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Y2 = Noyo + A2 - y1 + fa(y1)
= Aoyo + A2 (Mo + f1(wo)) + f2(A1wo + fi1(wo))
= (Ao + A2A1)yo + A2 f1(yo) + fa(A1yo + f1(wo))

Vit1 = fir1(yi) + Nis1 - Y

shortcut is the identity connection, “C” is 1.X 1-convolution
and “\” is our constant highway skip-connection.

Figure 4: AUC of confidence measures on 40 random vali-
dation images from the KITTI 2015 stereo data set.

different directions.

Occlusion - move left until the first correct pixel and use its value.
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