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1. Charades-STA

Different success cases of our algorithm on the Charades-STA dataset can be seen in Figure | and Figure 2. It is interesting
to see that as soon as our method can attend frames inside of the action the localization layer can predict a good start and end
temporal location.

Failure cases of our method are presented in Figure 3 and Figure 4. We can see that attention layer gets confused in the first
example, it does not know what is the most important feature for the query, making the localization layer fail to predict good

temporal localization. Figure 4 shows that the attention layer gets confused with frames that has similar appearance, Figure
5.

Query: "4 person is throwing the bag at the light switch."

Attention

Prediction | |2.8 9.1 | |

Figure 1: Success case of our method on Charades-STA dataset.

Query: "person puts the books down."

GT| 1.4 72 30.58]

Prediction | | 139 7.297 | |




Figure 2: Success case of our method on Charades-STA dataset.

Query: "the person was putting the bag into the cabinet.”
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Attention

Prediction | 0.0 5.584

Figure 3: Failure case of our method on Charades-STA

Query: "person reading a book."

GT|0.0 8.7 | 33.62]

Prediction | |29.42 33.62

Figure 4: Failure case of our method on Charades-STA

Figure 5: Confusing frames



2. Activity-Net Caption

Although videos in ActivityNet Caption are much longer than videos in Charades-STA, our method still can get good local-
ization performance if the attention layer makes a good job, as can be seen in Figure 6 and Figure 7. Notice that Figure 7
shows a long action that spans more than 2.5 minutes.

Failure cases of our method on ActivityNet Caption dataset are presented in Figure 8 and Figure 9. Our method has similar
difficulties in Charades-STA and ActivityNet Caption. Every time that the attention fails to focus in frames inside of the
corresponding moment the localization layer cannot predict the correct temporal localization of the query. Figure 10 shows
frames that are also related to query in Figure 9. These image suggest that our method can understand what a credits is and
where is located but cannot distinguish ending or starting

Query: "We then see one man climbing a sheer cliff."

GT| 18.70 120.55| 140.99]

Attention

Prediction | | 15,51 12129 |

Figure 6: Success case of our method in ActivityNet Caption dataset.

Query: "They then get up with jump ropes and the two begin doing various types of jumps."

Gr| |50.57 . 220.66| 229.8¢|

Attention

Prediction | 5104 229.86 |

Figure 7: Success case of our method in ActivityNet Caption dataset.



uery: "The right man serves again.”
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Gr| |24.35 26.09) 86.98]

Attention

Prediction | 0.0 86.98

Figure 8: Failure case of our method in ActivityNet Caption dataset.

Query: "We seen the ending credits."
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GT| |162.61 174.85|

Attention

Prediction [0.0 86.98

Figure 9: Failure case of our method in ActivityNet Caption dataset.
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Figure 10: Confusing frames.



