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1. More Qualitative Results
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Input GT Transmission CEILNet [1] Zhang et al.[4] BDN [3] Ours
Figure 1. More results of Zhang et al.[4] and SIR2 [2]



Input GT Transmission CEILNet[1] Zhang et al.[4] BDN [3] Ours
Figure 2. More results of Syn. Focused



Input GT Transmission CEILNet[1] Zhang et al.[4] BDN [3] Ours
Figure 3. More results of Syn. Defocused



Input GT Transmission CEILNet[1] Zhang et al.[4] BDN [3] Ours
Figure 4. More results of Syn. Ghosting



Input CEILNet[1] Zhang et al.[4] BDN [3] Ours
Figure 5. More results of real-world reflection images (1)



Input CEILNet[1] Zhang et al.[4] BDN [3] Ours
Figure 6. More results of real-world reflection images (2)


