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Motivation Variational Autoencoded Regression (VAE-Regression)

Regression for complex response Problem Setting Experiment setting
« Dealing with the case when output response is set to Image. X 4K z~q4(z|x,y) N A Y| + Find y. ~ pa(ylx..X.Y).  Tensorflow, 17-4790K CPU, Nvidia Titan X GPU.
| sy VPO Vo= PolyIL
i Ny - « H36m and Youtube captured dataset
S e _ * _Minimize Dg.(qq(zlx, y)||p9(z|x y)) | |
T e e i Simple Domain — Complex response
”\,(*' "’;:" """ = —Dg1(q¢(zlx, ¥)|Ipe(2)) +; log pe(¥ilz:) + Zlog Po(¥jlZ;) « Domain — relative order, Response — Image

(1) pe(2) ~ N(O, I)
(2) qp(zlx,y) ~N(m,0) z= z;
(3) q4(z|x,y) ~ GPR(z; X,Y,x,) Z= Z;
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 Map the visual data into low dimensional (latent) space = =
ff Xy . — * " *
* Regression in latent space = Regression in Data space | el R 2,00 GP Regresdion
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