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1. Implementation Details

2. SceneShinePeople Dataset
To illustrate our methods, we construct two synthetic se-
quences using Blender. We use the textured, animated people
from meshcapade [6], and room assets from turbosquid [7].
We process the sequences following HUGS [4, 9]. The
datasets include two subsets: ”walk” with 86 frames and
”stroll” with 171 frames. We divide the datasets into train-
ing, validation, and testing sets for both main and relighted
sequences. Training is conducted on the training set of the
main sequences, while testing is performed on the test set of
the relighted sequences. The trajectory is visualized using
the tools provided by Neuman [3], as shown in Fig. 1.

3. Method Design
During training, we regulate normal, depth, and PBR prop-
erties. We predict normal ni as learnable parameters for
each Gaussian in the scene and splat ni to generate the nor-
mal image N . We then regularize N with a pseudo normal
Ñ , estimated from omnidata [1], which has been shown to
produce more robust geometry rendering [8]:

Ln = ∥N − Ñ∥2 (1)

We further calculate monocular depth with
Depthcrafter [2], which is designed for monocular
depth estimation from video. We supervise the rendered
depth with Pearson correlation loss proposed by FSGS [10]

Ld =
Cov (D,Dmono)√

Var (D)Var (Dmono)
(2)

The smoothness constraints on roughness and albedo Lsr,sa,
was designed as:

Lsr,sa = ∥∇Ir,a∥exp(−∥∇Igt∥) (3)

Light loss Llight was applied as following:

Llight =
∑
c

(
Lc −

1

3

∑
c

Lc

)
, c ∈ {R,G,B} (4)

4. Experiments
4.1. More comparisons on Real-world Dataset
We present additional qualitative comparisons of our method
against HUGS and IC-Light on composite videos, as shown
in Fig. 2. Further video demonstrations are included in the
supplementary video.

4.2. More comparisons on Single Human Relighting
task

We provide more qualitative demos on the single human
relighting task in Fig. 3. Our method provides a more natural
lighting with a clear face appearance.
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(a) Walk (b) Stroll

Figure 1. Visualization of the two sequences in SceneShinePeople.
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Figure 2. We show more visualization comparisons between our method with HUGS and IC-Light from novel views, where the human
subject is animated with new poses. Our method demonstrates more realistic relighting while maintaining identity consistency.
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Figure 3. Single-human relighting results under the given HDRI map. Our method produces sharper textures while ensuring a more natural
lighting effect compared to HUGS [4] and RAvatar [5]. Please zoom in to see the details.
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