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Breakfast dataset

Activity class name # subactions (K)
Coffee 7
Cereals 5
Tea 7
Milk 5
Juice 8
Sandwich 9
Scrambleddegg 12
Friedegg 9
Salat 8
Pancake 14

Table 1. Number of subactions per complex activity in the Break-
fast dataset.

YouTube Instructions

Activity class name # subactions (K)

Changing tire 11
Making coffee 10
CPR 7
Jump car 12
Repot plant 8
Table 2. Number of subactions per complex activity in the

YouTube Instructions dataset.

1. Experiments

This document provides additional qualitative results,
specifies the number of subactions K, and illustrates the
continuous latent space representations.

1.1. The number of subactions K

In Tables[T]and[2] we show the numbers of subactions for
each activity class. For example, cereals activity consists of
SIL, take bowl, pour cereals, pour milk, stir cereals subac-
tions. The 50Salads dataset includes a single complex
activity.

*This work was mainly done at University of Bonn. Asterisk denotes
equal contribution.
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Figure 1. Visualization of embeddings via t-SNE [1] on the 50Sal-
ads dataset. Each frame is color coded a) with the corresponding
ground truth subaction label, b) with K assigned subaction labels
after clustering as the second step in Fig. 1 in our main paper, c¢)
with the predicted labels after the decoding stage. The optimiza-
tion of our network is performed with respect to relative timestep
of each frame. In d) we show the respective relative time label in
the continuous temporal embedding assigned to each frame fea-
ture. The color bar depicts that dark purple corresponds to O (start
of the video) and yellow to 1 (end of the video)

1.2. Qualitative results

Latent space In Fig. [I] we visualize the embedded frame
features for the 50Salads dataset. In a), b) and c), colors cor-
respond to the subactions. Subfigure d) shows the encoding
of the relative time distribution in the latent space.

Segmentation We present additional qualitative results
produced by our method in We show some ex-
ample frames from different subactions, our predicted seg-
mentation for the entire video along with the ground truth
segmentations.
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Figure 2. Example for the activity cereals of the Breakfast dataset.
The order of subactions: SIL, take bowl, pour cereals, pour milk,
stir cereals, SIL

ediction

iround truth

Figure 3. Example for the activity fea of the Breakfast dataset. The
order of subactions: SIL, take cup, add teabag, pour water, SIL
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Figure 4. Example for the activity milk of the Breakfast dataset.
The order of subactions: SIL, spoon powder, pour milk, stir milk,
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Figure 5. Example for the activity juice of the Breakfast dataset.
The order of subactions: SIL, take knife, cut orange, squeeze or-
ange, pour juice, squeeze orange, pour juice, squeeze orange, pour
Juice, squeeze orange, pour juice, SIL
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Figure 6. Example for the activity sandwich of the Breakfast
dataset. The order of subactions: SIL, cut bun, smear butter, put
toppingOnTop, SIL
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Figure 7. The 50Salads dataset. The order of subactions: start,
cut, place, cut, place, cut, place, cut, place, null, null, add oil, add
pepper, mix dressing, end

prediction

ground truth

Figure 8. The 50Salads dataset. The order of subactions: start,
cut, place, cut, place, cut, place, peel cucumber, cut, place, mix
ingredients, add oil, null, add pepper, null, mix dressing, serve
salad onto plate, add dressing, end,

preparation activities. In UBICOMP, 2013.



