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Method & 2D Illustration Contribution Recovery from sparse Non isometric deformation

correspondence

We want to reconstruct the graph Il = {(z,n(x)),x € X'} C
X x )Y of the bijective correspondence 7w : X — Y e guaranteed bijection
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® no isometry assumption

. Input: e applicable in wide range of pipelines
Possibly sparse and noisy sampling
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Kernel density estimation The discrete version of the kernel density estimation f is given
@ f(x, y) — Z K(d;g(a:, fk))K(dy(y, Uk)) as a payoff matrix )
@@ with geodesic Gaussian kernels F = KyKJ e RV
d” with .
fd) = eot55) nxm Recovery from functional map /
7 (Kx)ir = K(dx(z:,&)) € R

(Ky)ir = K(dy(yi, m)) € R™™, noisy input

Finding the estimator m becomes a linear assignment problem

Per point estimation of 7(x):

(LAP)
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