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Supplementary Material

1. More Qualitative Results on Multiscan

Fig. 1 presents qualitative comparisons on the Multiscan
dataset. We compare Search3D, our method, the ground
truth (GT) segmentations, and the corresponding color
mesh. Each color denotes a class-agnostic part-level 3D
proposal. As shown in the results, Search3D often fails to
separate parts with similar geometric attributes, particularly
when they are located on the same plane. This limitation
arises from its reliance on geometric over-segmentation,
which tends to merge geometrically similar but semanti-
cally distinct parts into a single region. In contrast, our
method produces more accurate and consistent part-level

proposals. By leveraging 2D mask information rather than
purely geometric cues, our approach better distinguishes ad-
jacent parts with similar geometry, resulting in finer and
more semantically meaningful segmentation.

2. Discussion and Limitation

Even though our method solves the limitation of
Search3D[4], there are still some limitations in our method
that need to be solved. The first one is how to decide the
granularity of 2D masks. In our method, we pick masks of
a specific granularity as the initial mask for tracking, and
we use the tracking result as the standard for merging to
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Figure 1. Qualitative results on Multiscan. From top to bottom, we show the results of Search3D[4] and our method, GT segmentations,
and the color mesh. In (A) to (C), each color represents one class-agnostic part-level 3D proposal. Our approach achieves more accurate
and consistent segmentation than Search3D[4].



generate a part proposal. However, different parts may not
appear in the same granularity. This causes ambiguity in
how to decide the most proper granularity. One possible
solution is using 2D foundation models like [2][1] to help
identifying the most proper granularity. The second limi-
tation is the accuracy of the tracking model[3]. We found
that SAM2[3] often fails to track correctly when multiple
parts share similar textures. This limitation can be solved
once there is a more powerful tracking model in the future,
because each component in our method is plug-and-play.
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