-
tion. We also change the adjustable depth interval parame-
ter ¢ from 0.55 to 0.6. All of the aforementioned settings
seem to have very limited influence on the results. Finally,
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Figure 2. Depth map outputs of all stages in HAMMER.
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Figure 3. Qualitative comparison between GeoMVSNet [1] and our method on the Lighthouse scene of Tanks and Temples. The color
:2: indicates the distance to the ground truth with 7 = 30mm. Our method shows significantly less outliers in terms of precision. zg?
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